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Chapter 1

Transition-state theory

1.1 Introduction: Rate laws

Chemical reactions or processes in materials are often thermally activated. That is the system remains
in an initial state for some time until it accidentally overcomes a so-called reaction barrier separating
the initial state from a final state. Examples for thermally activated processes are

e diffusion of dopants in a semiconductor

e the oxidation of a metal surface in contact with the atmosphere, that is corrosion,
e the reaction of gasoline and oxygen in a combustion engine

e cooking

e metabolic processes

All these processes have in common that they proceed faster if the temperature is increased.
Transition-state theory (TST) is the basis for the investigation of thermal activated processes
of classical systems. It provides with the rate of chemical reactions or it provides diffusion constants.
Let us consider a set of molecules, say oxygen and hydrogen. These molecules can react to water,
H>O in the reaction

02 + 2H2 — 2H20 (11)

We would like to know how fast this reaction proceeds. If there are initially Ny hydrogen molecules
and %NO oxygen molecules, we would like to know how long it takes at a given temperature until
a certain percentage of water molecules are formed. Since the reaction only depends only on the
number of reactant molecules O, and H,, the number of hydrogen molecules consumed after a
given time will follow an exponential law.!

8:N(t) = TN(t) (1.2)

where [ is the reaction rate, that depends on temperature. From Eq. 1.2 we obtain the time
dependence of he reactants

N(t) = Noe "t (1.3)

The goal of transition-state theory is the determination of the reaction rate I' from a given potential
energy surface.

1To make the argument simple, we have ignored here the dependence on the concentration and we have ignored
the back reaction.
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1.2 Arrhennius law

One of the main results of transition-state theory is a microscopic
justification and theoretical quantification of the Arrhenius law,
which says that the reaction rate I'(T) has an exponential depen-
dence on the inverse temperature, that is:

ARRHENIUS LAW

M(T)="Tpe %" (1.4)

e The first term in Eq. 1.4, [ is the so-called attempt fre-
quency, the pre-exponential or simply the prefactor. As
we will see, it can be identified with an oscillation frequency
as Mo = 5. It is the frequency with which the particle
oscillates against the reaction barrier.

Svante  August  Arrhenius
(* 1859 near Uppsala; T
2. Oktober 1927 in Stock-

_Ea : o

e The second factor e *s' is called the Boltzmann factor. holm).  Swedish  Physicist
It is given by the activation energy E,, the Boltzmann con- and Chemist. Nobel price in
stant kg and the temperature. Chemistry 1903

Reaction rates are usually represented in a Arrhenius plot, where In[[] is plotted against the
inverse temperature. In this representation, the Arrhenius law gives a straight line. The slope of the
line leads directly to the activation energy.

The preexponential can also be written as[1, 2]

_ kel a
ro = % e "B (15)
~—~—~
6x1012sec!
which defines the entropy of activation S, as[3].
2mh
Sa = kB In <kB_/_r0> (16)

The attempt frequency can be estimated from the vibrational frequencies. A typical oscillation
frequency has an order of magnitude of 10713 s, that is about 0.1 ps. Oscillation frequencies deviate
from this value typically by less than a factor ten. This provides us with an order of magnitude
estimate for the reaction rate as function of the activation energy, if the activation energy is known.

Consider the residence time or waiting time t,.sigence = % before the reaction occurs. We
estimate the

RESIDENCE TIME

TIKl sec

_Ea EaleV]
- — 11604
tresidence ~ 10 BefsTsec = 107 e (1.7)

The estimated residence times for three different temperature are shown in Fig. 1.2. They
allow us to estimate, which processes may be important on which time scales. At room temperature,
reactions up to 1.8 eV are relevant for technological degradation processes, given a 10 year lifetime of
the product. At about 1000°C processes with barriers up to about 4 €V are acessible through 1 hour
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Fig. 1.1: Top: Arrhenius plot: The logarithm of the reaction rate or the diffusion constant is plotted
versus the inverse temperature. In this representation the activation energy can immediately be

obtained from the slope E, = BEL From the abscizza, we obtain the pre-exponential. If the
kT

Arrhenius plot is not a straight line, this is an indication that there may be several processes with

different activation energies. Bottom: Reaction rates in a normal (left) and semi-logarithmic (right)

representation for activation energies between 0.1-0.9 eV in spacings of 0.1 €V (thin lines) and in

spacings of 1 eV (thick lines).

baking. Only reactions with barriers less than 0.5 eV are accessible through direct first-principles
simulations

The main reference for transition-state theory is the paper by Vineyard[4].

If an Arrhenius plot shows a curved line it can have two reasons. Either anharmonic effects
become important at higher temperatures, or there are several competing mechanisms with different
activation energies. A mechanism with large activation energy but also a large prefactor may be
insignificant at low temperatures, but will dominate at higher temperatures, so that the reaction rate
crosses over from the low-temperature mechanism to the high-temperature mechanism. Due to the
logarithmic scale, only the dominant process contributes appreciably. For two processes we obtain
an Arrhenius plot with approximately piecewise straight lines.

Important remark: The reaction rate given here is only valid for reactants that already exist in
neighboring basins of the total energy surface. For reactions in the liquid or the gas, it needs to be
augmented with the probability that the reactants are located in such neighboring basins.
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106 s

103 s

1s

1073s

10-6s

107 %s

10-12g range of ab—initio simulations

Fig. 1.2: Residence time t,esidence ON a logig scale as function of activation energy for different
temperatures.

So far we have discussed the main conclusions of transition-state theory. In order to understand
its limitations we will not derive the theory from first principles.

1.3 Transition-state theory one dimensional

Here, we develop the theory for a one-dimensional example, in order not to clutter the main concepts.
Later, we will generalize transition-state theory to higher dimensions and many-particle systems.

Fig.1.3 shows a sketch of the one dimensional potential energy surface along with the parameters
used in the derivation.

Firstly, we have to divide space into regions such that each region contains exactly one local
minimum of the potential energy surface. In our example there are just two local minima, namely A
and B. The state A refers to the left side of the reaction equation, namely O,+H,, while B refers
to the right side, that is 2H50.

An arbitrary point xg is attributed to a certain local minimum A in the following way: Follow
the force F = —04V from xg until the force vanishes. That is, solve the differential equation
x(t) = —8,V(x(t)) with x(0) = xo. If this path ends up in x4, the point xq lies in Q4. If it ends up
in point xg, the initial point xg is attributed to B and xy € Q5.

Transition-state theory addresses the question, with which probability a particle located in Q4 will
end up in Q2 after a given time interval T.

Formulation of the problem

The assumption of transition-state theory is that the system is in thermal equilibrium and forms a
canonical ensemble. The rate of particles moving from Q24 to Qg, is the equilibrium flux from Q4 to
Qg through the dividing “surface”.

From the classical limit of the canonical ensemble, we know that the probability distribution
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Fig. 1.3: Schematic drawing of the one-dimensional potential surface showing the main parameters
entering transition-state theory in one dimension.

Ped(x, v) of the positions x and velocities v for a particle with mass m in a potential V(x) is 2 given
by

o kBLT %mv2+v(x))

[ dx [ dv e mr G V)

o

PeI(x,v) =

The numerator is the Boltzmann factor and the denominator is the normalization integral.

What is the condition that a particle at position x in Q4 with a

velocity v moves from Q4 to site Qg within a small time interval At? It

A \V must start out from the left of the barrier and after a time At it must
end up to the right of the barrier. That is

VAt x(t) < x* and x(t+ At) > x*

where xt is the position of the barrier. For small time intervalls At we
can form a Taylor expansion of x(t + At) = x(t) + vAt + O(At?) and
restrict ourselves to the first-order term.

Q A Q B Hence a particle must be on the left of the barrier, but not too far
away so that it can still reach the barrier within the small time interval.
Furthermore, the velocity must be oriented towards the barrier. Hence

X
B~ all particles with

X¢
x €]xt — vAt, xH] and v>0

Fig. 1.4: Particles in the il cross the barrier in the time intervall At. The points, that fulfill

colored region of the x-v di-  these conditions are shown schematically in Fig. 1.4.
agram will cross the barrier

from left to right in the in-
terval At.

Now, we need to integrate the probability distribution over the
area in the x-v diagram depicted in Fig. 1.4 to obtain the probabil-
ity APag(At) for a particle to cross the barrier in the specified small

2see ®SX: Statistical Physics
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time interval.
lim ! AP g(At)
at—o At AB

will give us the equilibrium flux in thermal equilibrium. We want to know the number of particles
crossing the barrier, relative to the number of particles in €24. Thus we have to divide the equilibrium
flux by the probability, that the particle is in Q4 to obtain the rate.

APa (At
r— jim 2Pas(80)

1.
At—0 PA At ( 8)

It may be instructive to compare this equation to the exponential law after bringing it into the
following form.

OtPa = lim AP(AL)

At—0 At =TFa

Now we have defined the basic ingredients of the theory, so that we can work out the expressions:

Probability for a barrier crossing

If the system is in equilibrium we can determine the probability that a particle hops from B to site C
as

00 xt
APpg(At) = / dv/ dx P¢9(x, v)
0 xt—vAt

! 1 (1
fooo de)ji_VAt dx e kBT(QmV2+V(X))

[ dv [, dx & BTV

2
00 — vt -1 V(x)
2kgT kgT
fO dve *s fxi—vAt dxe '

00 - —2-V(x)
2kgT kgT
[ dve T [ dxe ks

mv2 #
Taylor fOoo dve el (f;fvat dxe kBTV(Xi) + O(X - XT))
(foo dv e;:EVfT) (foo dx e*kB%V(x))
/TVV2 _ 1
Jodve T (vAt e w0 4 O(AtQ))
mv2
(f;o dv e_W) (ffooo dx emﬁWX))

2
R — kT kgT
At Jo dvve e e ke

mv:

2 T
oo - o0 “ReT
foo dv e 2T f_oo dx e ks

kpT

2mm

Now we have to perform the integrations over the velocity. They involve Gauss functions.

e The velocity integral in the numerator can be evaluated using the following identity.

2 2

X X

= —-2xe"

Oy e~
o 1 [ 1 o 1]
= / dx x e = —7/ dx 0e ™ = —= [efxz] ==
0 2 Jo 2 0o 2
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e For the integral in the nominator we use the identity[5]

/ dx e ™ =/
Thus we obtain the equilibrium flux through the dividing surface as
i DPas(AD) _ [T e V) (19)
At—0 At “Vorm foo dx e—kB%V(X) ’
—00
Probability for the system being in the initial state
Next, we need to evaluate Pa, the probability that the particle is in Q4.
P J2 dv Jq, dx e T GV
AT v [ de e AT ATVED
mv2
(foo dv eW) (fQ dx eWBLTV(X))
o i
- mv2 1
<f°°oo dv eZkBT) (ffooo dx eikBiT\/(X))
— T V(x)
dxe kT
_ Ja, (1.10)

[, dx e RV

Reaction rate from transition-state theory

We combine the results obtained so far:

_ 1 i
1 . APag(At) Eg¢s. 1.9.1.10 kp T e BTV )
(=g dm = a = Ao e
Jo, dxe e

ka e*@%(v(xi)*EA)

2mm [ gx e r (0)-EN

Thus we obtain our final result for the

REACTION RATE FOR A ONE-DIMENSIONAL REACTION COORDINATE

kBT 1 _ Ea
", e kT (1.11)
2rm fQA dx e 7T (VX)—EA)

rr) =

o

where E, = V(x*) — E4 is the activation energy

Discussion
e The factor
kgT (Emv2) (v2)
otm ™m om
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has a physical meaning, since it is related to the mean velocity of the particle. If the potential
would be completely flat except for hard walls enclosing Q4 and €25, the reaction rate would
bel = kBT/(27rm)ﬁ, where [Q4] is the 1-dimensional volume of Q4, that is its length.

If we consider an artificial problem with a constant potential

B (v2y 1
V27 [Qal
the second factor
Ea
e_kBT

Pt = — L (V()—En)
Jo, dx e reT YT

can be identified with the probability density to find a particle on top of the barrier, given that
itisin Qa.

If the temperature is sufficiently low, the integrand will only contribute near the minimum xg
so that we can apply the harmonic approximation. We perform a Taylor expansion of the
potential about x4

V(x) = V(xa) + %moﬂ(x —x4)%2 + O(x — xa)°

Where w is the frequency of the particle, when it oscillates around xa4.

A second consequence of the low temperature is that, within the harmonic approximation, the
probability outside €24 is negligible, so that we can replace, within the harmonic approximation,
the integral over 24 by an integral over all space.

Within the harmonic approximation, the normalization integral can be rewritten as

_ V()-Vxa) oo _ mu/2(x—xA)2
/ dxe kT = / dxe 2T
Qa —00
[e'S)
- 2/(57- d —x2 27!'/(57_
= 2 Xe = 2
mw — 0 mw

Thus we obtain the result in the harmonic approximation

[keT  mw?® _ 1 g W __1f
F=4/—"- kgT ™7 = —@ kT 7 1.12
2Tm 27rkBTe ’ 27re ° ( )

For a bond breaking event we can estimate prefactor from simple arguments. The period of a
typical bond-stretch frequency is in the range of 0.1 ps. There is of course a large spread, but
on a logarithmic scale the deviations are small compared to the size of the exponential factor.
Thus we can estimate the preexponential to be of order 1013é, which we used in the estimate
of the residence time Eq. 1.7.

APPROXIMATE REACTION RATE

For simple process we can estimate the reaction rate from the activation energy as

Ea

M 10131{%
S

(1.13)
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1.4 Transition-state theory multidimensional

1.4.1 Introduction

During a reaction event, a particle is rarely moving in one dimension. Furthermore there will be may
atoms involved as for example a diffusing particle squeezes through a window of neighboring atoms.

Here we consider a reaction in NV dimensions, where the N dimensions correspond to all the particle
positions that are involved. We obtain a very similar result to the one-dimensional case. However

e the mass needs to be replaced by an effective mass, which includes the masses of all particles
that participate in the reactive process.

e The activation energy is identified as the minimum energy, that is needed to cross the dividing
surface.

e in addition to the activation energy, there is also an entropy of activation. See Eq. 1.6.

1.4.2 Explicit calculation

©
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Fig. 1.5: Capture regions for a hexagonal two-dimensional array of local minima. It may describe
for example the diffusion of an adatom on a graphite sheet. The solid lines are isocontours of
the potential. The dashed lines are the dividing surfaces. The yellow and pink areas indicate two
neighboring capture regions for local minima.

We divide the configuration space into capture regions <2; of local minima. Each point is uniquely

attributed to a particular local minimum by following the down-hill trajectory 7 = —VV(F) until it
converges at one local minimum. The capture region of a local minimum contains all points for which
those trajectories end in that minimum.

Probability for the system being in the initial state

Now we determine the probability P; that the system is in a particular capture region
P = /dNr/de b, (P)P(F, V)
We use the probability density in coordinate and velocity space

P(F,7) = Ne rer (G7Tm7HV(D) (1.14)
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A O,
Qp
1
Y. V.
X

Fig. 1.6: Step function selecting one capture region Q4 in two dimensions. i is the face normal.

and obtain

PiIN/ dNr/de e B mvi V()
Q;

N mv2
:N/ dNr e PV </dv e_ZkBT>
Q,‘ g

szTvﬁ
2mkgT)N
7 [ ateeovny CrteT)"
Q det |m|
(2mksT)? / Y
=N=—"2 1 [ ¢ BV() 1.1
N detiml s re (1.15)

We do not need to work out the normalization constant A/, because it will drop out of the final
expression.

Probability for a barrier crossing

AY

Fig. 1.7: Contour diagram of a saddle point
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\th

dA {_}1 G_*ﬁ

<\ dv=dAnvdt

Fig. 1.8: Die Anzahl der Teilchen, die in einem Zeitintervall dt das Volumen Q durch das Ober-
flachenelement dA verlassen, ist gleich der Dichte auf der Oberflache multipliziert mit dem Volumen
dV = dAnvdt. Dabei ist i der Normalenvektor auf der Oberflache und V ist die Geschwindigkeit der
Teilchen auf der Oberflache. Alle Teilchen, die im Intervall dt durch die Oberflachenelement geflossen
sind, liegen im Volumen dV. Durch Integration iiber die Oberflache 92 des Volumens 2 erhalten wir
die Gesamtzahl dN = fm dA pvdt der Teilchen, die das Volumen im Zeitintervall verlassen. Dabei

ist dA = dAfi. Wir erhalten also N = $sy A pVdt

Next we determine the probability that the system leaves a given capture area
AP = /de/ dA (Vi)AtP(r, V)(Vi) (1.16)
o)

where 7 is the unit vector that stands perpendicular over the dividing surface and 0 is the regu-
lar Heaviside function.® We introduce the mass matrix m, which has the matrix elements m;; =
m;d; ;. This is convenient because it allows to express the kinetic energy in matrix-vector notation
13 mv? = Ltvmv.

With Eq. 1.14 the reaction rate from Eq. 1.16 is

AP _ /de/ dA (Av)Ne PGIM7HV(D)g( 7

=N [ dAePVD / dVv (7iv)e P2""V0( V) (1.17)
o0

Now we introduce new coordinates and the mass matrix m, which is diagonal and contains on
the diagonal elements the masses corresponding to the respective coordinates.

1—»
y=mzv < Yi =My

dVv = \/det|m|d"v

Secondly we introduce a transformed vector

_def _ 1 _, 1
G=m 2 f——
vVim~17

The vector G is normalized, but is no more perpendicular to the dividing surface.
The factor u is the

30(x < 0) = 0;0(x) = % and 6(x > 0) = 1.
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EFFECTIVE MASS

The effective mass is defined on the dividing surface and it depends on the position on the dividing
surface, because the normal vector changes with the orientation of the dividing surface.

With these definitions Eq 1.17 obtains the form

AP _w [ daesvo

At 7 Ja \/m/

=N [ dAe VO -

lo) \/udet|m /

Next we rotate our coordinate system for y such that the first component is parallel to §

7)e %" 6(ay) (1.18)

def
=Uy

The matrix U is unitary, so that UT = U~! and it is chosen such that

sothat G¥ =qU'Uy=guU"w = (Uq) W = wy

AR _ N[ daeev®

1
At 50 ,/,udet|m /
=N [ dAe PV ———— /dNW o(wl)wye 77"

Flo) u,\/det|m

=N [ dAe P

N
1 2 1 2
_— dw; 8(wl WersTwl] [/dw- eWW’]

a0 v/ det |m| {/ 16(whm 11 :

]

2kgT-3 V2keT /T

N—-1
_N dA *@V(?)ik T (\/27ksT
© wdet |m| 5 ( e )

(27TkBT) / dA e —BV(P) kBT
det |m‘ a0

Reaction rate from transition-state theory

dw (qUTw)e T " o (quT )

If we combine this result with the probability Eq. 1.15 for the system being in the initial state we
obtain the
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REACTION RATE FROM TRANSITION-STATE THEORY IN MANY DIMENSIONS

1 AR e—BV(D)

- / (1.19)
P At a0 271'[1, f dNr/ e 5V(r1)

%,_/

PH(P)

The transition rate is related to the probability that a particle reaches the dividing surface and the
mean velocity perpendicular to the dividing surface.

Harmonic approximation

Editor: This section is under construction!
Now we can introduce the harmonic approximation by approximating the potential at the transition
state and in the local minimum by a Taylor series.

162V(
288

= V(xgc) + = D,BJC)/,BC BC L o3P

yBC & mi(x — xec)
1 82V S
V(x) = V(xg) + EW( —xg,i)(X; — xg,) + O(F — )

V(x) = V(xgc) + —xgc.i)(Xj — xgcj) + O(F — zc)

=V(xg)+ 5 D,Bjy,ByjB +0(7)
f
J/,-B & vV m;(x; — XB,/')

In the harmonic approximation the dividing surface is planar so that the effective mass is a constant

_gl 8% (. _ o
A’DBC B kBTj d3N71AX e ﬁ2 0x;0x; (xi—xsc,i) (X XBCJ)efﬁ(\/Bcfvs)PB
At 2T [ 3y o B3 Kimxe) 05 —xs,)
KeT [ d¥N-1A, ¢ % s 05 rec b xec)

e*ﬁ(VBC*VB)PB

2T gany o Py Ci—xe) (5 —xe.)

1.4.3 Entropy of reaction
1.5 Limitations of transition-state theory

1.5.1 Harmonic approximation

Often the errors of the harmonic approximation are identified with the errors of the transition-state
theory. This is a mistake. Nevertheless, in practice the harmonic approximation is usually used and
it error bars must be understood.

Typically the harmonic approximation is good, if the activation energy is large compared to the
temperature. This is the case for systems with low rates. In that case the probability distribution will
be localized around the minima, so that higher order terms are negligible.
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Fig. 1.9: lllustration of a system with a small (left figure) and a large (right figure) entropy of
reaction. The entropy of reaction is related to the “width of the door" through which the particle
have to pass. (The model of a particle in a box allows to remove the potential effects completely, so
that only entropic terms remain.)

1.5.2 Correlated jumps

Sofar we have identified the reaction rate to the equilibrium flux through a dividing surface. However,
it may be that the particle becomes reflected and crosses the barrier backwards. Such an event would
be an unsuccessful reaction event. We call these events correlated return jumps. Similarly a particle
may immediately pass on into a third local minimum, which is also a correlated event. Such correlated
events must be taken into account if the reaction rates shall be compared to experiment.

Correlated events take place if the particle does not dissipate its energy sufficiently fast. In order
to jump, the particle must have a large energy. While still being “hot”, it may be able to overcome
other barriers as well.

In most cases correlated events only contribute little to the overall reaction rate. Since they are
very difficult to evaluate they are usually ignored.

A proper analysis considers the full time dependence of the probabilities in the original an the
neighboring capture regions.

P(x,t=0) = /dX Pe9(x, v)0a,(x)
Pi(t) = /dx P(x, t)fq,(x)

In order to determine correlated events in a simulation, one starts several trajectories at the
dividing surface, with velocities determined by the Boltzmann distribution and a position probability

(P ) ) . .
given by the Boltzmann factor e %= Then one follows the trajectories over time, and monitors
the correlation function.

Two limiting cases where transition-state theory fails

There are two extreme cases, where correlated events are important. For one-dimensional systems
there is no energy dissipation. Thus a system that reacts, will with certainty overcome another barrier
or return. Thus, essentially all events must be considered unsuccessful. The calculated rate would
be zero. While purely one-dimensional systems are rarely relevant in practice, there are systems that
behave similarly. Consider a very dilute gas of clusters. Each cluster has its own energy and can only
dissipate its energy by radiation, which is a very slow process, or by collisions with molecules or other
cluster. If the gas is sufficiently dilute, one has to consider each cluster to be in a microcanonical
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ensemble, which changes the statistics of the transitions in a fundamental way. Thus one has to be
very careful when trying to estimate reaction rates of reaction products from such experiments.

IWAMAAY
WW m%‘%w

A V()

< Y

Another extreme case is present, when the barrier is wide an flat, and the system couples strongly
to its environment. In that case the particle will proceed in a Brownian motion type of trajectory.
Such a trajectory will also cross any dividing surface many times, before is leaves the barrier in a
diffusive motion. Also here the assumption of an equilibrium flux strongly overestimates the reaction
rate. The typical example is the folding and unfolding of proteins. The total energy surface actually
consists of many small minima, to that the system in effect will perform a kind of diffusive motion.

1.5.3 Quantum effects

Quantum effects may be important for light particles such as hydrogen or even lighter particles. The
quantum effects are

e The lowering of the barrier due to zero-point energy.

e The increase of the reaction rate through tunneling.

Expressions that include quantum effects can be found in the literature.

AV(x)

tunneling

X
-

Even for light particles, quantum effects become unimportant at higher energies. The reason is
that the classical limit is at the same time the high-temperature limit of thermodynamics. Thus while
the particles still behave quantum mechanically, their statistical behavior is very similar to that of a
classical particle.
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1.6 Methods to determine transition states

1.6.1 Drag method
1.6.2 Nudged elastic band
1.6.3 Dimer method

1.7 Free energy integration
1.8 Estimate correlation factor

1.9 Capture cross section



Chapter 2

Diffusion

2.1 Introduction

Let us consider an impurity in a crystal. It is often important to determine the concentration profile
of such impurities.

In semiconductor technology, it is important to understand the dopant profile, depending on the
process parameters. It is also important if harmful elements can diffuse into a sensitive area of a
semiconductor device.

Modern metallic materials are complex alloys. The components can for example segregate to
grain boundaries, dislocations or the surface. There they are important for example to pin dislocation
or to make them mobile, which affects the plastic behavior of the material. The composition on the
surface of the material influences its local hardness and the corrosion resistance of the material.

Corrosion is a process where for example oxygen is converged diffuses towards the interface of
the metal with the protective oxide. There it reacts and transform more of the metal into an oxide,
that is rust. Thus the understanding of diffusion is crucial to understanding corrosion.

Let us consider a single diffusing atom in a crystal. We assume that we know the positions of
the local minima 7; in the potential energy surface and the diffusion rates I';_,; from one minimum to
the next.

The goal of this section is to arrive at a continuum description for the diffusion, where the
individual sites are no more resolved.

2.2 Diffusion equation

The macroscopic diffusion equation describes the dynamics of the probability density of a diffusing
species. It can be derived from the continuity equation, which is also called Fick’s second law

Ap(F, t) + Vj(F, 1) =0 (2.1)

and a linear relation between the current density j(7, t) and the concentration gradient, which is
Fick’s first law

-

J(F,t) = —=DVp(F, t) (2.2)

The coefficient D is the diffusion constant. In general the diffusion constant is a tensor. If the
problem is isotropic, however, this tensor is proportional to the unit matrix, that is 1D. In this case
the scalar D is also called the diffusion constant.

The continuity equation is simply the expression of particle conservation, that is the number of

23
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particles in a given volume is equal to the current through its surface.
d - Eq. 2.1 d. <7 = Gauss 7
ONa(t) = [ drp(rit) "=""— [ drVj(rt) =" — [ dAJ(F t)=—Jsurron
Q Q oQ

Here Js,rr00 is the particle current through the surface of the volume from the inside to the outside.

Fick's first law is based on the assumption that there is no current in the absence of a concen-
tration gradient, so that the concentration gradient is the driving force. For a small driving force the
linear relation is assumed to be sufficient.

The continuity equation and Fick's first law can be combined to the diffusion equation

Bup(7 1) S V(7 1) T2 +9DV(7 1)

If we add an additional current, so that Eq. 2.2 is changed to
J(F.t) = —DVp(F, t) + V(7. t)p(F, t)

we arrive at the

FOKKER-PLANCK EQUATION?

d:p = VDVp — V (Vp) (2.3)

JADRIAAN FOKKER, 1987-1972, DUTCH PHYSICIST AND MUSICIAN. COUSIN OF ANTHONY FOKKER,
THE FOUNDER OF THE FOKKER AIRCRAFT COMPANY.

In the absence of a velocity field, that is for V = 0, we can directly obtain the probability density
as

1
—2 _mlr

(7, t) = [(Mt)ddet[o]} e~

which can be verified by insertion into Eq. 2.3 with v = 0.

This solution is also the Green's function of the Fokker-Planck equation in the absence of a drift
velocity, that is

-1 =Mple=r)

G(F.t, 7 to) = [(4m)ddet[o]] R )

We can see that the Green's function obeys

[6: — VDV| G(F, t, o, to) = 6(F — %)3(t — to)
G(F, =00, i, to) =

For a given initial density p(7, t;) we can determine the density at a later time by an integral equation
p(7.0) = [ &1 67 P)p(. )

Of interest is the mean square displacement of an atom in a diffusion process. The mean square
displacement can be directly obtained from any dynamical simulation and it can be related to other
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physical relations.

2
D 1r d d 2\ ~20 2
(P = [d%r Po(F.t)  [dor Pe T Jdix (Zi:lXi ) e T

fddr p(F, t) fddr e_m%tlF fddX 6_27:1%
5 <2 x? d
d Jl4Dt : W/,t
7Zfdxxe 7ZdeI ,e :ZQD/T
i=1 fddxe E/lwr i=1 fddxe 4Dr i=1
= 2tTr[D]

We used a transformation on the eigenmodes i; of the diffusion constant so that = 27:1 ix;. The
eigenvalue equation has the form Di, = i,D, with eigenvalues D, and orthonormal eigenvectors
i, so that 72 = X?. We exploited that the trace of a matrix is the sum of its eigenvalues, that is
Tr[D] =3, D;.

Thus we obtain

which allows to estimate the diffusion constant from a dynamic simulation. A special case of Eq. 2.4
is the three dimensional case

which is often quoted. Note, however, that this equation only holds for isotropic processes in three
dimensions.

2.2.1 Extension of the Fokker Planck equation to an external potential

We consider external forces act on the diffusing particles. We use the knowledge of the equilibrium
distribution in order to estimate the corresponding terms

. v
Peq(F) = Ne k7

We require now that the equilibrium distribution is also the stationary distribution of the Fokker
Planck equation.

o o = 1 -
VDV peq(F) = VD [ ——=VV ) peq(F)
ke T

FOKKER-PLANCK EQUATION WITH FORCES

o - D -

B
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2.3 Diffusion equation from Master equation

Let us start with the kinetic equation, which directly follows from the expressions of the transition-
state theory. This is the so-called Master equation.

0P = Z (Fi'rjﬁi - P/rHj) (2-6)
;

The variable P; is the probability for the system being in the capture region of site / and I';,; is the
hopping rate from site / to site j. The master equation simply says that the number of particles at
a given site increases when particles hop from the neighboring site into the site j and it decreases,
when particles hop form site / to a neighboring site.

Our goal is to derive the diffusion equation from this master equation. As transition-state theory
allows to derive the master equation from first principles, this step will provide us with a justification
of the diffusion equation from first principles and a precise definition of the parameters, such as drift
velocity and diffusion constant.

For a system that is out of thermal equilibrium, we can express the probability at a given site by
an enhancement factor () and the probabilities in thermal equilibrium P9, so that

P = Pfa(7)

In thermal equilibrium, the enhancement factor « is spatially uniform. Close to thermal equilibrium,
will only vary slowly. Still, the equilibrium probabilities P°? may still vary strongly throughout space:
Consider for example a system with metastable sites with quite different energies.
Next we insert the Ansatz into the master equation, Eq. 2.6. In order to simplify the notation we
introduce ozf(jéfa(ﬁ, t).
PfiBo =) ('C}eqajrﬁi - P,'eqairmj> (2.7)
J

Now we exploit the condition of detailed balance

DETAILED BALANCE
The principle of detailed balance says that there is no net current in thermal equilibrium.

PrTin = PP (2.8)

Detailed balance is a sufficient, but not a necessary condition for a stationary probability distribution.

The reason for requiring detailed balance in thermal equilibrium is that currents result in dissipation,
which is impossible in state of thermal equilibrium as that is a state of maximum entropy. Detailed
balance follows directly from transition-state theory.

Insertion of the condition of detailed balance, Eq. 2.8, into the above master equation Eq. 2.7
yields

Prida =) PPy (o — o) (2.9)
-

In the next step we expand o = a(Fj) about 7 up to second order in 7; — 7. Due to this
assumption our derivation is limited to slowly varying enhancement factors a(F).

. 1 -
PPi0wy "D P (a,- + (G- 7) Va5 ((5-7) 9)°|_a+0(5 - 7P) - a,-)
- ! ri
J
- = =3 ]_ N = = = — -
= Z P, ((rj - V]ﬁa + §Tr (F—rme@-mVe V|ﬁa> (2.10)
J
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where ® denotes the dyadic product defined by (5@ B)_ ~=ajbj and Tr[A] =), Aj; is the trace.
1J
Now we introduce a smoothening procedure with some function f(7), and average Eq. 2.10 with
f:

03 f(F=PPai = 3 (= MRy (5= ) V)
i 1

1 - =
AT S A= PO (- W) @ (- V@ V] a (2.11)
iJ

Now we make a fairly drastic approximation namely to replace the enhancement factor o and its
derivative at 7; by its value at 7, the center to the function f(F — 7).

Ora(F t) ) F(F=R)PT = | D F(F= )P (7 = 7) | Ve
i iJ

A
- = eq 1 - = = 7 Vi VA
T2 PP Tins (G R @ (5 - 7)) Vo Va (2.12)
iJ
B

In the next simplificatign, we will show that theﬂright—hand side of Eq. 2.12 can be simplified. We
need the identity VB = A between the variables A and B, which have been defined in the equation
Eq. 2.12 given above.

Aa+Tr[BY @ Ve VEAV (BYa) (2.13)

which is verified best by writing out the components
(Z afBu) Y da+Y Bigda=Y [6(Bi5a) - Bidda+Bidal =Y 8 (Bida)
i J iJj iJ iJ
Aj

The derivation of VB = A is a bit involved.

—

- 1
VB = D VAF-RZ Y R (=) ® (5 - 7)
iJ J
F(bee)=(ab)c 1 NG o o
= 5; [(I’J*I’,‘)Vf(l’*l’,‘)] Pl-eqr,'_U‘ (I’j*l’,‘)

1 - - . S
= S5~ (7 7)+ O — ) PRy (7 7)
iJ

Q

1 L. L 1 L. L.
—5 2 FF=R)PIT i (5 =) + 5 D F(F= PR Tin; (7 — 7))
iJ iJ
Eq.2 1 - o ooy, 1 . S
= S BRI (F =)+ 5 D (P BRI, (7 = 7)
iJ

iJ

i) 1 Lo R, 1 L. L
YRR (= 1)+ 5 D F(F = RPET iy (7 = 1)
iJ iJ

= YRR (G- =A (214)

iJ
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With this identity Eq. 2.14, the proof of Eq. 2.13 is completed and we obtain from Eq. 2.12

= 1 N
0. t) Y F(F = PP =V | | S A= P55 = )@ (- 7) | Ve | (2.15)

i ij

B

Let us now define a number of quantities:
e \We define the density as

p(MEa(P) Y F(F- 7P with /d3r f(F) =1 (2.16)

i -
e Correspondingly the equilibrium density is
pNE Y (7= )P (2.17)
-

ped

To obtain the density, defined as number of particles per volume or probability density, we have
to require that f(7) integrates to one. This ensures that the density has the unit “one divided
by volume”. Furthermore

P_72\P — P_7 3 o
S rr-np =310 ) [ o el
~ Z/Q FPr (7= 7o) = [ &r (7= Pp(F) = p(7)

where p(F) is the probability density.

e \We define the diffusion constant as

DIFFUSION CONSTANT FROM MASTER EQUATION

S FF=R)PET 5 (7 — ) @ (7 — 7))l

D(r) = (2.18)

> (7= )P

and the

e drift velocity

—

_,ndef ., V&9
(D)5

(2.19)

With these definitions (Egs. 2.16,2.17, 2.18,2.19) provided above, Eq.2.15 attains the form of
the Fokker-Planck equation

— — — — — N/ eq
o = ¥ (Dpeqvp> — ¥ (DVp) - ¥ (Dpr )

Po P9
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which is identical to Eq. 2.3. Here, however, we have derived it from microscopic defined quantities.
The identity confirms that the quantities defined in Egs.. 2.16,2.17, 2.18,2.19 are indeed identical
to those used in the empirically derived Fokker Planck equation of Eq. 2.3.

Let us investigate the drift velocity

Voo VL F(F=RRE _ V[ &P (7= 7)Ne PV
ped Y f(r—=r)Pe [ d3r f£(F— rNePV()
[ &3 F(7— 7)Vre-BY() 1 [ &3 f(F- e=BV() (—@\7)
T & F(F— e PV keT
With the definition of the force as

[ d3r f(F—r)e PV

[0}

ff B f(F— r)eBV() (—6\7)

=, d
F(r) T F(7= 7yeBVD (2.20)

we can express the drift velocity as

DRIFT VELOCITY

7(7) = 1 DOF(P)

Note, however, that the diffusion constant itself is strongly dependent on temperature!

Let us return to the definition of the diffusion constant Eq. 2.18 and obtain a back-on-the en-

velope expression for it. To simplify the problem we assume that all sites and all jump rates are
identical. Our goal is to work out the trace of the diffusion constant:

ESTIMATE OF THE DIFFUSION CONSTANT

1 I n
Tr[D] = ErZ(rj — Ry =T
J

n is the number of different transitions from a given site, £ is the jump length and I is the jump-rate
for a given transition.

We can now use our simple estimate for the reaction rate used in Eq. 1.7

_ Ealev] 1
r ~ 10136 11604 Tk

sec

and an estimate of the interatomic distance £ = 2 as an estimate of the jump length to obtain a
simple expression for the Diffusion constant

1 _ Ealev] M
~Tr[D] ~ 4n x 10 % 107w —
3 sec
Let us consider the case of carbon diffusion in iron. | found two values?

T[° C] | D[m?/sec]
800 | 15x10713
1100 | 450x10713

ISource: http://de.wikipedia.org/wiki/Diffusionskoeffizient
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from which we can derive the activation energy from an Arrhenius construction

In[41—550
E.leV] = : — = 1.451346
11604(m — ﬁ)

2.4 Relation to the Schrodinger equation

The Fokker Planck equation provides an important link between Statistical Physics and quantum
mechanics. Links between Statistical Physics and quantum mechanics have been abundant an very
fruitful, because many of the techniques can be, more or less directly, be transferred from one field
to the other.

Consider the Fokker-Planck equation with an isotropic and spatially constant diffusion constant
in the absence of a drift velocity

8:p = DV?p

We have used the symbol 7 instead of t because we will interpret it as imaginary time of the
Schrodinger equation.

Now we perform a Wick rotation, that is we consider 7 as imaginary time 7 = /t.(thus 0, =
—i04)

ihBep = —hDV?p

This equation is identical to the Schrodinger equation of a free particle
-,
ho ) = ——
ihowp = —5 -V

if we identify the density with a wave function, the diffusion constant by D = %.

If we consider the Schrodinger equation of a particle in a potential
-
ihop = [QmVQ + V(F)} )
and perform the Wick rotation, we obtain
b= Y- V(W & =DV + Qe

Thus the potential term does not fit into the Fokker-Planck equation. We can interpret Q(7)po(7, t)
as sources and sinks of particles in the Fokker-Planck equation.

There is a simple physical picture of Eq. 2.21. Consider p as the density of animals in a population.
Q can be interpreted as an effective reproduction rate. If it is positive, the population grows , because
the death rate is slower than the reproduction rate. If Q is negative the animals die faster than they
reproduce, and the population will die out. Thus a positive potential, corresponding to a negative
Q@ describes a hostile environment, and a negative potential describes a fertile environment. The
diffusion term would then describe that the animals wander around randomly to explore new territory.
This travel instinct describes that also hostile environments are populated to a certain extent. It also
has the important consequence that new areas of fertile regions are explored and populated.

One important difference between Fokker-Plank and Schrodinger equation is that the Schrodinger
equation h=can have positive and negative values, while the density is always positive definite.



Chapter 3

Monte Carlo Method

The diffusion equation can be looked upon in two ways:

e One considers the diffusion equation in the 3N-dimensional space of the N-particle system. In
this case we need to solve a differential equation in a 3N+1 dimensional space for N particles.
The solution provides the probability density in 3N dimensional space as function of time. This
problem is nearly intractable, because the density cannot be stored except for systems with
the very few particles.! The problem is analogous to the problem of solving the Schrédinger
equation for an interacting many-particle system.

e Alternatively, we can consider the diffusion equation in 3-dimensional space. Then the solution
is interpreted as the particle density. However, in that case we need to assume that the
particles are non-interacting. This assumption is valid only for very dilute densities, such as the
concentration of dopant atoms in a semiconductor device. However, the effect that two atoms
cannot occupy the same site on a lattice, is ignored.

Often we are interested in the formation of islands on a surface, or the formation of new materials.
In this case the diffusion equation becomes useless for practical purposed.

An alternative method to tackle this problem is the Monte-Carlo method.

The basic feature of the kinetic Monte Carlo method have been developed in 1966 by Young and
Elcock.[6] In 1975 the method has been reinvented independently[7] and termed “The N-fold Way".

A very good source on the Monte-Carlo method is the book by Landau and Binder[8]. An
introduction into the kinetic Monte Carlo method has been given by Voter[9]. See also the classical
paper by Fichthorn et al[10].

3.1 Basic principles

The basic idea of the Monte Carlo method is to directly simulate the master equation as a random
process.

0:P = (Pljmi— Alis))
-

Note that each state / is a N-particle state, described by 3N spatial coordinates on a lattice.

The formulation of the master equation as a differential equation is a bit artificial, because the
real process is not continuous but discrete and stochastic. In the Monte Carlo simulation return to
description of the diffusion process as a a random process.

1If one describes a probability density of 10 particles on a grid with 100 gridpoints in each direction, one has to
store 100 numbers. On a computer a Gigabyte (GB) of memory can hold about 10° numbers. Thus we would need
a computer with 10°2 GB of storage. to simply hold the density.

31
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Imagine the model for radioactive decay as a simple example for a random process: Initially, the
nucleus is in a certain state, which can undergo a radioactive reaction to form a more stable nucleus,
while emitting an electron, neutron, photon etc. The probability that the nucleus is in the initial
state shall be P,(t) and the probability that it is in the final state is P,(t). The rate constant from
the initial to the final state is named I' and we assume that the back reaction has a rate that is so
low that it can be ignored. The master equation for this problem is

8:Py = —P,l
8:Py = +P,I

At a given time, the nucleus is in the initial or in the final state. We describe the state of the
nucleus by a discrete variable o(t), which is equal to one, if the nucleus is in the initial state and zero
otherwise. As a function of time o(t) will remain for a period time in its initial state and suddenly
switch to zero.

While we cannot predict at what time nucleus will decay, we know the probability that a nucleus
decays in a certain time period At, namely

WAt

We can implement a random process, if we divide the time axis into discrete time intervals At. In
each time interval we choose a random number, which has the value 1 with probability W and zero
otherwise. If this random number is equal to one and the particle is in the initial state, we change
the state of the nucleus to its final state. If the random number is zero, we leave the nucleus in its
current state.

In practice we generate a random number r with equal probability in the interval [0, 1]. Such
random number generators exist in most computer languages. In order to induce the decay with
probability F'At, we induce the decay if r < o(t;)['At. It is important that T'At << 1. Then the
transition occurs with probability o(t;)[ At and with probability 1 — o(t;)I'At the system remains in
the same state.

If we average over many (N)such processes, we obtain the probability
1N
Pa(t) = lim ;af(t)

that obeys the master equation Eq. 3.1. We can estimate the transition rate from

N
ouPy(t) = fim LUEEAD =) L %Z(a,(t—&—At)—a,-(t))

At—0 At At—0 At N—oo

N
11 _
Ay g,y 2 (o080 = Jm, (<P00)

—P,(t)l

The random process described here is a so-called Markov process. If the probabilities for the
transitions only depend on the current distribution of particles, but not on what happened in the past,
the process is called a Markov process.

Thus we have learned how the master equation can be described by a random process, and how
the process is implemented in practice using random numbers.

However the problem we applied it to was trivial and the methodology was very inefficient, because
most of the time, nothing happens during the random process.
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3.2 Random number generators

On the computer, one cannot construct true random numbers. However a good approximation
are pseudo-random numbers. Pseudo-random number generators construct a sequence of numbers
with the proper distribution, that, however, eventually repeats itself. Random-number generators are
formulated such that they create a set of integer values R in a certain interval [0, Rpax[. This interval
is then mapped into the interval [0, 1] by division by Rpax.

The algorithms underlying random-number generators seem to be utterly simple. However, the
difficulties come with the detail, algorithmic and numerical. People say that a large fraction of the
published Monte Carlo results are invalid due to a poor choice of the random-number generator.
I will not go into every detail, but | will mention some frequent algorithms, and then provide one
implementation in App. A.1. This implementation may not be the best, but it seems to provide a
reliable standard.

3.2.1 Congruential method

The most common method is the linear congruential generator, invented by D. Lehmer in 1951,
which produces a series

Rot1 = (aR,+b) mod m

The modulo operation in an expression x mod y determines the remainder of x/y after subtracting
the integer part.

The values of a and b must be chosen properly. Park and Miller[11] developed the “Minimal
Standard Linear Congruential Generator”, which uses the values a = 16807, b =0, and m = 23! — 1.

Congruential methods can be mixed. One can, for example, generate a table of random numbers
and use a second random number generator to randomly choose numbers from the table.

3.2.2 Shift register algorithms

Another class of random number generators are the shift register algorithms. The shift register
algorithm works as follows:

1. construct a series of random numbers
2. continue the series using
Rn= Rnfp 2] Rnfq

where the & operation is the bitwise exclusive-or operation, also denoted "XOR". The exclusive-
or also called the exclusive disjunction is a logical function of two logical variables a and b,
that produces the value true, if a # b and the value false otherwise.

a b adb
true | true | false

true | false | true
false | true | true
false | false | false

Other notations are a & b= a XOR b= (a+# b) = a+ b. It can be represented by the unary
logical “not” (=) operation and the binary logical “or” (V) and “and” (A) operations as

a®b=(an-b)V(-aAb)
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The exclusive or of two integer numbers is performed by first converting the number into its
binary representation r = ano Cy2" where ¢, can have values 0 or 1, and the coefficients ¢,
are written from right to left with increasing n. A value ¢, = 1 is interpreted as logical value
“true” and ¢, = 0 is interpreted as logical value “false”. Then the exclusive or is applied bitwise,
that is for each n.

The exclusive or of two integer numbers that may have values 0 or 1, can also be represented
as

a® b= a+ bmodulo 2

As an example
1439=111061001 =0111=7

Only certain pairs p and g in the shift register algorithm provide good random numbers. A
common set used in the random number generator “R250", is p = 250 and g = 103.

3.2.3 Mersenne twister

Recently, | found on the internet reports of the Mersenne twister, which has been developed in 1997
by M. Matsumoto and T. Nishimura. The commonly used variant of the Mersenne twister is called
MT19937. The Mersenne twister has a repeat period of 219937 — 1 and is said to have superior
properties regarding equidistribution, speed, and that it passes a number rather stringent tests of
statistical randomness.

3.2.4 Random numbers with non-uniform distributions

So-far we discussed random-number generators that are equi-distributed in the interval [0, 1[. That
is the probability distribution is
p(x) = 6(x)6(1 — x)

where 0(x) is the Heaviside function?

Often, one needs random numbers with a specified distribution p(x). Such random numbers can
be constructed from equi-distributed random numbers as described in the following:

Our starting point is a sequence of equi-distributed random numbers x in the interval [0, 1]. That
is, the probability distribution p(x) of the equi-distributed random numbers is p(x) = 1. Our goal
is to find a mapping y(x), which converts the sequence of equi-spaced random numbers into the

sequence of random numbers y with the specified probability distribution g(y) on the interval [a, b].
The probability distribution g(y) must be normalized so that

b
/ dya(y) = 1 (3.1)

We start out from the condition that the probability for a random number y to fall within an
interval of width dy = %dx at y(x) is equal to the probability that the variable x falls into the
interval of width dx at x.

a()dy = p()dx = p(x(y)) Jedly
=
dx _aly) peo=1 o)
dy  p(x(y))
= =g o gl = [araw) (32)

=0

2The Heaviside function vanishes for negative arguments, and is equal to zero for positive arguments.
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After obtaining x(y) from the integral, we invert the function to obtain y(x). This is our desired
mapping of the random numbers.

From a sequence of random numbers x in the interval [0, 1], we obtain the sequence of random
numbers y(x) by simply applying the mapping y(x) to each random number x. The resulting sequence
of random numbers y has the probability distribution g(y) on the interval [a, b].

3.3 The Ising model

Let us therefore introduce the two-dimensional Ising model, which allows us to explore already a
number of interesting phenomena and real processes.

Model description of the Ising model

We apply our simulation to the two-dimensional square Ising model. The Ising model is considered
the prototypical model system for a magnetic material.

A state of the Ising model is given by the orientation of spins arranged on a lattice. A single spin
at the lattice position a is described by o, which can gave two values. The values may be the spin
orientations 1 and |, or they may be bits such as 0 and 1. A many particle state is a set of the spin
values on all lattice sites, that is & = (01,02, ...0n).

The total energy of a many particle state is

- 1
E(O’,‘) = Z —HO’a’,' — 5./ Z Oa,i0p,i

a BeNN(ax)

Here B is a magnetic field. The sum over G runs over all nearest neighbors of the site a.
In particular we will focus here on Ising model on the two-dimensional square lattice.

Applications of the Ising model

While the Ising model has been developed as a model for magnetism, it is actually a poor model for
magnetic systems. The only real magnetic system it can realistically describe, are dilute spins in a
magnetic field, where the interactions are so small that phase transitions are not of interest.

However the Ising model is a perfect model for the motion of atoms on a lattice. Consider
adsorbed ad-atoms on a surface. The atoms can occupy only certain lattice sites. A given lattice site
can be either occupied or unoccupied, which corresponds to the two states of the ising model, spin up
or spin down. The interaction describes the binding between two adatoms adsorbed on neighboring
sites.

The classical Ising model describes a problem where the diffusion between sites is low, and that
states changes by adsorption and desorption of adatoms.

We will later see that we can extend the Ising model to a model where atoms change sites,
which describes the diffusion of atoms on a surface. We can furthermore also mix diffusion and
adsorption-desorption processes to describe for example the growth of a material during molecular
beam epitaxy.

The three Ising model can for example describe the formation of different phases from a alloy
with different type of atoms. The “spin-up” state would in this case describe a lattice site occupied
by a atom of type A and in the “spin-down" state it would be occupied by atom of type B.
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3.4 Metropolis algorithm

In order to develop the concepts, let us start with the most simple Monte-Carlo algorithm, namely
the Metropolis algorithm[12].

The methodology described in Section 3.1 is inefficient, because it as an extremely low acceptance
ratio. Essentially all the time is spent with repeatedly drawing random numbers, while the state
changes with very small probability. Furthermore the time step is determined by the fasted process,
which leads to an even less efficient description of processes with lower rate.

The Metropolis algorithm sacrifices the dynamic interpretation of the stochastic process, but
considers it only as a tool to determine the properties of an ensemble in thermal equilibrium. As long
as one is not interested in time-correlation functions of the type (A(0)B(t))t, the time scales are
irrelevant in thermal equilibrium. The only quantity of interest is the equilibrium distribution P,-e",
which is defined by the stationary master equation

S (Pra = PP y) =0
J
A sufficient condition for the equilibrium distribution is the requirement of detailed balance

P i — PP =0

1

We observe immediately, that the jump rates [;,_,; can be changed nearly arbitrarily, as long as the
ratio

Cinsi/Tjsi

remains unchanged.

This allows us to scale the jump rates up such that for each pair of states, one of the jump
probabilities At becomes equal to 1, that is

1 M 1 M
M, =— = d A e
= At max{l—Hj, I_J-H,-} an S At max{FHJ-, FJ-%,-}

Thus the new jump probabilities are

T

Wi, =Tt = min {1, rj:f} (3.3)
. [ i

Wi, =T/_;At = min {1, HJ} (3.4)

We see that the Metropolis algorithm maximizes the acceptance ratio, by pairwise scaling up the
reaction rates to the maximum possible values compatible with the requirement of detailed balance.
While doing this, the time scales of the processes are completely mixed up, so that any prediction
about sequence of events is unphysical.

The ratio of the forward and backward jump rates between two sites is independent of the energy
of the transition state, but it is given alone by the equilibrium probability of a state. This is again a
direct consequence of the condition of detailed balance, Eq. 2.8.

eq

Moy _ B
=

ljsi P

The equilibrium probabilities can be expressed in turn by the free energies

1

ped _ nre mr AT _ 1/ ¢y o T ED
Z Jo,
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This gives the adjusted jump probabilities as

W — min{l e—ks%(ﬁ(T)—F/(T))}

i—J

Thus if the diffusion event lowers the free energy, it is accepted with certainty. If on the other
hand the event would increase the free energy, it may be accepted as well, but only with probability
o T (F(M-F(T)

In the Metropolis algorithm a transition is always accepted if it lowers the energy. However, with
a certain probability, the system can also increase its energy. This allows the system to overcome
barriers and thus explore the configuration space for lower minima of the total energy. Note that
these barriers are not to be confused with the barriers described in transition-state theory. Rather
they describe valleys

3.4.1 Machinery of the Metropolis algorithm
This provides us with the Metropolis algorithm

1. Construct a starting configuration, that is an arbitrary many particle state.

2. Select a certain transition between many particle states. In the following we denote the initial
state as / and the final state as J.

3. Determine the energy difference f; — F;

4. Determine the transition probability as
Wi : = min [1 o 7 (F(M=F(T)
i — ’

and accept the move with this probability.

This is implemented in the following way:

e |f the energy is lowered by the transition, accept the transition with certainty.

e if the energy increases by the transition accept the transition with probability Wi_,; =

R — . . . .
e R FM=ATD) 15 order to decide if the transition is accepted or not, draw a ran-

dom number between 0 and 1. Accept the move if the random number is smaller than

— 7 (F(T)—=F(T)) ; T
e keT and discard the move if it is larger. Most computer languages offer an
intrinsic random number generator, that creates a sequence of pseudo-random numbers
in the interval [0, 1].

5. calculate the observable quantities for the resulting state and add it to the average. Also, if
the move has been deferred, the observable of the current state has to be added. That is a
certain state may be counted several times.

6. proceed with step 2 using the current state instead of the initial state.

3.4.2 Monte Carlo versus direct integration

The reader may now ask, why we are not simply average over all states, as we need to know the
probability for each state anyway. The reason is that Monte Carlo is more efficient. Consider the
number of states for a 2-dimensional ising model with 50 x 50 = 2500 lattice points. Since each
site can be in one of two states, there are 22590 ~ 107%0 different states. A Monte Carlo step takes
about 2 x 1077 sec on my laptop. This corresponds to about 10'* time steps per year. Thus it will
take 10"3lyears to complete the calculation by directly averaging over states. Monte Carlo does the
same job in less than a minute.
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Why is Monte Carlo so efficient? Monte Carlo visits states with little probability very rarely. Thus
it concentrates on those parts of the sum that is relevant.

The reader may ask if Monte Carlo does not count states several times, leading to an inherent
inefficiency. Again the answer is related to the dimension of the configuration space: In the above
example each state has 2500 transitions to a neighboring many-particle state. Hence, the probability
that it hops directly back to the same state is only a fraction of a promille. The probability to return
after the particle hopped a few steps further is even lower. Thus it is extremely rare that Monte
Carlo visits the same state twice.

This observation has implications on a general problem-solving process. If one is faced with a
difficult problem, it is advantageous to proceed by trial and error, which corresponds to the Monte
Carlo approach and is related to brain storming. It is important to try new things as much as possible.
This step is sensible if the space of possible solutions is very large, that is the dimensionality is large.
However, after a while of poking around, one should attempt to find a systematic approach, that is
one should attempt to lower the dimension of the search space.

It also reflects on the scientific process, a permanent frustration to every organization. Organi-
zations always attempt to identify the “best way for research” and they fail consistently. The reason
is that the scientific process is efficient, because people have rather different strategies. In basic
science, it is often not even clear what to look for. There are people to stay away from the main
stream and frequently try out radically new ideas. They are likely to find from time to time radically
new things. However they do not stay there very long and soon start with something new. There are
also other scientists, that do smaller steps and investigate problems in more depth. This is important
to explore whether a certain approach is not only new but also whether it has a wider applicability.
Finally, there is the engineering approach, which deals with problems, for which the basic route to
the solution is clear, but the process has to be optimized. This is an example of a low-dimensional
process, where a systematic exploration is most successful. None of the three models to do research
is efficient by itself. Only if they work together the full efficiency of the scientific process, which at
times seems rather chaotic, is guaranteed.

3.4.3 Application to the two-dimensional Ising model

-1,5+ A

2x10"

4x10°

6x10"

8x10’

1x10°

Fig. 3.1: Monte Carlo simulation on a 50 x 50 two dimensional square lattice. Black line: average
total energy per site as function of number of MC steps. Red: averaged magnetization. Green:
acceptance ratio. Averaging has been done over 10> MC-steps.
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The code of the following simulation is given in App. B.1. We have chosen H = —0.02, J =1
and kgT = 2.3. The temperature is close to the Curie temperature of the ising model.

The magnetization as function of time is shown in Fig. 3.1. Observe in Fig. 3.1 that the mag-
netization per site jumps between 0.7 and —0.7. This is indicative of a ferromagnetic material. We
also see on p. 40 that the spins have arranged in ferromagnetic domains. The domains are connected
across the boundaries of the unit cell, which shows us that the cell is too small and that the simulation
suffers from finite size effects.

Note however, that this simulation only shows a section of a trajectory of 108 Monte Carlo moves,
It seems to be sufficient to show the characteristic behavior, however, it is insufficient to average
properly over the periods during which the materials is polarized in one or the other direction.

The acceptance ratio lies at 0.25, that is a move is accepted every fourth move time slice. This
is a quite satisfactory value. At lower temperatures and with larger magnetization the acceptance
ratio would drop to a fairly low value, rendering the Metropolis algorithm fairly inefficient for those
cases.
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Snapshot of a Monte Carlo simulation of the 2-dimensional square Ising model. We observe that
Weiss domains have developed. The existence of Weiss-domains indicates that the temperature of
the simulation is below the Curie temperature
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3.5 Kinetic Monte Carlo method

The Metropolis algorithm is very inefficient at low temperatures. The system progresses very slowly,
because most attempts for a transition are unsuccessful. One says that the acceptance ratio, the
ratio of accepted versus deferred transitions, is very low.

As an example, consider the Ising model below the Curie temperature. The system consists of
ferromagnetic domains. Most of the spins are parallel with their neighbors, so that a spin flip has a
large energy cost and consequently a low acceptance ratio. Only a few spins at the domain boundary
can revert their spin with reasonable probability, because their neighbors are partly parallel and partly
antiparallel. A spin flip shifts the domain boundary, but it has only a minor effect on its size. In the
low-temperature limit and in the absence of magnetic fields, the energy is proportional to the size of
the domain boundaries.

Even though we have artificially modified the jump rates in Eq. 3.4, the Monte Carlo method
described before is a time-step based method. We step forward on an artificial time axis and estimate,
whether a transition occurs or not. A better way to deal with the problem is kinetic Monte Carlo.
Kinetic Monte Carlo describes the process on the physical time axis. It can however also be performed
with scrambled jump rates a la Eq. 3.4 as in the Metropolis algorithm to bring the processes onto
the same time scale. Then, the method is called N-fold way.3 Here one determines, which transition
is the next to occur, and then estimate the time lag up to this process.

In order to make the simulation tractable, we divide the transitions into classes so that all tran-
sitions in each class have the same transition probabilities. In each step one selects first a class of
transitions. Out of this class we then select at random one transition out.

The main advantage of the kinetic Monte Carlo method, is that it allows to study processes in
real time, and thus provides realistic dynamical information.

3.5.1 Selecting a transition

Consider now that the system is initially in state X;. The probability that it ends up in state X; with
time period A is [';,;A. Remember that [';_,; is the jump rate for the transition between the two
states. The probability that the next event is a transition to Xj is

MioA Ty
Do LimkD Dz Ticsk

This probability is independent of the time step A.#

VVI‘*)J' =

Now we pick one of the possible events considering the probabilities. Numerically we choose a
random number x between zero and one. If

Jj—1 J
Z P < x< Z P
k=1 k=1

then the transition to state j is chosen. As demonstrated in figure 3.2, this procedure picks the
transition to state X; exactly with probability F;.

In practice we divide all possible processes up into process classes, where each member in a process
class has the same rate as any other. Then we determine the probability that any process in one
class will be selected. The class probabilities are simply the probability of one process in the class
multiplied with the number of processes in the class.

By choosing a random number we select first a process class. In a second step we select one
member randomly from this process class.

3The distinction is not often made.
4|',-J-A is the propability that the transition to state X; occurs in the time interval A. The probability that any
transition occurs within this interval is zk# Ii,kA. Thus, if we ask, after one transition occurred, for the probability

FijhA

that this event was the transition X;, we obtain ««——F—.
ki Tk

This conditional probability is independent of A.
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P.IP, [ Py [P,IP:s[Ps [P;] Pg [ Pg

Fig. 3.2: Given the probabilities P; for events Z;, one covers the interval [0, 1] with intervals of size
Fj. Remember that 3, P =1. A random number between zero and one will fall in the interval for

the event Z;, which extends from ™4 Fj to 74_, Fj with probability F;

3.5.2 The time delay

Next, we need to determine the physical time interval until this process occurs, the so-called waiting
time. One possibility would be to calculate the time from the total rate Mo = >, Ik for all
processes,

1
>k Tk

However, this choice would discribe a process which occurs precisely after time A. In reality, however,
there will be a spread of waiting times.

A more rigorous choice is obtained with the help of the maximum-entropy principle. Let us assume
that we know that a transition has occured. Let us furthermore assume that we know the rate [M;o¢
for this transition. We would like to know, when it occurred. We are interested in the waiting time.
Let us introduce the probability density p(t) defined such that f dt p(t) is the probability that the
transition occured in the interval [t1, t2]. Because we know beforehand that the transition occurred,
the probability density is normalized, i.e. fooo dt p(t) = 1. The rate 4ot imposes a further condition
for the probability distribution, namely that the average time is the inverse of the rate. This implies
Jo dtp(t) -t =g

Now we use the maximum entropy principle to arrive at the least biased probability distribution
for our problem.

S[p(t)] = —kes /OOO dt p(t) In[p(t)] — A (/OOO dt p(t) — 1) — W (/OOO dt p(t)t — rtlot>

where we introduced as constraint the normalization and the fact that the expectation value of the
delay time must be the inverse total rate. The first term is the entropy functional that we know as
S[P, ..., Py] = —kg Y, P/ In[P]. The only difference to the known form with discrete probabilities
P; is that we use a continuous probability density p(t) and consequently the sum is replaced by an
integral. The second and third terms in the expression above are the two constraints, one for the
norm and the other for the average rate.

A:

The equilibrium condition ;.25 (t) = 0 yields
1-2 — ut

—kgIn[p] —kg — A —ut=0 = p(t)y=e "k -e * (3.5)

Now we insert the normalization constraint

ds __x [ _ut
20 = / dt p(t) "7 e lks/ dte e =1
dX 0 0
A o _ut ok o Kk
=o'l = / dte 55:—5/ dxe > =-2
0 B Jo K
Eq.35

= p(t) = —e *e (3.6)
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The second constraint condition yields

ds /°° 1
— =0 = dt p(t)t =
d/.L 0 P( ) |—tot
def
1 o0 _ut X=gct kg [
é—Eq':gﬁ/ dt te i 2o LB dx xe
[tot 0 B K Jo
k o k
- e / dx [~By (xe* +e)] = &
K Jo K
=u = Kkglior

After inserting this result into Eq. 3.6, we obtain the final expression for the probability density of
the waiting time.

p(t) = Troreett (3.7)

Our next challenge is to construct a random number that picks out a waiting time in the interval
[t, t+dt] is obtained with probability p(t)dt. We start out with our standard random variable x which
has an equal probability density in the interval [0, 1]. Then we introduce a transformation t = f(x)
from the variable x in the interval [0, 1] to the variable t in the interval [0, co[, The transformation
is chosen such the probability for t = f(x) is equal to p(t) of x is equally distributed in [0, 1].

The probability for a value of x in the interval [xp, xo + €[ is simply €. If x falls into the inter-
val [xo, xo + €[, then t falls into the interval [f(xp), F(xo +€) = [f(x0), F(x0) + Z—i|XO €+ O(e?)[=
[to. to 45|, €+ O(e?)[. The probability for a value of ¢ in this interval is p(to) §&e + O(€?). On the
other hand, this probability is also simply €. Thus

df df 1
F(x))——€ = =
A (X))dxe ¢ dx  p(f(x))
This is a differential equation, which we rearrange using t = f(x) to
dx Eq.3 -
dar p(t) LMoo ot
= x(t) =1—e Tt

The number one is simply the integration constant that has been fixed so that the intervals are
mapped onto each other. Finally we invert the functional dependence and obtain

t(x) = — In[1 — x]
tot
t(x) is nothing but our transformation f(x), that is
1
f(x)=— In[1— x]
|—fot

Thus we produce the correct probability distribution for the time delay A if we choose a random
number x between zero and one and determine the time delay from

~In[x]
2k Tk

Note that the replacement of (1 — x) by x does not change the probabilities.

A=

3.5.3 Machinery of the kinetic Monte Carlo

1. Divide the possible transitions into classes. All transitions in a class have the same transition
probability. In the 2d square Ising model without an external magnetic field, the 5 classes would
be
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C1 flip a spin with all neighbors aligned parallel
C2 flip a spin with three neighbors aligned parallel and one antiparallel
C3 flip a spin with two neighbors aligned parallel and two antiparallel
C4 flip a spin with one neighbor aligned parallel and three antiparallel
C5 flip a spin with all neighbors antiparallel
In the presence of a magnetic field, there would be 10 classes, because, within each of the

classes listed above, one would need to distinguish, if the spin is initially parallel or antiparallel
to the external field.

. Determine the probability for each class of transitions in a given time interval.

Wi =TisAt
The rates can, in principle, be calculated using transition-state theory, i.e. by Eq. 1.19. A
simple estimate can be obtained from Eq. 1.13.

If dynamical information is secondary, and if the activation energies are unknown, we may
choose the probabilities artificially as in the Metropolis algorithm with the assumption Eq. 3.4
as

1
Wi, j = min (1, efﬁTT(FﬁF’))
which we will use in the present example for reasons of simplicity. Note however that this
approximation will scramble time scales!

For the example we obtain the probabilities

8J

4
Wer =e %T; Weo =€ %7, Wes = 1; Wea = 1; Wes =1

. Set up a process list, which includes all transitions and attributes a class to each of them.

Enumerate the number of transitions in each class for the current state of the system. The
number of transitions in class Ci is Mc;.

. Select one of the classes according to its aggregate probability

_ WeiMe,
> WeiMc;
Note that we can replace W, with the real jump rates, because the time interval At drops out.

In practice we draw a random number r between zero and one. If the random number lies in
the interval

Xci

n—1 n
ZXC,' <r< ZXC,‘
i=1 i=1

we select the process class Cn.

. Select one particular transition in this class at random.
. Perform the move and update the process list.
. Estimate the time delay A = —% from a a random number r; from [0,1].

. Continue with step 4.
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3.6 Diffusion processes

We have done a long detour from the diffusion processes we wanted to simulate initially. What we
have done so far will be useful when we investigate phase transitions and phase stability.

Now it is time to introduce the next complication. The difference is not one of principle but one
of implementation. Instead of flipping spins, we now exchange spins, respectively, we move atoms
from occupied sites to unoccupied ones. This makes the process list considerably more complex,
because the energy of a jump depends on the environment of two atoms. When updating the process
list we need to consider not only the two sites and their neighborhood, but also all neighbors of atoms
whose neighborhood has changed, that is up to second nearest neighbors of the two central sites.

In the following figure we represent the updating procedure of the process list. The yellow circles
indicate the two sites, on which the spins are exchanged. The double arrows indicate all the possible
processes that are affected by the exchange of spins on the two central sites.

3.7 Continuous Monte Carlo simulations

Sofar we discussed Monte Carlo simulations on a lattice. Here we shall discuss how to describe a
continuous process such as the Brownian motion. Brownian motion is based on the observation of
the british botanist Robert Brown (1773-1858) who observed the motion of particles suspended in a
fluid. The motion was due to thermal fluctuations.

The mathematical model for the observed trajectories is the Wiener process®

One way to implement such a stochastic process is to determine in each time step of the simulation
a random displacement vector. The displacement vector is a random variable which has itself a
probability distribution, which is the so-called transition function t(x — )?’). Then one accepts this
move with probability

, Pea(x')
_ oo
Wiz = t(X — XYmin {1, Pea () }
where P¢9(X) is the probability density in thermal equilibrium. If we wish to create a canonical

ensemble of a system with potential energy V/(X), the equilibrium distribution would be P¢9(X) =
1a—BV(X)
>e .

5Norbert Wiener (1894-1964).American mathematician. Pioneer of stochastic and noise processes.
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Choice of the random displacement vector

A common choice for the transition function is a constant within a 3N-dimensional hypercube, where
N is the number of particles.

1 - a
Ha) = a7 1 i 2
(@) { 0 else

a is the side length of the hypercube.

Proof

Let us consider the time evolution of the probability distribution for the random walkers

P(% t+A) = P(X, t)+/d3Nx [P(X, )Wz _,; — P(X, t)Wsz ]

X' =X

This equation says that the distribution at a given point X increases when particles hop to this site
and it decreases if particles hop from this point to other sites.

The stationary solution fulfills the law of detailed balance, namely

P(X W

X

= P(X)Wsox

Thus if we wish to determine a random process that produces a given equilibrium distribution
Pe9(X) the transition probabilities must fulfill.

Wsiose  PIX)
Wo_. PR

X' =X

Thus we can choose transition probabilities

pea(x
Wi,z = t(X — &) min {1 (X )}

' Pea(x)

with an inversion symmetric transition function t(§), that is t(§) = t(—q)

Implementation
The random process is implemented as follows.

1. construct a starting vector X

2. choose a random atom

3. create a random 3-dimensional displacement vector from three random numbers in the interval
[-3. 2]

4. determine the equilibrium probability P¢9(X") in the displaced configuration.

PGy

5. accept the move with probability min][1, )

6. increment the time step number and the add the current value of the observables, that is X or
X, to the sum.

7. proceed with step 2.



Chapter 4

Quantum Monte Carlo

4.1 Variational Quantum Monte Carlo

Variational Monte Carlo focusses on the evaluation of the energy

L (WIAY)
(VIw)
for a given many particle wave function. Doing the integration directly is not feasible because of
the high dimensionality of the problem. The wave function is defined on a space with 3N degrees
of freedom. Given M points in each direction we would need to determine the wave function M3V
times. As mentioned earlier the Monte Carlo method provides a much more economical way to do
the integration.
In the Variational Quantum Monte Carlo method one first rewrites the integrals as
(FIH|w)

(WIAW) :/d3”r v I

(v = / Ay [W(P)?

Note that the vector ¥ encompasses all 3N coordinates.

If we find a stochastic process which produces a probability density P(7) equal to the absolute
square of the wave function the expectation value can directly be evaluated as time average for that
stochastic process.

L& (AHW)
E = Iim fz (A

n—oo N

What is left, is to find a stochastic process that fulfills the requirement that its probability density
is identical to the absolute square of the wave function. That is we choose a random inversion-
symmetric displacement vector and accept the move if the density at the new position is larger and,
if it is smaller, we accept with probability W e |2/ |Worql?.

The variational quantum Monte Carlo method is at best as good as the trial wave function. The
advantage over other methods using direct integration is that rather complex wave functions can be
used.

i=

4.2 Diffusion quantum Monte Carlo

The diffusion Quantum Monte Carlo (DQMC) method is fundamentally different from variational
Quantum Monte Carlo. The Diffusion Monte Carlo method exploits the similarity of the Schrodinger

47
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equation with the Fokker-Planck equation.
We start out with the time-independent many-particle Schrodinger equation

h2

T V2W(x) + V(R)W(X) = EV(X)

If we simply invert the sign we obtain an equation with a diffusion term

h2

Ty V2W(x) — V(X)W (X) = —EW(X)

where we interpret the term D = h?/(2m.) as diffusion constant.

The terms (E — V(X))W(X) act as sources and sinks.

We start with a set of random walkers. Each random walker is a set of positions in the coordinate
space. The walkers perform a random walk. If they are in a region where (E — V/(X) is positive, the
random walker is split into two with a certain probability and if it is negative, it is deleted with a
certain probability. Thus the number of random walker changes from time step to time step.

Before we discuss the details of the simulation, let us investigate the time evolution of a probability
density. Let us consider the eigenvalue spectrum of the Schrodinger equation, which has eigenstates
|W,) with eigenvalues E,. The time dependent Fokker-Planck equation has the form

h2
2me

B[ W(1)) = 5 —V3W(x) = (V(X) — Erer) V(X)

EreffH

The solution can be written as

W(r) =3 |Wy)elerEre,
n
which is confirmed by insertion

o W(r) = D (Erer — Ep)Wp)e FermETe,

n

(Erer — H)| W) - Z (Eref _ /f/) |wn>e*(E,ef7En)tCn

n

(A-EAVI0 ™ (£ Fy) Wy)e (BB,
n

For long simulation times, only the component with the slowest decay constant, or the largest
growth factor, survives, that is the one with the smallest energy eigenvalue E,, the ground state
energy Eq. Thus the probability distribution after a long simulation will reflect the ground state.

(W (7)) — [Wo)e (Erer—EO)T (4.1)
If E,er is larger than Eg, the random walkers will die out and need to be replenished and if it us

smaller, the number of random walkers will grow exponentially. The population of random walkers is
held constant by adjusting E,.r adiabatically.

The ground state energy can be obtained from Eq. 4.1 as
Eqg = Erer — a'rklj("’—)

is then equal to E,er, that is Eqg = E er.
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Nodal structure

The method described above can be used if the wave function is real valued and if it is always positive.
For Fermions nodes must be present to reflect the anti symmetry of the wave function.

This problem is dealt with in the following way: In the so-called fixed-node approximation, the
nodes are defined by an ansatz for the wave function. If the wave function at the position of
the random walker changes sign, the random walker is deleted from the set. Thus one performs
simulations in a pocket where the wave function has the same sign. Due to the anti-symmetry the
other pockets are obtained by particle exchange and therefore contribute the same result as any other
pocket. Thus it one only needs to sample one pocket of the coordinate space.

The result of the fixed node calculation is only as good as the nodal structure of the trial wave
function. However the trial wave function only defines the position of the node-hypersurface, but not
the shape of the wave function within one pocket.

It is also possible to go beyond the fixed node approximation and to optimize the trial wave
function for an optimum node structure. Depending on the flexibility of the trial wave function, the
result can be exact.

Importance sampling

As described above the Monte Carlo method is still inefficient. However the random process can
be tuned by a trial wave function |W¢.;,) to sample the important regions more effectively than the
unimportant regions.

Using the trial wave function we determine
f()_(, T) = \U()?' T)q')trial()_(')

which is approximately equal to the probability density for the particle distribution.
We obtain

0 F(X, T) = (8, W(R, T)) Deyia(X)
2
= (Dtr/a/ ()?)

1 g . - =
= W¢tria/(x)v2 =+ (Eref - V(X)) \U(X: T)(Dtria/(x)
e
12 g . = = =
= W¢trial(x)v2w(xx T) + (Erer = V(X)) (X, T)Prrjar(X)
e

, R
51 V2 + (Erer = V() | V(%)

Using the equation
V2f = (Dt,,-a/ﬁQ\U +2 (ﬁ\V) (ﬁcbtria/) + WV (624)”,'3/)
Do) V2V = V2F =2 (VW) (VPrria) — W (V2 Drriar)
=V?f -2 [(ﬁw) (ﬁ(btria/) +wv (ﬁQd)ma/)] +Wv (ﬁQ(Dtm‘a/)
= V2 =2V [V (Vyria)] + W (VPDeria)

— —

; B} o P20,
= V2 =2V | Wypia —— 2 | 4+ Wby —— 2
~—~— Prial Dirjar
; ——— f
vln[‘:l:’t‘r/a/]

we obtain
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Diffusion Monte Carlo with importance sampling

¢ W corie v o ey e
o0, f(X,T) = 2—mev2f(x,'r) —V |f(X.T) Evm[q)mm]
Vdrlft()?)
_ 1 _ ﬁ2 62+V(ﬂ)7E (O (”) f(H )
Dyriar(X) 2me X ref | Perial(X X T
R (X, 1)
V(X)) t)= ——~
( ) ) (Dtrial(x)

Thus the walkers have the same diffusion term as before, resulting in a diffusion current away from
the maxima of f(X, t). The latter is approximately the particle density. With importance sampling the
walkers also experience a drift term, that pushes the walkers towards the maximum of the probability
density. If the trial wave function is a reasonably good solution of the Schrodinger equation, the
source term is proportional to the distribution f(X, T), so that the walkers have a nearly spatially

constant branching ratio, which furthermore is on average zero, if the reference energy is equal to
the ground state energy.



Chapter 5

Decoherence

A very good introductory text has been written by Zurek in Physics Today[13, 14].
The following books may be of interest:

e Kurt Baumann und Roman U. Sexl, Die Deutungen der Quantentheorie, Vieweg Verlag.
e Jiirgen Audretsch, Verschinkte Welt, Faszination der Quanten, Wiley-VCH

e E. Joos, H.D. Zeh, C. Kiefer, D. Giulini, J. Kupsch and 1.O. Stamatescu, Decoherence and the
appearance of the classical world, Springer Verlag

Papers that | did not yet read are Kiefer and Joos[? | and the article by Zeh[? ].

| believe the paper of van Hove[l15] is a key paper regarding the onset of reversibility and the
Boltzmann equation.

Check also Redfield theory (See Neufeld, J. Chem Phys. 119, 2488 (2003))

5.1 Schrodinger’s cat

One of the major conceptual problems of quantum mechanics is the description of the measurement
process. The problem is very well described by the thought experiment with “Schrodinger’s cat”.

A cat is in a container together with a device that can release poison that kills the cat. The release
of the poison is triggered by the decay of a radioactive nucleus. The nucleus, being a quantum system,
will end up in a superposition of the intact and the decayed state. Because the intact nucleus is linked
(entangled)! with the live cat and the decayed nucleus is linked to a dead cat, a quantum description
of the whole system describes a superposition of a live and a dead cat. The observation of a cat
being simultaneously in a live and dead state contradicts our experience. In the measurement, one
assumes that the the state collapes into one of the two states. This collapse, however, cannot be
described by a Schrédinger equation, because it corresponds to a non-unitary dynamics.

There are two main questions to this problem:

1. How does the system develop from a superposition of states into an ensemble of two classical
possibilities, live and dead cat?

2. How does the system select one of the two choices?

The second question is present also in a classical description if we describe a system via probability
distributions. Two states are possible, but when we look, we find that only one of the choices

lentangled=verschrankt
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represents reality. The probability distribution can be characterized as a state of our mind, describing
our expecations. Any information gain, will alter these expectations.

The first question, however, is the truly puzzling one: starting from a wave function, how do
we arrive at classical choices with classical probabilities. One answer is given by the theory of
decoherence.

The following is based on the article by Zurek in Physics Today.[13].

5.2 Entanglement and Ensembles

The meaning of the terms “entanglement” and “ensembles” is not grasped easily. However, they
pervade the entire discussion of decoherence. Therefore let us take some time to explore their
meaning.

This description is taken from P. Blochl, ®SX:Quantum theory.

5.2.1 Mixture of states: Ensembles

Imagine that we do not know the state of the system. In order to describe the situation, we may
provide several guesses for the state and attribute a probability to each of them. Thus we obtain a
set of states |W;) paired with corresponding probabilities £;. Such a set of pairs, namely {|V;), P}
is an ensemble or a mixture of states. In use is also the term macrostate, which is the ensemble,
while the term microstate refers to one of the states [W;) in the ensemble.
We obtain the statistical expectation value of an observable A from an ensemble as
(A) = PiViAI)) = TripAl

J
where

p=> [W)PYl

J

is the density operator, that contains the complete measurable information of an ensemble. Note,
that there is no requirement of orthogonality for the states |W;) in the ensemble. The states are
normalized and the sum of probabilities add up to one.

We may form a special ensemble from the eigenstates |a;) of an observable A, for which the
density operator has the form
p=>_la)Piail
i

In order to obtain the expectation value of the observable A we can weight the expectation value of
each state with the probability of the state, i.e.

(A) = Z Pi(ailAla;) = Z P;aj

We obtain the weighted average of the eigenvalues a; of the observable A.
For another observable B, we obtain

(B) = Z P:(ai|Blaj)

The result looks similar. However, instead of the eigenvalues of B we have to use the expectation
values of B with the set of states from our mixture. The probabilities are the same as those that we
used to determine the expectation value of the observable A.

Let us keep these results in mind, because we will compare them below with similar results from
a superposition of states.
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5.2.2 Superposition of states: Entanglement

Let us now compare these equations for the expectation value with those from a superposition of
states.

A superposition |®) of states |W;) is
o) =Y |V))g
J

Like in the ensemble, a superposition consists of pairs of states and numbers. The superposition is,
however, just another state, whereas an ensemble is characterized by an operator p.

We start with a quantum-mechanical state |W). If we want to measure a certain observable A it
is convenient to expand this state into (orthonormal) eigenstates |a;) of the operator A, i.e.

= Z lai)(ai| ¥) = Z la;) S

N ' (ailw)
i

This is a superposition of states |a;). The components of the wave function are coherent.
The expectation value of the observable A for such a superposition is

(WYIAlp) = Zc ¢{ailAlaj) = Zc glalapa = craa=> PMa
i i

Thus the expectation value can be expressed as a sum over the eigenvalues of A with probabilities
P = Cl-TC,' = (¢|a;)(a;|y) for each eigenvalue.

This equation is basically identical to the one obtained for a mixture of states. However, let us
now look at the expectation value of some other operator B.

(Y| Blv) = Zc ci{ai|Blaj) Zc ci(ai|Blai) + Y _ ¢/ ci(ail Blay)
i#j

This expression differs from the expression for the mixture by the presence of the off-diagonal terms of
the double sum. These off-diagonal terms are a sign of a coherent superposition of states. Coherent
means the following: For a given set of probabilities P,(A), we can determine the coefficients

= \/ﬁ,e"p’

only if we also specify the relative phases ¢; of the states.

While a mixture of states is uniquely defined by a set of states, say {|a;)} and their probabilities
P, a superposition carries additional information, namely the phase information.

If we average the expectation value for B over all states that only differ by the relative phases,
the off-diagonal terms cancel out, and we are left with an expression for expectation values that is
identical to that for a mixture. This is the essence of the so-called random-phase approximation.
The random phase approximation converts a superposition of states into a mixture of states.

It may be instructive to consider the expectation value for a superposition of states in terms of
eigenvalues of the observable B. Let us simply introduce the eigenstates |b;) and the corresponding
eigenvalues b;.

(WIBIw) = D _(wlbi) (b Blby) by |) = ZKW? ZP(B)b

While we can express the expectation value of B as a weighted sum of eigenvalues, the probabilities
P,-(B) differ from the probabilities P,(A), we have used before to obtain the expectation value of A.



54

5 DECOHERENCE

5.3

Overview of the measurement process

In the following | will describe in detail the individual steps that take place during a measurement
process.

Environment

‘%( Detector

Probe
2
vz\é\o
7 o
N, o
,)7‘7//0/7
lrg, Ny,
for

Observer

We will see in the following that three steps are required for a measurment

1.

Information transfer: In a first step information of the measured property is transferred to
the detector. The measured property and the detector end up in an entangled state.

Decoherence: a non-unitary evolution transforms a pure, state into an appropriate mixture.
During this step, the off-diagonal elements of the density matrix, expressed in the basis of the
observable to be measured, vanish. This step increases the entropy of the state and is thus
irreversible.

. Collapse: One of the possible eigenstates of the observable is selected. This step is analogous

to the collapse of a classical probability density upon measurement. During this step the entropy
is reduced again, usually to zero.

our analysis we need to consider three parts for the description of the measurement process.

. Probe: The probe is the system whose properties we want to measure. We may refer to it as

a magnetic particle with two spin directions ¢ € {| 1),| J)}. The probe is initially in the state
| HYa+] J)B, that is, in a superposition of both magnetic orientations. In the Schrédinger’s cat
experiment, the probe is the radioactive nucleus, that may be in a superposition of an original
state | 1) and a decayed state | ).

Detector: The detector is something like a scale. After coming into contact with the probe
the detector shows the reading "1 if the probe is in state “| )" and it shows the reading | if
the probe is in state |. The corresponding two states of the detector are |d;y) and |d}). In the
Schrodinger’s cat experiment the cat itself plays the role of the detector.

. Environment: The environment strictly describes the rest of the universe. It is per definition a

macroscopic system. The relevant states of the environment are likely part of the measurement
apparatus itself. This is because the way the detector couples to the environment is vital for
the function of the measurement apparatus.

. Observer: The observer only plays a minor part in the measurement process. Its role is limited

to the collapse of the wave function, which is considered a mental process and not a physical
one.
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5.4 Transfer of information to the detector

Consider the following arrangement: A system has two quantum states, namely | 1) and | }). That
is the initial state can be represented by

i) = Da+[1)B (5.1)

We will refer to these states as spins, even though we do not necessarily consider angular momenta.
Rather, we may equally well describe the nucleus in the Schrodinger's cat example by the two spin
directions, one for the initial and one for the final, decayed state.

Our goal is to measure the spin of the system. This measurement can produce two possible
outcomes, namely “spin has the value 1" or “spin has the value |".

During the measurement we bring the system into contact with a detector. The detector also
has two quantum states, namely |dy) and |d}). The Hilbert space of system and detector has the
following quantum states.

(It dr) [ dd) [ 1,dy), [ dy)) (5.2)

Before the measurement, the detector is prepared in state |d}). Hence system and detector are
described by the wave function

W) = |t d)a+] L d)B (5.3)

The detector is designed in such a way, that its |d|) is flipped if the measured spin o is in state
| 1) and the detector remains in its |d|) state, when the measured spin is in its | |) state.

The propagator has the form

0010
0100

= 4

U= _1000 (5:4)

0001

where the representation refers to the basis specified in Eq. 5.2. The matrix U is unitary, that is
UU' = 1. Hence it can be derived from a Hamiltonian as shown in section 5.4.1.

The propagator transforms the initial state Eq. 5.3 into

U( o+, d¢>5> =1 dyo+|1 d)B

The spin and the detector are in and entangled state.

5.4.1 Hamiltonian for the coupling between detector and measured system

One may wonder, if the transformation U from Eq. 5.4 can be expressed by a physical process. To
answer this question, we need to show that U can be obtained as propagator of the time evolution
under a hermitean Hamilton operator.

Were we will show, that the Hamiltonian leading to the propagator U of Eq. 5.4 has the form

00-i0
00 00 -

H = hw - O(H)0(L — ¢ .
o oo | M WG, -1 (5.5)

00 00

6(t) is the Heaviside function.
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The proof that the Hamiltonian has the form Eq. 5.5 is as follows:

We are guided by the observation that the propagator Eq. 5.4 describes a rotation in two dimen-
sions by 7. This information can be obtained by inspection of Eq. 5.4 in the relevant two-dimensional
subspace.

e Firstly, we determine the Taylor expansions of sine and cosine.

. 0o 00 k
e’ = cos(x) + isin(x) = Z ()" =3 ((Qk). X Z (2(/(41_)1)1 o
n=0 k=0

cos(x) sin(x)

e Secondly, we describe a plane rotation by an exponential function. Let is start exploring the
powers of ia,, where o, is a Pauli matrix. We obtain

wr=a3) ¢ wr=(fo) o wr=(35) ¢ er=(17)

and (io,)n+4) = (io,)"

o] 1.0,
neo X" yields

0¢) [10)<=(—1)k 01\ (—1)k [ cos(¢) sin(¢)
exp (_4, 0) = (o 1) D G (-1 0) kZ:O o= <—sin(d)) cos(¢)>
%,_/

cos(¢) sin(¢)

Thus the Taylor expansion of the exponential function e¥ =3

e Finally we extract the Hamilton operator.

0 1) [ cos(3) sin(5)\ _ m( 01\ i 0 Jihw T
-10/) —sin(5) cos(3) P 10| TP TR i 0 ) 2w
S L~

At

Thus, if we switch the Hamilton operator on for the specified period At = 7~ = %T, where

T = 27/w is the period of oscillation, we perform a 90° rotation in the 2-dimensional Hilbert
space.

This leads directly given to the form in Eq. 5.5.

5.5 Density matrices

So-far we have clearly transferred all the information from the measured spin to the detector. How-
ever, the detector is still in a superposition of the two states. In the decoherence step, we need to
find out how the system can evolve from a coherent superposition of two states into an statistical
ensemble of two states.

In order to describe pure states and statistical mixtures, we need to introduce the concept of
density matrices.

The density matrix of the final, coherent state is

p= 1PN | = |t dy)al (| + | 4 dpBa” (T dyl + | 1 dr)aB* (L dy| + | 4 d)IBIP(L d|

_ [ Iran ) [l ap ({1 di
[Ld) ) \Ba* 1B ] \ (4 dyl
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As shown below, this state is idempotent, i.e. p°> = p, and therefore describes a pure state.
2 = [+ di)\ [ lal® B [ la? aB*\ [ (T d
[ 4dy) ) \Ba* |B]? ) \ Ba* |B]7 ) \ (L dy
| 1 dp) la?|a]? + aB*Ba* |al?aB* + aB*|B]? (1 dy
| Ld,) ) \ Barlal® + |B]°Ba* BaraB* + 6171617 | \ (4 ]
ITdT al?(Jef® +18P) aB*(laf? + 8] (1 dil
[ L dy) )\ Ber(laf +161) 1B (lal> + 187]) ) \ (4 dy

arpr=r (110 (laf op) (ol _
[bdy) ) \Bar |6 ) \ {4

A statistical interpretation would evolve, if the off-diagonal elements of the density matrix disap-
pear, so that we can identify P, = |a|? and P3 = |B]? as probabilities for the two possible outcomes
of the measurement.

In terms of a density matrices the decoherence step maps the density matrix onto a diagonal

matrix
laf? aB* > 0
(ﬁa* ﬁl?) - ( 0 6l2>

Dynamics: von Neumann equation

If the dynamics is governed by the Schrodinger equation, the density matrix propagates according to
the von-Neumann equation

ihe:p = [H, ] (5.6)

5.6 Entropy

The entropy of a state or a mixture of a state provides us with a measure of the information about
the system. The entropy of a pure state is zero. The entropy of a mixture is positive.

We can attribute an entropy to a density matrix, the so-called von-Neumann entropy. The von
Neumann entropy is defined as

S=—kgTr[pIn(p)]

It can be shown(see ®SX:Statistical Physics, Discussion of the H-theorem) that this entropy
remains conserved under a unitary dynamics, i.e. if it is propagated by a Schrédinger equation. A
statistical mixture, however, always has a positive entropy, unless |a|? is either zero or one. In our
example the entropy, after dropping the off-diagonal terms of the density matrix, has the value

S = —kg [lef* In(leel?) + |BI* In(1BI*)] > 0

which is positive.
Thus the decoherence step, which increases the entropy, cannot be explained by a reversible
Schrodinger dynamics: The measurement process is irreversible.

Reduced density matrix

We will see that in order to remove the off-diagonal elements from the density matrix, we need the
coupling to an environment. That is, we describe an open system.
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Now we form the reduced density matrix for a system that consists of two sub-Hilbert spaces A
and B. A may contain the probe and the detector, while B contains the environment.

Ared(A) _ Z |al a,bk| (Z |¢n

iJ,k

) |ajbk)(aj]

5

The reduced density matrix is sufficient to evaluate the expectation value of any observable that acts
only on the subsystem A. The expectation value of an operator in A evaluated as trace with the
reduced density matrix is the same as the expectation value of A® 1¢ acting on the complete system.

The process of forming a reduced density matrix can be demonstrated as follows. First we divide
the density matrix in blocks, which are characterized by a pair of eigenvalues of the system B. Then
all the off-diagonal blocks are dropped. Finally the diagonal sub-blocks are summed up forming a
smaller density matrix referring only to system A.

(ajby1|plajby)|(aibi|plajbo)|(a;bi|plajbs)|- - - (aib1|plajby) 0 0
(ajbo|plajby)|(aiba|plajbo)|(aib2|plajbs) |- - - 0 (ajbo|plajbo) 0
0 0

(ajbs|plajby)|(a;bs|plajbo)|(a;bs|plajbs)|- - - (ajbs|plajbs)|- - -

— ((arbalBlasba) + {aibalplaybs) + (aibslplajbs) +

In our problem we would like to obtain the reduced density matrix for the measurement apparatus
by tracing out the degrees of freedom of the environment.

pred(sD) _ Z‘T dr) (T, dr, Eilpl T, Ay, E)(T, il -

5.7 Tracing out the environment: decoherence

Hilbert space with environment

Let us describe the environment by a set of states |£;). A complete basis would be

{|T,d¢,8/>;|T,di,S,-);li,dT,E,);L,dyé’,) for i:O,...}

Observable

The observable for the pointer reading of the measurement device shall be O.

O = [dy){dy| — ldy){dy| = Zld

where 0 =1 for 0 =1 and 0 = —1 for 0 =J.
Let us now extend the operator to the complete basisset.

O-da'/5|

> o dy, ENo

i,o,0’

O Z(IO’CH O'dTg| O'd¢<€>0'd¢€|>

It may be surprising that we discuss the observable of the pointer-reading rather than that of the spin.
The motivation is that the pointer reading is independent of the measured spin, once the interaction
has been switched off. The goal is now to investigate the pointer reading, that reflects the state of
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the measured spin at the time of the interaction with the detector. The future of this measured spin
after the information transfer to the detector is of no concern.

Our measurement aparatus must be constructed such that its interaction with the environment
commutates with the observable O to be measured. This requirement ensures that the environment
does not change the reading of the device for the quantity to be measured.

The observable to be measured is the reading, d; or d| of the measurement device, not the spin
to be determined 1 or |. The identification of the spin is obtained indirectly from the reading of
the measurement device, because the correlation between spin and pointer reading has already been
established. The latter shall be macroscopic, which in our case implies that it may interact with the
environment.

We assume that the total Hamiltonian consists only of two parts, of which one is the interaction
between the spin and the measurement device on the one hand and the interaction between the
measurement apparatus with the environment on the other. The former is switched off before the
reading of the measurement apparatus takes place.

Interaction of the detector with the environment

The most general interaction operator between the measurement device and the environment has

the form
Aine = ZZZ\U d=EVATT (0, d &)

o 7,0

where
AT = (dy, | Hineldr, &)

On the subspace of the spin to be determined, the interaction operator is the unity operator?. The
states of the measurement device and the environment may be scrambled by the interaction.

The commutator has the form

(. Hintl- = > 32> _l0dsE) (6A55’-""° - Af-i’-""”c‘r’) (0, do &) (5.8)

ij o 538
The commutator vanishes, if A,(-jﬁ/)(ﬁ —a')=0, that is for
AC —o  for  T#07 (5.9)
Thus, an interaction that leaves the observable invariant has the form

o, d5. &j| (5.10)

!ﬂ O

The interaction is diagonal in the observable, which does not imply that there is no interaction with
the environment. The matrix A(-M) #* A(-“) explicitly depends on the value of the observable &.

Without limitation of generality, we may diagonalize the operator Z A(‘7 7) (&jl, which acts
on the environment and depends parametrically on the state of the detector Thus we obtain two
different sets of eigenvalues and eigenstates, one for each value of &, leading to two linear dependent
basis sets for the environment.

[Zw 3’”5]|e> e2)e? (5.11)

2This means the following: for an arbitrary, but specific set of &, &, i, j, that matrix elements

(0, d5, EilAint |0, d, ) = 85,0 AT (5.7)

are proportional to the unit matrix in the o, ¢’ subspace.
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where
(e71e7) = 6i; and (eﬂe}) is unitary

Thus with the restriction that the the observable © and the interaction Hamiltonian commutate,
in interaction of the detector with the environment can be written in the form

Hint = ZZZbd e?Ve? (o, d5, €7 (5.12)

Propagators
The interaction Hamiltonian of the detector with the environment has the form of one Hamiltonian

I-A/Z« acting on the environment, if the detector is in its |d;) state and another Hamiltonian Hé acting
on the environment if the detector is in its |d}) state.

AZ = le7)el (e |
i
For each setting of the detector we can now define a propagator for the environment.

in0e| 7 (1)) = HZIET (1))
= [E7()) = UZ(D)l€o)  with  UZ(t) = Z le7)en T (ef | (5.13)

S~

The propagator for the complete system has the form

006 = o0 3t ) = 335 i 101 = S0
where

07(t) = lo, dy, €7)e 157 (0, dy, €7| (5.14)

e

is the propagator defined above in Eq. 5.13, but extended for the complete system.

The propagator U%(t) is the product of a unity operator 1 = 3" |o)(c| on the Hilbert space
of the spin, a projection operator P; = |d5)(d5| onto a specific detector state, and a G-dependent
propagator UZ(t) = 3, [e%)e 77t (¢7] for the states of the environment. All these three operators
act in orthogonal sub-Hilbert spaces of the complete system.

<O'/, d&’v eg;|0(t)|0'”, da.//, eg”> = Z ZZ(UI, da/, e,‘;’;|0, da—, e?>e_26?t<a, da—, eF|UII, da//, eg”>
i o o
=3NS (00 (dorldi) (€D 1€ Ve 1 a0 (dp o) (€7 [€3)
i o o

- — —
= S (00" (dor o) (€5 €7 Ve h (e |5
i

— (010" (d ) (€2 (Z )ehE f<ef"’|) ')

= 60’,0”55’,5”<eg7/|0g(t)|eg/>



5 DECOHERENCE 61

Propagating the density matrix

Now we apply it to an initial state, which obtained right after the spin has interacted with the
measurement device.

[9(0) = |71, dr, o)+ | 1. d), &0)B (5.15)
Thus, at time t we obtain
[w(t) =D 0%1(0)) = >_0°(0)| 1. dr, L)+ 3 U7 (2)] 1. 0y, &)
= Ui(rﬂ 1, d¢,50>a0+ 04 ()] 4, d,. o) )

=" 0°(0)lo, dv. Eo)eto (5.16)

Here we introduced the symbol ar = a and )y = 8 and
The resulting density matrix has the form

) (0] = 32 0 (Dlo dr, E0)tois (0", o, 0] (07 (1))’

o0

Tracing out the environment

Now we form the trace over the environment. We perform the trace in the basisset {\e,f)}, which is
a complete orthonormal basis set for the bath.

Tre [ = Y ) lods) [Z s, le(f)><¢(t)|0’,da/.el>] (0", do|

o0’ 5,6/

E ~ 1

B D louds) <Z s, EI{Z 07 (£)[0”, dor, Eo)cten
o0’ 5,6/ o o

[W(t))
a3 0" do, &0l (0°(0))' | 17 . €] ) . o
(W(t)l

3 (o, di) (z S (0,05, 107 (D]0" . E)

o0’ 5,0/ oo™

(olo"){ds|dyn) (e} |07 (t)|Eo)~ o=0"=G

o (0", don, 6o|(U"”’(t)) 0", do, e}) )<a’,d&r|

(0"|0") (dyr | dyr) (€0l (0" (1)) e ys  o7=0""=5"

= Tl (S 0 Oi0s el (0710) D) bl (617

g0’

We exploit that U%(t) contains a projector on |d,), which is evident from the form in Eq. 5.13, and
that is diagonal in the spin variable.

In the following we will use the states |£7(t)) defined in Eq. 5.13 that is obtained from the
environment state |£q) by propagating with one or the other propagators, that depend on the detector
state variable.
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Thus one obtains

~ T ~
Tre [W(0) (0] = 1o do) (@ (€0l (07(2)) (X2 Ielell ) 0% (0)lo) o ) (o o
( TTT< - ) (o) >

i

=3l (@ (67 (17 (D) ) '

o0’

Now we can rewrite the reduced density matrix

DECOHERENCE
(1) o2 aprEIET ) (k]
Tre (el = <| L d¢>> (ﬁa*mr)wt» B2 ) <<¢. dﬂ) (5.18)

Decoherence results when the overlap (£7(t)|€¥(t)) of the environment states |£(t)) and |E,(t))
vanishes. The environment states are experience a Hamiltonian that depends parametrically on the
state of the detector. The most general form for the Hamiltonian is given by Eq. 5.12

The overlap (£T(t)|E4(t)) remains sizeable only under special conditions. With this | mean that the
probability that two random vectors have a non zero angle between each other becomes increasingly
smaller with the dimension of the space.

Thus we see that there are two conditions for the interaction between the detector and the
environment:

e it must commutate with the observable, i.e. [/://nt, O], =0.

e The setting of the detector must affect the environment sufficiently, so that the overlap
(ET(t)|E*(t)) between environment states propagated with different settings d, of the detector
become orthogonal.

The second condition is not very stringent, because the probability that two states have a overlap
matrix element beyond a given size is very small.

This finding also shows that there is no decoherence without coupling to an environment.

The different interaction probably describes the transport of entropy from the environment into
the system as the coherence is destroyed.

In the remainder of this section we will try to shed some light on when and how the matrix
elements (£4(t)|ET(t)) disappear. | will give some argument that it is very unlikely that it does
not desappear and | will analyze some examples for an interaction and see how the matrix elements
vanish. It should be clear that this is not an attempt to proove that this matrix element always
disappears. Such a proof can not succeed. This proof must be done for any potential measurement
device individually. If the proof fails, the device is simply not regarded as a measurement devide for
the observable O.

Orthogonality of random vectors in infinite dimensions

We consider two random, but normalized vectors, 7, b in dimension N. The cartesian coordinate
system is chosen that the first unit vector points along 4, i.e.

72(1,0,0,...)
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The scalar product is 3b = by, that is proportional to the first component of vector b. Because the
second vector is normalized we have

1 1
<@=w%=w2}%=n

——
=1

Thus the scalar product between any two normalized vectors is
(ab) = (cos(£(a, b)) = N2

For N — oo the scalar product vanishes.

Special case: eigenstates of the environment independent of the observable

In order to obtain a feeling for the decay of the overlap matrix element let us make the simplifying
assumption that the eigenstates of the Hamiltonian H¢ are independent of 0. That is |e¢]) = |e,.¢> =

le;). Let us furthermore introduce A; := ¢! — €.

ENBIEND) = D (Eoleert (eile) i {glo) = Y (Eolerer €Nt el o)

iJ i
J D

=Y Kel€o)Per®?

i

:/d(ﬁW) [Z|<6/|50>|25(MA/) et

I (hw)

The function I'(hw) plays a role of a density of states. It is probably a measure of the excitation
spectrum as obtained by a time dependent perturbation that couples to the detector setting d,.

Because the initial environment state is normalized,i.e.Y; [{ei|€o)[? = 1, it follows

/d(hw) MNhw)=1

This reflects that the matrix element initially is equal to one.

If I'(fiw) function is a sufficently smooth function of w, the Fourier transform, which is the scalar
product (£T(£)|E¥(t)) is localized in real time.

Let us consider a few special cases and the corresponding I'(fiw).

e In the first example the environment has only a single frequency, which however, differs for the
two detector states. [(fw) = 3 (8(fiw — hwo) + 6(Hw + fwp))

(ET(1)|E4(t)) = cos(wot)
This implies that there is no decoherence.

e In the second example the spectrum of A; is continous but has a maximum value. '(w) =
31650 (w — Mo ) (hwo — hw)

el = et

There are oscillations, which however die out in time. Thus the system will be dcoherent.
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e The final example considers continuous spectrum of A-values, that smoothly falls off to zero.
M(w) = Lealmwl

1 i h?a?

END)IE(E)) = 55—

EDIED) = mmp

In example the overlap of the environment states fall of rapidly without any oscillations.

The following figure shows the decay of the matrix element (£7(t)[E*(t)) with time for the three
examples discussed above, namely cos(3t) (dashed, black), %t(t) (red), and (1 + (t/5))7 %

Temperature of the environment

Up to now we have assumed that there is a single initial state in order to show that decoherence is
not the result of any ensemble averaging.

We can, however, also extend our expressions to a thermal ensemble. We make the same as-
sumption as before, that the eigenstates of the environment are independent of the observable, while
the energy spectrum {eJ} of the environment does depend on it.

Then we consider an ensemble of environment states, which are eigenstates of the environment
Hamiltonian |ej) and which have probabilities P; = ﬁe‘ﬁﬁ. The energies shall be independent of

the observable, i.e. €; = %(e} + e}).

€@ = [ ditw) | SRS ele)Po(hw - a)| e

1

M(hw,T)

:/d(hw) ﬁzefﬁqé(ﬁw—@) elwt
L J j

I(hw,T)

If the excitation energies €; — €g are larger than kg7, decoherence is likely to disappear, because
only a single state of the environment contributes.

5.7.1 Decoherence time

The decoherence time itself can be calculated by propagating the environment state with one or the
other setting of the detector, and to monitor the overlap matrix element of the two states. The



5 DECOHERENCE 65

result should be averaged over an appropriate ensemble for the environment.

t

| PAEION =0 (IE) = e

=Y RO -D0®E)

T -
J

This is not a complete definition, but this reflects that there is not necessarily a single decoherence
time-scale.

5.8 Phase average

The average of the phases of the components of the wave functions deletes the non—diagonal ele-
ments. We define the coefficient 3 of the initial wave function to be variable by a phase e®, i.e.

B(¢) = Boe' (5.19)

The corresponding phase averaged density matrix is

1 27
ﬁphaseaveraged = %/0‘ do P(¢) = | ) dT>|a|2<T dT| + ‘ 4 di>|ﬁ‘2<~]r dl|

Thus the phase averaged is on the same level as a classical probability formulation.

The phase average is dependent on a unitary transformation of the basis. Thus, the phase average
singles out certain observables.

A phase shift can be induced by a constant potential

0 = Oe™ 1%t

where the phase shift is 6¢ = —%\/ot. An overall constant potential does not yet affect the relative
shift between different contributions of the wave function. If the potential acts differently on the
different parts of the wave function the coherence between them is destroyed.

In order to induce a shift by 27 the potential must be of order hz%r, where T is the duration for
which the potential is applied. Thus

e a potential of 1 eV induces a phase change of 27 within 1 fs.

e a potential of 1 meV induces a phase change of 2 within 1 ps.

0 = Ope= sIMCHV

This additional Hamiltonian singles out a particular basis. A detector must be constructed such that
the perturbing potential destroyes the coherence between the different eigenstates of the observable
the detector wants to measure.

Where or when does the perturbing potential act? The perturbing potential can destroy the
coherence before the interaction with the detector, in which the detector does not experience a pure
state but a statistical mixture. It can however also act after the measurement on the entangled state
of the measured system and the detector! In the latter case a physical interaction with the system to
be measured is not required, and the decoherence may be a property entirely of the detector. In this
case a coherent state enters the detector, but after the measurement the detector is in a statistical
mixture of two possibilities.

This implies that the detector must have two properties
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1. a certain interaction between the system to be measured and the detector, which changes the
detector into specified states depending on the state of the system and

2. aperturbing external interaction that destroyes the coherence between eigenstates with different
eigenvalues of the observable to be measured.

5.9 Collapse

One question, not discussed in detail is the collapse of the probability distribution. | look at this a
classical process of information gathering.

Consciousnes as detector

We can can consider our consciousness as the detector {dy, d,} in the sense of the von Neumann
chain. Even though our consciousness may be in a superposition of states, we are unable to “detect”
it, because in each case our consciousness is tied to the state of the system, if the corresponding
correlation has been done in a measurement. Two possibilities exist: either the spin is in the up state
and we believe that it is in an up state, or the spin is in the down state and we believe that it is in
a down state. In none of the cases would be observe something like a fluctuating, or smeared out
reading: Whatever we believe is right, if we gain that information from the measurement. With this
argument we might even live well with being in a superposition of states, rather than in one of two
classical possibilities. A collapse is not relevant and does not take place.

Classical probabilities

If decoherence has taken place | can stick to the subjective interpretation of probabilities as a means
to describe our state of mind, rather than reality. If we do not look at the measurement our probabili-
ties are not affected, and the future is a weighted superposition of possibilities. If we gain information
about additional information, the probability distribution collapses and the choice of future develop-
ments is restricted.



Chapter 6

Notes on the Interpretation of
Quantum Mechanics

by Tom Kirchner (tomk@yorku.ca)

In this chapter we attempt to provide an introduction to the problem of interpreting quantum
mechanics (QM), which has troubled physicists and philoshophers since the groundwork of the theory
was laid in the 1920s. Necessarily, our discussion will be incomplete and the selection of topics
subjective. The idea is to focus on some ideas put forward by physicists that solve — at least partially
— the so-called measurement problem. The buzzword associated with these ideas is decoherence.
Decoherence describes a physical process and not a philosophical concept, and this is why we think
the topic is well-suited for this course.

Let us first define our goal and ask: what shall interpretation of a physical theory mean?

1%t answer: interpretation := understanding the physical content of the theory

This seems to be a rather modest goal. Understanding in this context means to know what the
physical laws express and which phenomena they describe. It means to know, how things work —
but not why they work the way they do. In classical mechanics and electrodynamics this kind of
understanding is pretty straightforward. The basic laws (e.g. Newton's equation of motion) express
how observable quantities such as position or velocity of a particle evolve in space and time!. In QM
this is not the case. The basic quantities are manifestly abstract quantities — one cannot observe
wave functions or hermitian operators, and this why we face an interpretation problem. In order to
unravel it, it is useful to formulate a more precise answer to our question.

2"d answer: interpretation := establishing (unique) relationships between the mathematical sym-
bols of the theory and the observable data

In classical physics these relationships are more or less trivial: the basic mathematical symbols
such as the position vector of a particle r(t) are directly observable?. But we would like to discuss
QM! To set the stage for this discussion let us briefly review the mathematical symbols of the theory.

1Actually, things are somewhat less obvious in electrodynamics than in mechanics, since the electromagnetic field
is not really an obserable quantity, but a theoretical concept. It is, however, directly related to observable quantities,
i.e., to the effects of forces on charged particles.

2Again, electrodynamics is somewhat less trivial than mechanics: Maxwell's field equations can be rewritten as
differential equations for the scalar and vector potentials, which are not observable. However, their relationships to
(almost) observable quantities — the components of the electromagnetic field — are well defined and clear cut.

67
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6.1 Brief Review of the Mathematical Symbols of Quantum Me-
chanics

The basic quantities of QM are state vectors and operators. Their fundamental properties and
relations are usually collected in a set of postulates, which we repeat here without much comment
and in a somewhat unusual way that suits our needs.

(i) States are characterized by Hilbert space vectors: |[V) € H.
(i) A (hermitian) operator A mediates a linear map between state vectors: |®) = AjW) € #.

(iii) There are fundamental commutation relations between the fundamental operators, e.g., [X;, ;] =
ihdjj .

(iv) The dynamics of a quantum system is governed by the Schrodinger equation

m% (W(t)) = A(t) |W(t))
(W (o)) = [Wo) .

The mathematical structure of QM is determined by (i)-(iv). Apparently, it is a rather abstract
theory, and its relation to observations is far from obvious. The theory can be made more explicit by
applying representation theory, e.g., we can use the position (real space) representation:

X = X
no
I 0x;

W) — (W) = u(r)

The Schrodinger equation for a one-particle system then reads

ind, W(r, t) = (—;A FV(r) W(r. t).

Instead of state vectors and abstract operators we are now dealing with wave functions, differential
operators, and partial differential equations. This looks much more familiar and suggests that QM
can be interpreted as a classical field theory for matter waves. It was Schrodinger’s original hope that
this interpretation would prevail, but it did not. In fact, it is untenable for several reasons:

1) Matter waves disperse in the vacuum.
2) The wave concept alone cannot describe the double-slit experiment.

3) It is not clear what kind of matter wave is associated with the wave function of an N-particle
state.
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6.2 The Standard Interpretation Rules (“Copenhagen")

If the classical wave interpretation is untenable the relationships between the mathematical symbols
of QM and the observable quantities must be very different from those of classical physics. A set
of rules was introduced by Bohr, Heisenberg, and Pauli soon after QM had been discovered. The
three thinkers often met in Copenhagen, which is why this interpretation is called the Copenhagen
interpretation®.

(i) The spectrum of real eigenvalues a,, of a hermitian operator Ais the set of the possible outcomes
of measurements of the corresponding observable.

(ii) Expectation values are given by

~

<A> = (VIAV)
= (V]ap)(anl Alaw)(an|V)

n,n

= [(W|a)? an

if(Uw) = 1.
(iii) The probability to measure the value a, is given by

W = [(W]an)]*.
(iv) The result of an individual measurement is not determined.

Statements (iii) and (iv) comprise the probabilistic interpretation of QM, which was first sug-
gested by Max Born in 1926*. He was awarded the Nobel prize for it in 1954.

(v) Reduction (“collapse") of the wave function:

measure A measure A

find am

\2 lam) lam)

Whereas (iii) and (iv) concern the question what can be known before a measurement takes
place, this statement concerns the question what happens in a measurement and what is known
about the system afterwards.

These rules have been criticized and challenged in several respects. We mention two areas of concern:

(i) A farewell to determinism or: is QM incomplete?
(e.g. Einstein, Podolsky, Rosen 1935 (EPR) [2])
Rules (i) to (iii) are more or less accepted, but rule (iv) is not. It is claimed that the unpre-
dictability of the outcome of an individual measurement is not a fundamental fact, but a sign
of the incompleteness of the theory. It is assumed that so-called hidden variables exist that
would eliminate the unpredictabiltiy if they were uncovered.
However, John v. Neumann had presented a proof in 1932 that excluded the existence of

3|t was often pointed out later on that Bohr's, Heisenberg’s, and Pauli’s viewpoints were similar, but not identical
and also changed over time. However, we will not dwell on such subleties.

4in a footnote of an article entitled Zur Quantenmechanik der StoBvorgange [1]: "Genauere Uberlegung zeigt, dass
die Wahrscheinlichkeit dem Quadrat der GroRe (...) proportional ist”. Born understood very well that this interpretation
opened a Pandora’s box. In the same article he wrote: "Hier erhebt sich die ganze Problematik des Determinismus.
(...) Ich selber neige dazu, die Determiniertheit in der atomaren Welt aufzugeben. Aber das ist eine philosophische
Frage, fiir die physikalische Argumente nicht allein maBgebend sind.”
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hidden vaiables [3]. Nevertheless, the discussion went on, and new suggestions were made by
D. Bohm in 1952 [4]. It was John Bell who showed that v. Neumann's assumptions were too
restricted [5]. His investigations led to the celebrated Bell's inequalities [6], which provided
a testable criterion for hidden variables versus standard QM. Subsequently, experiments were
performed, most notably by A. Aspect et al. in 1982 [7]. All of these experiments have been in
favor of standard QM, but have not ended the discussion on hidden variables to the present date.

We will not dwell on this issue, but elaborate on a second critique, whose starting point is the
question:

(i) What is the nature of the collapse?
The problem with the collapse is that it comes as an ad-hoc assumption. It is not properly
formulated in terms of a fundamental equation that tells us what causes it and when exactly
it takes place. To make it worse, one can show that it contradicts the fundamental dynamical
law of QM: the Schrodinger equation! In other words: the rule that pretends to interpret QM
violates the theory!

6.3 Elementary Measurement Theory

It is not difficult to see that the collapse postulate contradicts the Schrodinger equation. The latter

is a linear map of a state vector

W(to)) MGy (py)

= a|Vi(t)) +B|Va(te)) — a|Wi(t)) +B|Va(1)).

The collapse is also a map

measure A

%)
find a,

but it is not linear as illustrated by the following example. We assume that measurements of the

observable A on the the states |W;) and |W5) produce different results

V) lam),

measure A
Vi) ——— |a1)

measure A
(Vo) ———= |a).

Now we consider as a third (legitimate) state a linear combination of |W1) and |W5). If the collapse
were a linear map a measurement of A would proceed according to

W) = aWy) 4+ B|Wo) T la) + Blay).

But this is not what will be found! Instead of a linear combination of eigenvalues a measurement on
|W) will yield one of the eigenvalues of A, i.e.,

measure A
V) = a|V1) +B|V,) =" ay).

Bohr was — of course — well aware of this problem. His answer went like this: Measurements

take place in the macroscopic world even if the objects considered are elements of the microworld.

Accordingly, one has to distinguish classical and quantum worlds, for the laws that govern them
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are different. The reduction of the wave function is the bridge between both worlds and cannot be
described with the laws of either one of the two worlds. In other words: it makes no sense to try to
reconcile the collapse with the Schrodinger equation.

macro objects
(measuring apparatus)

|
micro objects collapse rul>e

[
Quantum Physics I Classical Physics

bouhdary

Fig. 6.1: The world according to Bohr

This directive is problematic for several reasons:

e It provokes (but does not answer) the question where the border between both worlds is lo-
cated. In view of (almost) macroscopic quantum phenomena, such as interfering buckyballs
this question has become more pressing in recent years.

e According to Bohr quantum theory is not universal. While this was acceptable when it was first
introduced most contemporary physicists would insist on its universality.

e One might wonder whether the use of two different languages — one for the quantum system
and one for the measuring device and the actual measurement — causes logical problems®.

We will take a different (i.e., John v. Neumann's) point of view in the following. We will assume
that QM is universal and therefore also applicable to the interaction of a (macroscopic) measuring
device and a (microscopic) quantum system. This is to say, we will assume that the act of measuring
can be expressed by a Schrodinger equation. Due to the linearity of the latter this will lead to a
contradiction with the collapse rule. We will analyze this contradiction in some detail, because this
leads to new insights.

So, here is our program:

e Investigate the Schrodinger equation for the measurement process

e Learn from the juxtaposition of its result with the collapse.

6.3.1 von Neumann’'s Model

Let us consider a quantum system @ and a measuring device M. Both are to be described by
quantum mechanics. A measurement is therefore an interaction between Q and M. The state that
characterizes Q is a Hilbert space vector |¢) € Hg, and the state that characterizes M is a Hilbert
space vector |p) € Haq. The state of the composite system QM is an element of the product space
Hom =Ho @ Hm.

Before the interaction between @ and M (t < 0) the total Hamiltonian consists of two parts

5Bohr countered this concern with the introduction of complementarity.
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gquantum system Q Interaction measuring apparatus M
A A
WeHg 5 He [T = ®eHy ; Hy
A
Alap)=la,) a,

HOM: HO®HM

Fig. 6.2: Composite system of a quantum system and a measuring device

F/EF/OZ/:/Q+/:/M (61)
associated with both subsystems®. The state of the noninteracting system is a product state

Ix0) = [¥o) I¢o)- (6.2)

Let us now consider a few scenarios.

Q]

We assume that before the interaction @ is in an eigenstate of the obserable A we wish to measure

[Yo) = |a1) (6.3a)
Alar) = ala) (6.3b)
[Aq, Al = 0. (6.3¢)

Because of the commutator A is a constant of motion.

The measuring device shall be described by one degree of freedom representing the position of a
pointer on a ruler

pointer

< o

Fig. 6.3: |¢o) <> pointer position xp =0

6Actually one should write Hp = Ho ® 1y + 10 ® Aum.
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|po) = |xm = 0) (6.4)
Xm | o) =0 (6.5)
[Am, fm] = 0. (6.6)

The interaction between @ and M is expressed by a (potential) operator in the total Hamiltonian at
times t > 0:
H = Hy+ V(t) (6.7)
V(t)#0fir 0<t<eg.

"[he time development of the system QM is described by the Schrb’dir)ger equation for the Hamiltonian
H. Equivalently, we can express it by using the evolution operator U:

Ix(t)) = 0(t,0) |x(0))

= U(t,0) [4o) |¢o) (6.8)
d - N
with /ﬁa U(t,0) = H(t) U(t,0). (6.9)
To proceed we need an ansatz for the interaction V:
V(t)=g(t) pm A (6.10a)
with  [Ry, Pum] = ih. (6.10b)

If € is small and the interaction is strong we can approximate the evolution operator according to

U (e, 0) = exp (—f; /OE /:/(t)dt) (6.11)

. £
= exp {—;_7 (/90 €+ Pum AA/ g(t)dt)}
0
i -
~ —=Xpm Al ,
€Xp { A Pm ]
where we have defined the amplification function X in the last step

>\:/O g(t)dt. (6.12)

> ®) = o0 (3% pud ) ) s =)

I R
= {exp (—ﬁk a PM> Ixm = 0>} |a1) (6.13)
translation by A a;
= |xm = Aay) |a1) (6.14)

After the measurement the state is still a product state. The state of @ is unchanged, but the
pointer of the apparatus has moved from the position 0 to the position Aa;’. For a fixed (and
known) amplification function the new pointer position characterizes the measured eigenvalue of Q.
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This is exactly what a measurement should do. There is no problem in this case.

pointer
<<t =
| T T -
0 A A3 Aaz Xy

Fig. 6.4: The final state of the apparatus

Now we choose a different initial condition for Q

[Yo) = c1 |a1) + ¢ |az).

Applying the same arguments we find

(0 ~ o0 (7 wA ) Ivol oo

ala) [xm =X a1) + @ &) [xpu =X a2)

entangled state

i . i R
a |a1) exp <_h>\ a pM) |xp = 0) + ¢ |a2) exp (—hA an pM) |xy = 0)

(6.15)

(6.16)

Obviously, this result cannot be associated with a unique pointer position. However, an actual mea-
surement does produce a well-defined pointer position. Hence, we face a problem: a contradiction
between the QM description of the measurement process and experience (and the collapse rule).

Discussion

(i)

(iii)

Let us apply the collapse rule to our scenarios.

Case 1:  |o) = |a1) 2, |a1) "certain measurement"

Case 2: |o) i) la1) or |az)

Case 1 produces the same result, but case 2 does not. The (linear) Schrodinger equation does
not yield distinguishable alternatives (simple product states), but a superposition of product

states.

According to the QM description of the measurement the superposition in the initial state of Q
is transferred to the apparatus. The final state (6.16) of QM is called an entangled state. It
is associated with macroscopic interferences of two different pointer positions — an untenable

situation!

One might hope that a further measurement of the system QM conducted by a 'super appa-
ratus’ can remedy the situation, but this is not the case. The same scheme applies to further
measurements such that the superposition is transferred to the super apparatus and so on and

so forth. This hopeless situation is called v. Neumann's chain.

X must be large so that the new position of the pointer is macroscopically distinguishable from its initial position.
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(iv) To escape from his infinite chain v. Neumann resorted to a rather weird idea: he proposed that
it is the consciousness of the observer that breaks the chain, i.e., he transferred the collapse
into the human brain. Interestingly enough this idea was developed further by others, but it
seems incredible today, because experimental data are now 'read’ by computers and not by
human beings.

(v) From a more pragmatic point of view one might think that the problem has been overrated
and the entangled state (6.16) can be interpreted as signifying unique relations between the
eigenvalues of @ and pointer positions. Aren't these relations similar to classical alternatives
when one throws a coin? A variation of our case 2 shows that the situation is much more
serious.

1

To be more specific let us assume that @ is a spin 5 particle. Then we can write for the initial
(superposition) state

[Yo) = a1l 1) + 2| ).

If we repeat the argument we find the following:

t <0 measurementt>¢

Ix0) = [%0)[do) — IX) =ci [ 1) [dr) +ca | d) |dy)-

We pick a special situation: ¢; = —¢, = %
1
= |x)= NG (1D [or) —14) 1o0) - (6.17)

The state of @ can be represented in a different basis. For instance, we can consider the following
transformation of basis states

0)= (1 +11)
6.18
=L 0n-14). (6:18)
Let us also transform the states of the apparatus:
1% = 5 (I61) — I¢1))
6.19
8 = 5 (60 +161)). (619
It is straightforward to show that the state (6.17) of QM can also be written as
_ 1 1, _ 0
x) = 7 (11) 1¢*) —10) [6%) - (6.20)

To interpret this result let us assume that | 1), | |) are eigenstates of §, (for ms = ig). The
well-known matrix representations of different components of the spin operator are

[5)
(1)

=X

h
2
n
2
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Accordingly
R nl{o1 o n-L h
V2 2
R nlo1 4 -~ h
/2 2

This shows that |0), |1) are eigenstates of §, (for mg = j:g), and it indicates that the pragmatic
point of view does not lead us out of the dark. If we resort to it we can interpret |x) either as the
result of a measurement of the z-component of the spin or a measurement of the x-component. In
other words: not even the the two sides of the medal (the alternatives) are well-defined. Without

collapse we are still in the land of ignorance and uncertainty!

6.3.2 Density Operators

To proceed it is useful to introduce/recall the concept of density operators.

Pure States

Let us consider a quantum system described by a state vector |W) and a Schrodinger equation

d -
h— |V =H |V
i 1W(1) = A [W(2))
Definition: density operator

o(t) = [W(e)(w(t)|

(W)W ()] — W) (W(t)IA

(von Neumann equation)

o= (ih;thll(t))) (W(t) = [w(t)) (—/hiﬁv(t)I)
A

(6.21)

(6.22)

One can formulate QM in terms of the density operator instead of the state vector. For instance:

e Expectation values
(A) = (WIAW)
= " (Wlay) a, (an|V)
= ian (an[ W) (W]a,)
= ian (anl@lan)
= i<an|éﬁan>

=Tr (6A) = Tr (Ap)

(6.23)
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e Transition probabilities

Wy = [(@n|W)|? = (W]an)(a,|W)
= (V[P W)
= Tr (Pr0) (6.24)
Mixed States

The concept of density operators becomes particularly useful when mixed states are considered.
Mixed states are associated with incomplete information about the system, i.e., all we know is
that the system is in one of the pure states |Wx) € H with the associated probabilities py > 0
8 In statistical mechanics one says that all these states characterize the same “macro state", but
correspond to different “micro states". The whole set {|W)} is called an ensemble.

Again we can consider expectation values: they are the mean values of the ensemble

(A =" pe (A
= zk: P (Wil AW y)
— zk:pk (Wilan) an (an|Wk)
- ian <an|2k:wk> Pr (Wi |an)

= Z an (anl0lan) = Z<an|A@|an>
=Tr(eA) =Tr(Ap).

Here we have defined the density operator for mixed states according to

0= IWk) p (Wil. (6.25)
k

Remarks:
(i) Transition probabilities: w, = Tr (P,8) (same as for pure states)
(il) v. Neumann equation is unchanged (note that p, = 0)
(iii) The density operator for a pure state is recovered if: py = 1 for k = kg ; p, = 0 otherwise

(iv) Entropy

S := —kg{Inp) (6.26)
= —kg (0 Inp)

>0 else

{zo if 0= [w)(v]

Swith Yo pk =1
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< pure states contain more information than mixed states.

Density Operators for Entangled States

We apply the density operator concept to the entangled state (6.16), which is a pure state:

0= x) (x|
= (a1 |a1) |¢1) + @2 [a2) |#2)) (cf (a1] (P1] + &5 (@] (¢2])
= |al? |a1)|d) (al{¢1] + |c2l? |a2)|d2) (azl (2]
+c1 6 |a1)|d1) (a2l{da] + ¢f 2 |a2)|@2) (a1l{(¢]

=" omnlam)|dm) (anl(dnl

The associated density matrix is given by

0= (omn) = <|C12 “ CE) . (6.27)

o o |l

The latter equation suggests the following interpretation: the diagonal elements of g are probabilities,

while the nondiagonal elements are manifestations of the entanglement (sometimgs called quantum
correlations). If we had to deal with a density matrix without nondiagonal elements we could interpret

it in a classical way:
o = lai]? 0
= 0 |cf?

characterizes a system, which is found in the state |a;) |¢1) with the probability |c;|?, and in the state
|ao) |¢2) with the probability |c|?. Here we have classical correlations, i.e., unique relations between
the states of the quantum system and the apparatus. This becomes more apparant if we consider
the associated density operator

0g = |cil? |a)(ar| 1) (1] + |cal? |a2)(aa] [d2) (o]
=3 prlxi) (xkl- (6.28)

k

It has the form of a density operator for mixed states. We can conclude that mixed states define
classical alternatives as possible outcomes of measurements. It would be nice if we had to deal only
with density operators of this type, in which the worrisome quantum correlations between microscopic
quantum systems and macroscopic measuring devices are absent. So, let us ask: Can we somehow
Justify the transition § — 94 for a measurement process?

6.4 Decoherence

Yes, we can! The desired transition is provided by the physical mechanism of decoherence. It is
based on an almost trivial insight:

Physical systems are never isolated, but couple to their environment. For macroscopic
systems (measuring devices in particular) these couplings cannot be neglected.
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M

Measuring
apparatus

U

Environment

Q

Quantum system

Interaction

Fig. 6.5: Composite system including the environment

6.4.1 Basic Ildea

We assume that the coupling to the environment U is described in the same way as the interaction
between the quantum system @ and the measuring apparatus M. Let us start with the entangled
state (6.16) for the composite system QM and a state |Up) € Hy that characterizes U before the
coupling

V) = |x) |Uo) = (c1 |a1) |¢1) + c2 |a2) |#2)) [Uo)
S
Ho @ Hm @ Hy
coupling
—— a la1) [¢1) |U1) + 2 |a2) [¢2) |Ua). (6.29)
We have just gone one step further in v. Neumann's chain and have obtained a state, in which the
quantum system, the apparatus, and the environment are entangled — not really an improvement!
But now comes the crucial® argument that goes like this: the states |U;), |Us) of the environment
are neither measured nor controlled. Rather, we want to make a statement about the subsystem
QM. Formally, this means that we have to integrate over the unobserved degrees of freedom of U,
i.e., we have to consider the trace of the density operator of QMU

~loc

oom:=Tr, 0

= Z<U1|W> (VU

=D (Ul [1U2) cr @) [6n) +1U2) @2 |22) [9) ]

1

x [ e (al (@] (Uil + &5 (aaf (b2 (U] ]1U)).

If the states of the environment are mutually orthogonal and normalized, i.e., (U;|U;) = d;; the "local
density operator" for the subsystem QM reduces to

050 = (a1 lar) 1¢1) ) (¢ (a1l (¢1] ) + (2 |a2) [2) ) (5 (aal (92 )
= lal Ix1)al + el Ix2) (x|
= Z Pr Xk (Xk|- (6.30)
K

Thus, we have obtained a density operator of the desired form without quantum correlations! The
prescription "coupling to the environment + tracing out the environmental degrees of freedom" is
what is called decoherence.

9or magic
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6.4.2 Discussion

So far we have demonstrated the decoherence mechanism only for a specific example. Let us now
make the discussion a bit more general.

More General Discussion of the Measurement Process

e A general “von Neumann operator" can be defined by
V(1) =g(t) > lanan @ Of. (6.31)
n

Our previous example fits into this definition:

V(t)=g(t) Apu=9(t) Y lan)(an| @O}

n
with A
O/(\;) = dan ﬁM~

e Time development (in symbolic notation'?)

(Z Cn |a,,)> bo) = ch lan) |®n) (6.32a)

n

with  [@,) = exp (—,; A O;;)) |bo) (6.32b)

€
and A:/ g(t) dt
0

Density operator of QM
éQM = Z |an>|¢n> Cn C:;, <am|<¢m‘ (6-32C)
nm

Coupling to the environment

<Z Ch |an>|¢n>> |Uo) i> Z Cn |an)|@n) [Un) (6.33)

n n

e Density operator of QMU
Oomu = Z |an)[dn) |Un) Cn Cm (@m[{(Pm|(Un (6.34)
mn \\,-/

matrix elements o,

Reduced (local) density operator for QM

Al N
05w = Tru bomu

= (UkldomulUs)
P

= Z (UlUn) (UmlUk)|an) |@n) ¢ crlam|{dml

mnk

= Z |an) 10n) ((UmlUn) cn ¢y (am|{Pml) (6.35)

10which can easily be made explicit by approximating the time-evolution operator as in Sec. 6.3.1.
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I (UU;) = 6"

055 = lan) [®n) |cal® (anl(n]. (6.36)

n

This operator is of the same form as (6.30).

Preliminary Remarks Concerning Interpretation

The physical mechanism of decoherence, i.e., the scheme indicated above is generally accepted.
However, there are different points of views how it has to be interpreted. Here are a few statements
(without deeper analysis):

The interference terms (nondiagonal elements of the density operator) are “locally destroyed",
i.e., they are not accessible in local observations of QM.

The "preferred basis" into which the system decoheres are determined by the nature of the
coupling to the environment.

Let us consider the entropy of the system QM:

Som = —kg (Indgm) =0

I
S > 0.
There is an apparent loss of information through decoherence.

@g’,‘\j, does not characterize a real ensemble, but a so-called improper mixture. This is evidenced
by the fact that @’(5’,‘\"4 does not obey a v. Neumann equation. Rather, it corresponds to an
“open" quantum system that is governed by a so-called Master equation.

The problem of macroscopic intereferences is solved (eliminated) by decoherence. But still,
the local density operator does not tell us which of the 'classical’ alternatives will be observed
in an actual measurement, i.e., the indeterminism of QM is still there. Different authors favor
different 'solutions’. The two most prominent ones are

N collapse
B ———  law) o) (al(eu

R many worlds
615, A WU, 1ay) Igy) (arl(gn| world 1

laz) |d2) (ax]{d2| world 2

In both cases a given observer (in a given world) will measure one and only one alternative. This
implies that finally there is a gain of information (since the measured alternative corresponds
to a pure state).

Schrodinger’s Cat llluminated by Decoherence

The fate of the hapless cat [8] is (partly) determined by decoherence. The total system consisting of
the radioactive substance (Q), the apparatus (M), and the cat (C) forms an entangled state. After
one hour (when the probability that one of the atoms has decayed and triggered the apparatus is
0.5) the state is given by

Ixxame) = %( 11) [61) Jalive) + [0) [go) |dead))

11 This means that the environmental states are able to discriminate the states of QM.



82 6 NOTES ON THE INTERPRETATION OF QUANTUM MECHANICS

“Eine Katze wird in eine Stahlkammer gesperrt,
zusammen mit folgender Hollenmaschine (...):
in einem Geigerschen Zahlrohr befindet sich eine
winzige Menge radioaktiver Substanz, so wenig,
dass im Lauf einer Stunde vielleicht eines von
diesen Atomen zerfdllt, ebenso wahrscheinlich
aber auch keines; geschieht es, so spricht das
Zahlrohr an und betdtigt ber ein Relais ein
Hammerchen, das ein Kolbchen mit Blausaure
zertrimmert. (...) Die W-Funktion des ganzen
Systems wiirde das so zum Ausdruck bringen,
dass in ihr die lebende und die tote Katze zu gle-
ichen Teilen gemischt und verschmiert sind.”
Schrodinger 1935

Fig. 6.6: Schrodinger's 'burleskes Gedankenexperiment’ in his own words.  Translation of
Schrédinger’s text [8] by J.D. Trimmer, published in The Proceedings of the American Philosophical
Society 124, p.323 (1980): “A cat is penned up in a steel chamber, along with the following device
(which must be secured against direct interference by the cat): in a Geiger counter there is a tiny
bit of radioactive substance, so small, that perhaps in the course of the hour one of the atoms
decays, but also, with equal probability, perhaps none; if it happens, the counter tube discharges
and through a relay releases a hammer which shatters a small flask of hydrocyanic acid. If one has
left this entire system to itself for an hour, one would say that the cat still lives if meanwhile no
atom has decayed. The psi-function of the entire system would express this by having in it the living
and dead cat (pardon the expression) mixed or smeared out in equal parts.” (Picture taken from
http://en.wikipedia.org/wiki/File:Schrodingers_cat.svg)

1
GecONCIENCE, gistic = 5 [ 11) 191) [alive) (1] (@xl(alivel +[0) Igo) Ideac) (O] (@ol(dead]

= classical alternatives!
That is to say: there are no cats in superposition states!

Universality of Decoherence

The fact that systems couple to the environment is, of course, not restricted to measuring devices, but
of a very general nature. Thus, decoherence also occurs without measurements. It is an ubiquitous
process. Accordingly, we can leave out the apparatus and consider a quantum system Q that couples
to the environment U

Q U

Quantum system Environment

interaction

Fig. 6.7: Decoherence without measurements
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n n

(Z%w>w52mmw

fqu = Z lan) |Un) cn Cpy (@ml| (Unml

mn

EA)IQOC =Tr, bqu = Z lan) ((UmlUn) cn ¢ ) (aml (6.37)

if (UnlUn) = 0mn
= QIC?C = Z |an) [cal® (anl.

n
This implies that the Schrodinger (or v. Neumann) equation never suffices to describe the dynamics of
a quantum system. However, there are well-known cases, where this is obviously the case, otherwise
one would never observe quantum interferences like in the double-slit experiment. This poses the
question about the nature and the strength of the coupling to the environment. In other words: what
can we say about the quantitative aspects of decoherence?

6.4.3 Decoherence Through Scattering Processes

Let us consider an important (may be the most important) decoherence mechanism: decoherence
through scattering processes. All physical systems are exposed to them. For instance, we would not
see anything if there were no photons which scatter from the objects. Also air molecules scatter from
objects in the atmosphere or on the surface of the earth. Even the cosmic background radiation has
to be taken into account.

Let us outline a simplified description of these ubiquitous scattering process!?. The state of a
quantum system @ can be written as

wwa/mvwwﬂszmvw%

That is, we choose the real space representation, because scattering processes are local in space.
Now we consider one particle (which can also be a photon) as environment U. lIts state is denoted
by |¢) . According to our general scheme we have

/&wmmwlffwmmm.

The scattered particle is not observed. Hence, we have to trace out its degrees of freedom and
obtain

= [ [ 10 C6elo0 v(r) $ @)
Apparently, the density matrix elements are
a5 (r.r') = (orldr) ()Y (r).

To proceed one has to analyze the scattering process. This can be done by standard methods of
quantum scattering theory. The result has the following form

0 if [r—r|>>Xg

6.38
1—-0(r—r?) if|r—r|<< g, (6.38)

<¢r’ M)r) = {

12All relevant details can be found in chapter 3 of [9].
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where A\g = g is the de Broglie wavelength of the scattered particle. In the first case a single

scattering process can resolve the distance |r — /|, i.e., the two positions r and r’ are discriminated
and complete decoherence occurs. In the second case the coherence is only damped. Depending on
the wavelength the damping might be very small and the decoherence very inefficient. However, in
reality an object is not only exposed to one but to many (N) scattering processes. Then the damping
factor can be shown to be of the form

<¢r’|¢r> N m exp (_/\ t ‘r_ r/‘2)

where
Nv L
A =k? gorr — localization rate
Vv
2T .
k= ~ wave number of the scattered particle

Nv . .
a current density of the scattered particles

oerr effective total scattering cross section

A determines how quickly the interferences between different positions are destroyed. Equivalently,
one can define a coherence length according to

I(t) =

S
— cm
VAt
such that the density matrix elements take the form

2
83 (r.r' 1) = Y(r)Y*(r') exp [_V/%;)l}

|
Ir — r’|1

e5°(r.r' 1) = dq(r.r') exp [ 12(t) (6.39)

Discussion

(i)
I(t)y — 0 7
A detailed analysis shows that /(t — o0) ~ x/#ﬂ =B
“All macroscopic objects are localized to their thermal de Broglie wavelength."
For example, for a dust particle at T = 300 K: A8 ~ 10~ 14cm.
For an electron in the ground state of the hydrogen atom Afh ~ 10~8cm.

(i) Some explicit numbers [9]:

a=103%cm a=10%cm a=10%cm
dust particle  dust particle  large molecule

Cosmic background radiation 10° (a) 107° 10712 (d)
300 K photons 1010 1012 106
Sunlight (on earth) 10 107 1013
Air molecules 1036 10%2 1030

Laboratory vacuum (103 particles/cm3) | 10%® (b) 100 1017 (c)
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(a) localized to a with 1 s

(b) localized to a with 10717 s
(c) localized to a with 107° s

(d) localized to a with 10%* s

(iii) As mentioned above the equation of motion for @’gc has the form of a Master equation:

N 0
: Aloc . N Al )
’ha&gc = [H internal- 85°] + 5956 ‘scattermg
The form of the last term can be deduced from a formal discussion of open quantum systems
or is modelled. The internal dynamics, expressed by the commutator, may lead to a spread-
ing of the wave packet, but this spreading is counteracted by the (typically much stronger)
decoherence effect.

(iv) One can conclude that the decoherence effect is responsible for the locality of macroscopic
objects. Locality is not a property of these objects, but is produced by the interaction with the
environment. This is a stunning and beautiful result. Classicality (i.e. locality) is not something
that is forced upon objects if they exceed a certain magnitude, but it is a consequence of a
fundamental quantum mechanical property — entanglement. Note that this is in striking
contrast to Bohr's point of view. However, it is an open (and controversial) question whether
all classical concepts can be explained by environment-induced decoherence.

(v) As an aside one can also conclude that objects appear localized in position space (and not in
momentum space), because the responsible interactions (scattering processes) are mediated
by local potentials.

(vi) There are convincing experimental evidences for environment-induced decoherence, e.g. [10,
11].

6.5 Concluding Remarks

We have only touched upon the interpretational problems of quantum mechanics. As mentioned
at the beginning of this chapter there are many more issues that can be discussed and have been
discussed under this headline. Our main objective has been to analyze the measurement process
and discuss the experimentally confirmed mechanism of decoherence to some extent. Decoherence
solves at least some of the mysteries of quantum mechanics, in particular the (usual) absence of
interference effects in macroscopic systems.

Still, there are open questions that will keep physicists and philosophers (and others) busy for
some time to come. For instance, how come that only one of the classical alternatives that the
theory predicts is realized as the outcome of a quantum measurement? |s this accomplished by a
(still mysterious) collapse, or are all possible outcomes realized — each one in its own world?
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Chapter 7

Irreversible Thermodynamics

Irreversible thermodynamics tries to extend equilibrium thermodynamics to non-equilibrium systems.
The laws of irreversible thermodynamics are abundant. Examples are the heat equation, which relates
the heat flux to a temperature gradient, Fick's law, which relates particle diffusion to a concentration
gradient, or Ohm's law, which relates an electric current to a gradient of the electric potential.

The idea behind irreversible thermodynamics is the the growth of entropy drives thermodynamic
processes. This allows us to describe the approach to equilibrium. Instead of studying discrete
systems as in equilibrium thermodynamics, we now deal with the densities of the extensive variables.

7.1 Basic assumption

In irreversible thermodynamics we assume that the system is close to thermodynamic equilibrium,
that is we assume that it is locally in equilibrium. Specifically we assume that the local value of the
entropy as function of the extensive properties is the same as in thermal equilibrium. This implies
that we can define local values for the intensive variables.

The second assumption is that the dynamics of the system is only determined by the current
state and not the past. We say that the dynamics is a Markov process.

7.2 Rate of entropy production

In order to describe the driving force for irreversible processes, the entropy production, we need to
investigate the rate of growth of the entropy.

First we define a entropy density
1
= lim =S(peV,{pxV
\/@o V; (PeVi{pkV})
where S(E, {Xk}) is the entropy depending on internal energy and other extensive parameters. For an

ideal gas we would simply use the Sackur-Tetrode equation. The energy density pg and the densities
or of the other extensive variables X are defined as

s(pe, {pk})

T =

pe(r) \Q\—Jor;nfesz 9]
X

pc(F) = lim -

| 2k
|Q|—0; Feq |Q]

where E and X are the energy and the other extensive variables within the volume Q. As usual we
consider a sequence of regions £ with increasingly smaller maximum diameter, that all include the
point 7.
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Let us consider the rate of entropy production in a volume V
ds d Os . Os .
d3r s Br | =—pe+ > —
FTanlrT: (oe {ok}) = /V <apEpE Zk: 90,
Now we exploit that the extensive variables are conserved quantities and use their conservation

laws

pe+Vije=0
P+ Vik=0

WherefE is the energy current density andfk are the current densities of the other extensive variables.
We obtain

ds 3 S = .
E = _/\/d (VJE—FZank)

=ys
We define the entropy-current density

—»defas—» Z 0s - 1—.* fk—»

Js= Btk = ?Jk (7.2)

We have used the fundamental relation dU = TdS+Zk frd X, which we have rewritten in the form

_ 1 _ T Os _ 9S _ 1 Os _ 0S5 _ _ fk
dS = +dU — >, #dXx, so that 5r = 50 = and e =k =T

The first term in Eq. 7.1 can be mapped on a surface integral
/ d*rvjs=¢ dAjs
v av

and thus describes the flux of entropy through the surface 8V out of the volume. If the volume
extends over all space, the surface integral vanishes!, and thus does not contribute to the over-all
entropy production.

Thus, we obtain for the entropy density s(7, t), defined by S(t) = [, d*r s(7, t),

Bs(F, t)
ot

0s v 85
+Vjs(F. 1) —JEV— + Z 3.
7
_JEV* - ijvfk (7.3)

where the term of the right hand describes the source density of the entropy. The entropy is not
conserved and thus can be spontaneously created. The driving force towards thermodynamical equi-
librium is the source density of the entropy.

We call
- 0s -1
- 0s —»fk
Fi = —V—apk =V (7.5)

1The surface integral over an infinite volume vanishes only if the integrands vanish at infinity, which is implicitly
assumed in this argument. The argument can fail if this is not the case. An example are infinitely extended systems.
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the affinities. The affinities are the gradients of the Lagrange multipliers. The relation to the
intensive variables is done using the fundamental relation Eq. ??7. We can easily see that the entropy
production vanishes, when the intensive variables are spatially constant. By the way, we are lead here
to a definition of spatially dependent Lagrange multipliers.

With this definition the source density of the entropy is

JeFe+ Y ke
P

7.3 Transport coefficients

We identified the driving forces towards thermal equilibrium, but we do not have a handle on describing
the rates for the individual processes. Hence we make an empirical Ansatz, which leads to parameters
that must be specified by experiments.

Ji=>_LiF (7.6)
J

where the parameters L;; are the kinetic coefficients. Note, that the energy is treated like any
other extensive variable, so that the indices /,j may also refer to the energy. The kinetic coefficients
depend on the values of the intensive variables and their gradients. The above equation can be seen
as the first term of a Taylor series of J; in the affinities.

Examples for kinetic coefficients are(Editor: The examples are copied blindly and is probably
not correct.)

e thermal conductivity
je=kVT = —/{7’26l
JE = = T

e Ohm's law relates the current to the voltage | = %U, where [ is the electric current, R is the
resistance and U is the voltage. In differential form Ohm’s law has the form j; = oV ®, where
Jg is the electric current density, o is the electric conductivity and @ is the electric potential.

e Fick's law relates the current j of some species with the gradient of its density p by j = —DVp,
where D is the diffusion constant.

7.4 Onsager’s Reciprocity Theorem

The kinetic coefficients are not all independent. Onsager's theorem? states that
Lij(B) = L;i(~B)

The kinetic coefficients need not depend on the magnetic field. If they do not the equation is simply
that the transport coefficients are symmetric. Onsager’s theorem is based on time-translation and
time-inversion symmetry of the underlying equations of motion. We included the dependence on the
magnetic field, because the latter changes sign upon time inversion.

Consider the correlation of two fluctuations at different times:
def
(OXi(£)6X (¢ ) E((Xi(1) = XNXi(E) = (X)) )

2Lars Onsager. Norwegian Chemist 1903-??. Nobel price in Chemistry 1968. Professor of Theoretical Chemistry
at Yale University, USA.
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If we consider time translation symmetry, we can set one of the time arguments to zero. Time
inversion symmetry then requires

(6Xi(0)6X;(t)) = (6Xi(0)6X;(—1))
Exploiting time translation symmetry, we obtain

(6Xi(0)0X;(t)) = (6Xi(0)8X;(—t)) = (6Xi(£)dX;(0)) = (6X;(0)6Xi(t))
5X;(t) — 6X;(0) 5X(t) — 6X:(0)

(6X;(0) .

t—0

=20 (5X:(0)6X;(0)) = (6X;(0)6X;(0))
= (0X > LjdFk) = (0X; > Lix0F)
k k

) = (6X;(0) )

=Y Likl0XidFi) = > Lik(6X;0F)
k k

As we will show later(Editor: This is not yet shown in the section about Fluctuations!) , the
correlations are

<5X,5FJ> = —k55,'yj
so that we obtain

Lj'j == LI,J

7.4.1 A more convenient form

Let us now cast the currents in a more physical form: We use Eq. 7.2 to express the energy current
density by the current densities of entropy and the other extensive variables.

- Egq. 7.2 1- fkﬂ. - - -
Js Tl = 2 7 je=Tjs +Zk: Wk
Jo
the relation dQ = T dS suggests to define a heat current
- def =

d - - -
J=Tis =Je — Y _ fik (7.7)
P

The heat current into a volume is the energy current into the volume minus the energy current that
can be accounted for by the current of the extensive variables.

Similarly we can write the entropy source term as
0s(rit) ==, Eq73-=1 T
+Vjs(Ft) "= eV =) VS
ot p T

- - -1 - = f
= (JQ +> kak) V= ka?k
P P

JE

- = - 12
= JQV? + zk:Jk (—Tka>
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This suggests that it is suitable to introduce new affinities F

— def = 1

Fo ¥V =F

0 =VE=Fe

_ def 1o - f -1

F, & — fk:—V%—kka?:Fk—s—koE

and to express the kinetic equations by the heat current and the new affinities.

- _ 1 - 15
0 =LooV— Lok [-=VF
Ja Q.QVT+; Q,k< =V k)

~~ —_———
- - — 1 T 1 =
Jk = Lk,QV?"‘ZLk,k —?ka
~~ k —_——

with new kinetic coefficients indicated by a bar.

It may be of interest to transform the kinetic coefficients of the two representations into each
other, which is done in the following: Note that we use in the following the kinetic coefficients with
an index E related for the energy-components, while the indices k, k' do not include the energy
component.

oo ST =Y
K
Eas. 1.6.7.5 LE,N% + Lex <ﬁ?) -3 kak,Eﬁ% =S oLk (ﬁ;ﬁ)
K K KK
= <LE,E - zk: kak,E> ﬁ% + zk: <LE,k - %: fk’Lk/,k> (—ﬁ
= (LE,E - zk: kak,E> ﬁ% + zk: <LE,I< - Ek: fk’Lk’,k> (—fkﬁT - 71_57‘;()
= <LE,E_zk:kak,E_zk:LE,kfk+ka’Lk’,kfk> ﬁ%

~ =
— N——

PR
ZQ.Q
1=
+ Z (LE'/( - Z fk’Lk’,k> <_vak>
K P
Lok
= TooVs + ML L
Jk = Lk,Ev? + zk: Ly <—VT)
1 1

- =1 - 12
= Lk,Qv? +§:Lk,k’?vﬁ<’
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Concluding we obtain the kinetic equations

- - =, 1 T 1 =
Jo="Lqa +Zk:Lo,k 7ka

?
~~ S~
/:_Q ,:_k
- — -1 — 12
Jk=Lka T +Z Ly ?ka/
~~ Kk N——
Fo Fy

One can easily verify that the Onsager relations also hold for the new kinetic coefficients, that is
Lij(B)=L;(-B)
In the following we will only use the new representation and we will drop the bars on top of the

symbols.

7.5 Principle of minimum entropy production
See nobel lecture of llya Prigogine...

See also [16].

7.6 Application: Determine kinetic coefficients and Seebeck ef-

fect

The Seebeck effect describes the conversion of a temperature gradient into an electric current.
In our analysis of the topic we first write down the kinetic equations for a coupled heat and particle

current.
0=LlaoVe+1 1y
v = LnoVe + Ly (-9
N =LNQ T N,N T 2

The electric current density j, is equal to the current density of charged particles jy multiplied
with their charge g, that is j = qjy. Note that for electrons the electric current and the article

current are antiparallel!
The first step will be to identify the kinetic coefficients with experimentally accessible quantities:

Determine Ly y

Definition 7.1 ELECTRIC CONDUCTIVITY
The electric conductivity o is defined as the electric current density per unit potential gradient at

constant temperature, that is

where the electric field E can be related to the gradient of the chemical potential via —ﬁp, =gE. g

is the charge of the particles.
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The electric current fq is related to the electron current jy by
jq = —ejp

, Where e is the elementary charge. The electric field is related to the gradient of the chemical
potential for electrons by

_, 1=
= EV.U'N
Thus we obtain
. 1= T 1=
N = —U?V,LL/\/ = U? (—TVMN) at constant T

Comparison with the kinetic equation Eq. 7.8 with VT =0 yields
T
L/\/,/V = 0'? (78)

Determine Lg g

Definition 7.2 HEAT CONDUCTIVITY
The heat conductivity is the heat current density per unit temperature gradient at zero electric

current, that is

Q = —KkVT for zero electric current

Before we can start, we need to determine the gradient of the chemical potential, when the
electron flux vanishes. Thus we start with Eq. 7.8 and set the electron current to zero.

. 1 1 |
N = LN,QV? + Lyn <_/_V,u,> =0

1~ 1 1
N, — _7L _
( TV“) Lo eV
Ly, has already been linked to the electric conductivity. We insert the result into he first kinetic
equation Eq. 7.8 and obtain

1 1~
Jo=LlooVE+ QN( TW/«)
1

1 1
= LQ’QV?T + Lon <L/\L/\/LN'QVT>

1 1
L -—=VT
N N,Q:| < T2 >
—_———

1
Ve

L/\/'Q:l vT

= [LQ,Q —Lon 1

1 1
=— = |lgo—1L
72 [ e~ long

K
Thus we obtain

1 1
K=17 (LQ,Q - LQ,NLNNLN,Q> (7.9)
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The third equation follows from Onsager’'s Theorem which says that
Lne = Laow

The last kinetic equation is obtained using the Seebeck effect® : In this experiment two wires
made of different materials are connected once at a higher temperature and a second time at a lower
temperature. In one of the wires we a voltmeter is introduced. The voltmeter blocks the electric
current but allows the thermal current to pass.

Ta Tg
Ma Mg

IJ'I “r http://www.answers.com/topic.

The potential difference can be obtained by integrating the chemical potential from one contact
of the voltmeter to the other.

B . A . r .
e\/:/ dF'Vu+/ dF’Vu+/ drvu
r B A
Since no current is flowing, that is j/\/ =0, we can use Eq. 7.8 to relate the gradient of the chemical

potential to the temperature gradient.

. LN’Q -1 . LN,Q 1
B LN,NTVT N Ly TVT

Vi

Of course we must distinguish the kinetic coefficients of the two materials. We label them by a

won w_n

superscript “y" for yellow and “g" for green.

B Lg 1ﬂ A Ly 1" r [_g 1ﬂ
eV:—/ dr N'Q—VT—/ dr N'Q—VT—/ a7 g =VT
r A

Lin T B LunT L
——/TBdT L?\"Ql—/TAdT LX"Ql—/TIdT Lho 1
T, Lin T Jr LinT Jro LinT
_/TB o7 bl /TB s
o LuwT Jn LT
_ [LKI,Q B L%,Q] /TB JT L
Lyw  LindJr 0 T
Now we determine the voltage change with changing T4 and obtain
dav 1 [LKI,Q B L%,Q]
dTa eTp LX,’N Lﬁ,’N

which yields the relative thermoelectric power of the two materials.

3Thomas Johann Seebeck, Estonian Physicist (1770-1831). Seebeck was born in Reval (today Tallinn), Estonia,
to a wealthy Baltic German merchant family. He received a medical degree in 1802 from the University of GAittingen,
but preferred to study physics. In 1821 he discovered the thermoelectric effect, where a junction of dissimilar metals
produces an electric current when exposed to a temperature gradient. This is now called the Peltier-Seebeck effect
and is the basis of thermocouples and thermopiles.


http://www.answers.com/topic/thermoelectric-effect
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Definition 7.3 THERMOELECTRIC POWER
The relative thermoelectric power,thermopower or Seebeck coefficient £; — E> of two materials
is defined as

dv
Ei—Er=—
U aT
where V' is the voltage drop in a ring of two wires connecting a warm and a cold reservoir with a
temperature difference T .

Knowing the a thermoelectric power, we obtain the remaining equation

_ —LN’Q :_GL/\/'Q
eTL/\/V/\/ oT?
oET?

= Lyo=Llon= (7.10)

can determine all four kinetic coefficients, which was required to determine all four kinetic coefficients.

Eq. 7.10 cET?
Lvo =" Lon = -

Eq. 7.8 ol
Lynw =7 —

e
2

Eq.79 _» Lonlng Egs. 71078 _, € [(0ET?

QQ R Lyn R ol e
= KT’ +0E°T?

7.6.1 Peltier effect

The Peltier effect described the heat evolution at constant temperature, when a current is driven
across a contact of two materials.
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Chapter 8

Transport

8.1 Time evolution of the state operator
We start from the time-dependent Schrédinger equation

iho, | W) = H[W)
and derive from it the time derivative of the state operator.

ihB:p = 0, (Z |WI>P/<W/'|> =iy (18eW) P{W| + W) (B Wi])

1

- Z (HIW )PV — [W) PV | H)

= A )P = S W) P(WIA = Fp— pH = [A, ]

Thus we obtain the von Neumann equation, which says that the dynamics of the state operator is
determined by its commutator with the Hamilton operator.
IR IR
0:0 = - [p. H] (8.1)

This is a differential equation for the state operator.

8.2 Liouville Equation

Let us consider an ensemble of particles with an density
o(r.p.t) =Y Po(F = F(£)(5 — i(1))
i

in phase space.l. For a system with N particles, 7 and p are 3N-dimensional vectors. Each index

i refers to one complete copy of the system, which is weighted with a probability /. The particles
move on a trajectory (7i(t), pi(t)) in phase space.
We can express the distribution as

o(F\ 5, ) = / *ro / &N po (T, B, 0)6(F — F(£))5(5 — (1))

1The phase space is the space spanned by the position and momentum coordinates of all particles in the system.
See ®SX: Classical Mechanics
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Here (7(t), p(t) is the trajectory that starts at (75, Po).

We can show the relation as follows
o750 = [ ¢ [ oy (Z P — 7:(0))8(7) — m(o») 8(7 — A(£)3(5|- A(D))
=0 [ ¢ [ ey 6 - 7(0)6(BH — BON( - 23 - At)
_ Z PO(F— F(D)6(F— B (1))
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Now we want to derive a differential equation for the distribution p, that describes its dynamics.
We make a Taylor expansion 7(§) = F(0) + A% + O(A) = iy + AL + O(A).

o . dF._ . . dp
o(FB.A) = /d3Nfo/d3NPo o7, 7o, 0)3(7 ~ 7o — A S)8(5— o — 227
d7 dp
= F— A Vo(5— A==
o7~ 255~ 2P
Taylor . difﬂ N _ dﬁﬂ SN
= AdtVrp(r, p.0) Afdthp(r, p. 0)

3N

HamiltonEq. OH 8,0 oH 8,0:|
= ,AZ [ _Z2ter

= apj al’J aI’J apj

If we divide by A, form the limes A — 0 and then generalize the result from t = 0 to arbitrary t, we
obtain the Liouville equation.

op X([oHop OHO
p+2{ o0 p]:o (8.2)

ot p; Or; 01 Op;

j=1
The Liouville equation can be seen as the particle conservation law (see ®SX:Classical mechanics).
We can express the equation above also in terms of the Poisson brackets, known from classical
mechanics.
3N

OAOB 0OBOA
.8 =3 (555 o)
Jj=1

, so that the Liouville equation obtains the formEditor: check sign of the definition of the Poisson
bracket

Op

ot
This shows a formal relation between the Liouville equation with the corresponding equation for the
density operator. The main difference is that the commutator is replaced by the Poisson bracket.
There is actually one formal way to introduce quantum mechanics, which is based on replacing Poisson
brackets by commutators.

+{H,p} =0

It can easily been shown that the equilibrium distributions po(7, 5, t) =

L (FF . o
Ne w77 are stationary. More generally we show that every distribution of
the form p(r, p, t) = y(H(F, p)) is stationary

@__% OH dy OH 0H dy 8H] _
ot Op;jdH or;  or; dHdp; |

Jj=1

8.3 Boltzmann Equation

The Liouville equation has been expressed in terms of the many-particle probability density. This may
be too much information. Let us therefore introduce the one-particle density

fi(F, P, t) :/d3r1.../d3rN/d3Np1.../d3pN

> a(F-7)a(5—B)| en({7} {5))
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Let us similarly define the two-particle density

H(F PP, P, t) :/d3r1.../d3rN/d3Np1.../d3pN

> 6(F—#)s(p— )67 — )P — B) | en({F} {Bi})

i<j
Two relations may be helpful.

/d3r/d3p fi(F,pt)=N

1
A7 B = d3r’/d3p’ H(F. 5.7 7 1)

Oron({7i}. {Pi})
:/d3r1.../d3rN/d3Np1.../d3p,\, S 67— 7)6(p— )

N
OHo(7iPi) & OHo(Fp)) = .
{’z; |:apl_Vr,0N - TVp,ON + ;V”W(r/ - I’J-)Vp’p,\,}

In the derivation of the Liouville equation given above the distribution p has been the probability
density for the complete system, which is normalized to one [ d3*Nr [ d3Np p(F,p,t) = 1. For a
single particle we can use the same distribution, but in the 6-dimensional phase space. For identical
particles non-interacting particles, we may sum the probability densities p; of the individual particles
to the particle density (7, p, t) = >, pi(7, P, t), which is now the particle density.

The probability density for uncorrelated particles is

Mol
o({73 4 =] A
j=1
Let us use this as Ansatz in the Liouville equation for a many-particle Hamiltonian
N 1
H{RY AR} = Zl Ho(7:. b7 ) + 5 g W(Fi - 7)
Jj= i#]

Inserting the product Ansatz for the probability density into the Liouville equation, we obtain after
division by p/NN

1 0f(7.p) [aHo 1 o OHy 1 o~
pre— = — re— V,f i, pi, t —7TV f ri, pi, t 8.3
D D I - vy ML e o) ROAGLAR)
1 - Y N o
=3 f(r, pi, OOW(ri — r)f(r, pj, t) (8.4)
i#j
(8.5)

of o {GHO of  OHo Of
0 20T g (8.6)
ot ; Op; Or;  Or Op;
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If the Hamiltonian has the form Ho(p, 7) = €(p) + V/(F) the Liouville equation can be written in
the form

or

ot

—

+ (P)V,f+ FV,f =0 (8.7)

€(p) is the dispersion relation for this particle and V() = V,e(p) is the velocity, which should be

identified with the quantum mechanical group velocity. F fﬁV(F’) is the force acting on the
particles.

8.4 Kubo Greenwood Formula
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Chapter 9

Interacting Systems and Phase
Transitions

Sofar we have investigated noninteracting system. Interactions add substantial complexity, but also
result in far richer physical effects. One effect is that a system can change it properties in an abrupt
manner as one of the parameters is changed. These effects are phase transitions. An example of a
phase transition is the freezing and boiling of water. Another example is presence of a spontaneous
magnetization in ferromagnets.

Let us consider a few examples for Phase transitions:

e melting (solid—liquid)-freezing (liquid— solid)

e boiling(liquid—gas) -condensation (gas—liquid)

e sublimation (solid—gas)

e ferromagnetic — paramagnetic transition

e normal to superconducting transition

e Bose-Einstein condensation

e Superfluidity of He

e transitions between different crystal structures, such as the martensitic phase transition between

ferrite (body-centered cubic iron) and austenite (face-centered cubic iron).

Order Parameter

Phase transition usually lead the system from an ordered to a disordered state. The order can be
characterized by an Order Parameter. The order parameter is approximately zero in the ordered
state and finite in the disordered state. The order parameter can be scalar, complex or generally
multivalued.

e for the melting transition the order parameter would be the intensity of Bragg-peaks

e for the boiling transition the order parameter is the density, which changes from a small value
to a much larger value

e for the ferromagnetic-paramagnetic transition, the order parameter is the magnetization.
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Classification of phase transitions

Phase transitions are classified as first-order or second order phase transitions.

A phase transition which releases or absorbs a finite amount of latent heat is called first order
transition. A phase transition that does not absorb or release a finite amount of latent heat is called
continuos or second-order phase transition.

A first order phase transition usually results in an inhomogeneous mixed state with coexisting
ordered and disordered regions. For example the boiling of water is a first order phase transition.
When water boils, we observe bubbles. This can be explained as follows. Consider liquid water at the
boiling point. A small region will convert to the gas phase. While doing so, it absorbs heat, which
leads to a heat flux towards the water bubble. Thus the surrounding is lacking energy, which it would
need to itself change its state of aggregation. Thus the gas state needs to nucleate. Bubbles are
created and grow as additional heat is added to the system.

Bifurcation diagrams

Let us consider the free energy as function of a one-dimensional order parameter and an external
parameter such as the temperature F(®, T). The actual value of ® as function of temperature is
determined as the minimum of the free energy. There are two ways that the order parameter can
change abruptly, and both can be described by a polynomial form of the free energy.

e |n one case we have one minimum which splits into two minima. This is a model for a second
order phase transition.

1 1
F(o,T)=5(T - To)®? + an‘*

% =0= &(T)=+/Tc — T, &(T) =0

We find one minimum for T > T, and two minima at ® = &/T.— T for T < T.. The order
parameter changes continuous but not differentiable, and it can assume one of two values below
the critical temperature Te.

If we draw the order parameter as function of an external parameter such as the temperature,
we obtain a bifurcation diagram. above the critical temperature, the temperature of the
phase transition, the free energy has a single minimum. Below, it develops two different minima,
with the same free energy. Hence both states are equally probable.

e The free energy develops a second minima for an order parameter different from the free
energy minimum. At first, this minimum is metastable but then it lowers relative to the global
minimum until it becomes the global minimum itself. As a result the order parameter jumps
discontinuously from one value to another. This is an example for a second order phase
transition.

— 1 2 2 3 1 4
F(O.T) = =502 = (T — T + 20
F T-T,
%:O:MD(T): < V1= (T -T2, ¢(T)=0

For T = T, we find two equivalent minima at ®+1. For T < T, the left is the global minimum
and for T > T, it is the right minimum.

Editorial Remark: end itemize probably at the wrong place

While we have assumed here that the order parameter is one dimensional, it is just as well
possible that it has higher dimensions. An example is a ferromagnet: below the Curie temperature,
the magnetization has a finite value, but can point into any direction.
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Fig. 9.1: Bifurcation diagram for a first-order transition (above) and a second-order transition (be-
low). The insets indicate the free energy as function of the order parameter & for the various
temperature regimes, that is below, at and above the transition temperature 7.
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An important question, we need to address is also the spatial dependence of the order parameter:
Even below the Curie temperature, a magnet does not produce a magnetic field unless it is magnetized.
This is because the crystal has different domains, where each domain has a defined magnetization
direction. The magnetization direction of the domains however is randomly distributed. As a result,
the macroscopically magnetization of a ferromagnet can vanish.

9.1 Ehrenfest classification of phase transitions

Phase transitions have been divided into different classes[17] by Ehrenfest!.

In a first-order phase transition the chemical potentials change discontinuously with temperature.
In a second-order phase transition the chemical potentials remain continuous, but the derivatives
of the chemical potentials change discontinuously.

9.2 Mean Field Theory

In our study of interacting systems we begin again with the most simple system namely the two state
model. The interacting two state system is called the Ising model. It has its origin in the description
of magnetism.

The Ising model consists of many two-state systems with a nearest neighbor interaction
E=- Z/.LCT,‘B — ZJ,‘JO’,‘O'J'
i ij

where J; j = 0 except for nearest neighbor sites where it is J;; = J. o, describes the direction of the
spin on site /. It can have values +1 and —1. The interaction is such that two neighboring spins that
are parallel are energetically favored over a state with antiparallel spins. This feature will lead to a
collective alignment at sufficiently low temperatures.

Despite its simplicity the Ising model cannot be solved analytically in three dimensions. Therefore
it is important to use approximations. One of the most successful approximation schemes is the
mean field theory or Weiss molecular field theory.

The approximation is the assumption that the spins are not correlated that is (o;0;) = (0i){0}).
Thus we rewrite The expression for the energy in the form

(E) = (O poiBerr,)

1

with
wBerrj = uB — qJ{(o) (9.1)

where qJ = ZJ- Jij and g is the number of nearest neighbors. In a three dimensional cubic lattice for
example we obtain g = 6.

The partition function and the free energy are obtained from our study of the non-interacting
two-state system

N
Z(B,B) = Ze—BE, WBerroi _ 2COSh(5,U,Beff):|
{oi

B
F = —kgTIn[Z] = —NkgT In[2 cosh( X2 ]
ke T

where N is the total number of spins.

IEditor: Bibliogrpahical note on Paul Ehrenfest here
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The magnetization of non-interacting spins is

dF
M = = —Nutanh(BuB
B ptanh(BuBerr)

On the other hand Berr is related via Eq. 9.1 to the true magnetic field and the magnetization.
Thus we obtain an expression

M
M = Nutanh(BuB + BJ—)
Nu

which can be solved for the magnetization M(B, T) as function of magnetic field and temperature.

Let us first investigate the implications. For zero field we approximate tanh(x) = x—x3/3+0(x®),
where x = M/(Nu)

x = tanh(BJx) ~ BJIx — %(ﬁJx)3
x=0

x(J < kgT) = +/3(BJ - 1)BJ

Using the approximate form, which is valid for small magnetizations, we find one solution with
vanishing magnetization. This solution is a minimum of the free energy for temperatures above
the critical temperature 7. = J/kg. For temperatures below the critical temperature this solution
becomes unstable, and instead two equivalent solutions occur with finite magnetization

T-T.

M(J < ksT) ~ £Nu+/3(8J — 1)BJ = +V3Nu —

Thus we see here our first phase transition. for kgT < J we observe a spontaneous or remanent
magnetization proportional to ,/T;—CTC.

0.2.1 Some remarks:

It should be noted that the exchange interaction is not a magnetic interaction but a so-called exchange
interaction. Therefore it is much stronger than if it were of magnetic origin.

The mean field theory is quite convincing. However, it is an approximation, because the spins
on different sites are statistically correlated. This can easily been seen. Consider a spin pointing in
positive z-direction. If the exchange coupling is such that it favors parallel spins over antiparallel spins,
the neighboring spins will on average be more frequently parallel than antiparallel than on average.

We may ask why a piece of iron is not always a permanent magnet. The reason is that in a
macroscopic sample not all spins are aligned. The magnet forms domains of aligned spins with
domain walls separating them. When we magnetize a piece of iron, it is not the magnetic moments
on the atoms that changes, but the size of domains which grow, if the spins in the domains are
oriented favorable for the magnetic field, while those with the unfavorable direction shrink.

9.2.2 Phase equilibria

Editor: define “tie line”, “lever rule”, “tangent rule”, “triangular phase diagrams”.

Gibbs Phase rule

Editor: see Atkins, Physical Chemistry
Gibbs phase rule says

f=c—p+2 (9.2)
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p is the number of phases. A gas or a gaseous mixture is a single phase. Ice is a single phase,
even though it may occur in distinct pieces. A mixture? of two immiscible3 liquids has two phases.
A mixture of two miscible liquids has one phase.

c is the number of components in equilibrium. The number of components is the minimum
number of species necessary to define the composition of all phases present in the system.

f is the variance, defined as the number of intensive variables that can changed independently,
without changing the number of phases.

Gibbs phase rule is justified as follows. Let us consider a system of ¢ components at a given
pressure and temperature. The composition of each phase is defined by ¢ — 1 mole fractions x;,
because > %, x; = 1. To describe the composition of each of the p phases, one needs p(c — 1)
variables. Now we add 2 degrees of freedom for temperature and pressure. The chemical potentials
of each component in the p phases must be identical in thermal equilibrium which yields c(p — 1)
equations. Thus the number of degrees of freedomis f = p(c—1)4+2—c(p—1) = pc—p+2—pc+c =
c—p+2.

Thus for a one component system such as water, the number of degrees of freedom is f = 1—p+-2.
That is three phases, water, ice and gas can only be in equilibrium at one point in the phase diagram,
the triple point. Hence pressure and temperature remains fixed. The equilibrium of two phases,
such as water and ice defines a line in the phase diagram: At a given pressure, water and ice can
coexist only at a given temperature. The single phase regions, that is for water or for ice or the gas,
we obtain two-dimensional regions in the p — T diagram.

9.2.3 Coexistence,Hysteresis, discontinuity of the specific heat

9.2.4 Critical exponents

0.3 The Van der Waals Gas

4
Let us start out with the Helmholtz potential of the ideal gas.
A3N
A(T,V.N) = NkgT (m [ Tv } — 1)
where A\ = n%’;:; is the thermal de-Broglie wavelength.

For a real gas we need to modify it in two respects.

e real molecules are no point particles by have an effective potential into which other atoms
cannot penetrate.

e real molecules attract each other.

Thus we modify the potential by effectively reducing the effective volume by a the molecular
volume b of the molecules.

A(T.V,N) = NkgT <|n {\m} - 1)

For water the Van-der Waals parameters are

am,0 = 1.546717 x 10~ *¥Pa m° br,o = 5.062984 x 10~%°m?

2"mixture” translates as “Mischung” into German

3“immiscible” translates as “nicht mischbar" into German

4 Johannes Diderik Van der Waals, Dutch Physicist 1937-1923, Nobel prize in Physics "fAijr seine Arbeiten Aijber
die Zustandsgleichung der Gase und FlAijssigkeiten"
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The parameter b corresponds to a molecular volume. If we express b by a sphere, the radius for water
would correspond to 2.3 A.

The interaction energy can approximately be taken into account, by subtracting the effective
attraction energy, which is proportional to N times a term that is again proportional to the density.

AZN 1 N2
A(T,V,N) = NkgT (In [V — Nb] - 1) ——a—

For the ideal gas the ideal gas law was of fundamental importance. Here we develop a similar
law for the van der Waals gas. The ideal gas law has been obtained by evaluating the pressure as
function of temperature and particle number. Therefore we proceed here similarly.

US,V.N) = mTin AT,V,N)+TS

p=— % T f% [A(To(S, V. N), V. N) + To(S, V, N)S]
A <6A 5) dT(S,V, N)
av _\ar dav
T
_ dA
AV
 NksT AP
“Vv_onp V2

This yields the van der Waals equation

N2
(p + av2> (V — Nb) = NkgT

The Van der Waals equation replaced the ideal gas equation of the Boltzmann gas.

Note that the van der Waals equation provides several (up to three) solutions for the volume at
a given temperature and pressure.

For water, a = 557.29x 1072P20 and b = 0.31x 106 ™ (Wikipedia: Van der Waals Gleichung)

mol? mol

9.3.1 Isotherms of the p-V diagram

We can no evaluate the pressure as function of volume at a given temperature

NkgT N2
Let us determine the maxima.
d NkgT N2
P_ B + 3a

dvV (V= Nb)? V3

2
1 1
— W *NkBTV <1Nb> +33N2

%
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Fig. 9.2: Isotherms of water according to the van-der Waals equation. Vertical axis: pressure in bar,
horizontal axis Volume per mol in litre. The isotherms range from 300 K to 1000 K. The black lines
are multiple of 100 K. The red line corresponds to 650 K, just below the critical temperature.

For V. >> Nb, we obtain approximately

3aN
o T

NksT N2(kgT)?
p(Vo) = —a
20— Nb (3aN)2

keT — (keT)’

= a
or - (32)2
1 1
= (knT)? _
ke 3 —biaT ~ *(3a)2

9.3.2 Gibbs energy of the Van der Waals gas

G(T,p,N) = mvin A(T,V,N)+ pV

=min |NkgT { In ATV -1 —laL—i— Vo (T, p, N)
= B Vo(T. p. N) — Nb 2T, p. )+ PYoLEpe
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9.3.3 Phase diagram of the van der Waals gas

Let us now investigate the density of the van der Waals gas as function of temperature and pressure.
We choose the density because it acts as an order parameter for the solid liquid transition.

(p+ ap?) (i — b) =kgT

(p+ap®) (1 —pb) — kgTp=0
abp® + ap®> — (pb+ kgT)p+p=0

1 b+ kgT
p3+fp2—(p B)p+£

b ab ab

Kurvendiskussion:

e Extrema:
2 (pb+ksT)
32+ Sp- 2T B ) g
P ab
2 (pb+ kgT)
2 _ - — =
TN 3ab 0

1 1\? (pb+kgT)
ST \/ <3b) T3
9.4 Alloy phase diagrams

Consider an alloy of two components, A and B.
The enthalpy of the alloy depends on the concentration ca of phase A

H(S, ca, p, N) = N[Haca + Hg(1 — ca) + Aca(1l — ca)]
The entropy can directly be obtained from the two state system
S(ca) = —Nkg[caln(ca) + (1 — ca) In(1 — ca)]

Assuming that the interaction between the sites is negligible
Thus one obtains the Gibbs potential

G(T, ca p, N) = N{HACA + He(1 = ca) + Aca(l — ca)

+kaT [caln(ca) + (1 —ca)In(1 — CA)]}

9.5 Phase separation

If the interaction between the two atoms is repulsive we can obtain phase separation into a phase
of predominantly A with a small amount of B, and another phase of predominantly B with a small
amount of A. The two phases are separated by a miscibility gap.

Let us assume that two phases a and B are in equilibrium.

G = Ga(Nawa, Ng.o) + Gg(Nap, Ng g)
X1 (Naa +Nag — Nator) = A2 (Ngo + Neg — NB totr)

where N is the total number of atoms.
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We introduce the new variables, namely the amount of material o

Ny = NA,a + NB,a ; Ng = NAﬁ + NB,B
Co = NA,a/Na , B = NA,cx/Nﬁ
so that
NA,a = o Ny ; NB,a = (1 - Ca)Na
Nap = cgNg ; Ngg = (1 — cg)Ng

Now we introduce the chemical potential pq(c) = W

G = Naka(ca)) + Nops(cs)
-1 (/\/aCa + NgCﬁ — NA,tot) — X2 (/\/a(l — Ca) + Ng(l — Cﬁ) — NB,tot)

The equilibrium conditions are

oG

0= N, = la(Ca)) — MCa — X(1l — cq)
oG

0= Ny pe(cs)) — Aicg — Aa(1 — )
oG dite(Cq

0= 20—y Beled) o,
0cCq dcg
G d

0= 26 _ pnd8sl) koo

8C5 b dCﬁ

The last two equations yield

which says that the chemical potentials of the two phases must be identical.
Now we use this result with the first two equilibrium conditions

0= talCa)) = (A1 = X2)Ca — A2

d C
= /J'a(ca)) - u;(gaa) Ca — A2
0=us(xp)) — (A1 —A2)gp— X
_ dpa(Ca)
= pp(cp)) — dc. B~ A2
and obtain
dpa(Ca) dpg(ca)
Po(Ca) — #aaca = N’B(CB) - jicaac
Ha(Ca) = k() _ dpalca) _ dup(cp)
Ca — Cp dCa dCB

This is the so-called tangent rule: The equations are fulfilled if the two points in the u versus c,
diagram have the same tangent.

Note that one uses usually the molar Gibbs potential instead of u. The two are up to a factor,
the Avogadro constant, identical.

Since the entropy starts with infinite negative slope any material with a repulsive interaction will
develop a miscibility gap. As we increase the concentration of B we first form a solution of the o
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phase with an increasing amount of atoms B dissolved. At a critical concentration, which depends
on temperature, the second phase B develops, with the maximum amount of A atoms dissolved in
it. As we increase the concentration, the phase 3 grows at the expense of the a phase, while the
compositions of both phases remain identical. The relative amounts of material in phases a and
B is directly proportional to the distance of the average concentration from the boundaries of the
miscibility gap. Let ¢, and ¢g be the concentrations at the boundaries of the miscibility gap, let x
be the ratio of phase a and let {c4) be the average concentration.

NoCo + NgCg x=Na/(No+Ng)

(ca) = Mo+ o xCu+ (1= x)c
= {ca) — g
Ca —

Once the concentration reaches the other boundary of the miscibility gap, the phase a has vanished,
and further increase or B will reduce the amount of A atoms dissolved in phase 3.

The miscibility gap closes at a certain temperature. This temperature often lies above the melting
point, which leads to the typical eutectic phase- diagram.

0.6 Solidification

We assume that there are two different Gibbs potentials, one, Gs for the solid and one G,for the
liquid.

The melting point is defined as the point where the chemical potentials of solid and liquid phase
are identical. Let us consider the concentrations of the solid and the liquid phases by ¢s and ¢;.

Us(Tm, Cs) = /le(Tmy CI)

Due to the Euler equation the Gibbs potential is linear with the particle number G = u/N

G = pusNs + u N, = ts(Ns + Np) = s Neot = wiNtot
—_—— ——
Gs Gy
= Gs =G

Thus we find that the Gibbs potentials of solid and liquid phases are identical at the melting point.
Thus the melting point of phase A is defined by

G(Tma ca=1)=Gs(Tma ca=1)
G/(Tm,B, Ca = 0) = Gs(Tm,B- CaA = O)

9.7 Landau Theory



116 9 INTERACTING SYSTEMS AND PHASE TRANSITIONS




Appendix A

Random Number generators

A.l

Implementation of the Minimal Standard Linear Congruen-
tial Pseudo Random Number generator

This is the Fortran 90 implementation analogous to the one published by Park and Miller[11]. In
order to allow testing the implementation, Park and Miller quote the result for the seed after 10000
calls of this subroutine 2147483531.

It is strongly recommended to first copy this implementation exactly and without the slightest

change. Then one should perform the abovementioned test.

>k 3K 3K 3K 5k 5k 5k 5k 5k 3k >k >k >k >k >k >k 3k 3k 3k 3k 3k 3k 5k 3k 5k 5k %k %k >k 5K 5k 3k 3k 3k 3k %k 5k 5k 5k %k K >k 5K 5K 5K 5k 5k 3k %k %k >k >k >k %k 3K >k >k 5k 5k 5k >k %k %k >k >k >k Xk K K >k >k %k >k k

** Minimal standard linear congruential random number generator *ok
** S.K.Park and K.W.Miller, Communications of the ACM, 31, 1192 (1988) *x*
*ok Kok
*x* this version only works if huge(seed).ge.2147483647 *%

stk st o ok sk sk sk sk sk sk ok sk sk s s ok sk sk sk sk sk sk sk sk sk sk sk sk ok sk sk sk sk sk sk sk sk sk sk sk sk ok sk sk sk sk sk sk sk sk sk s ok ok sk sk sk sk sk sk ok sk sk sk ok ok sk sk sk sk ok
implicit none
real(8) ,intent (out) :: ran

integer(4) ,parameter :: m=2147483647 !=2_8%%*31-1_8
integer(4) ,parameter :: a=16807

integer(4) ,parameter :: q=127773 I=int (m/a)
integer(4) ,parameter :: r=2836 '=mod (m, a)
integer(4),save :: seed=1

integer(4) :: hi,lo,test

3k 3k 3k 3k Sk Sk Sk Sk Sk Sk Sk Sk Sk Sk Sk 3k Sk ok ok 3k 3k 3k ok 3k 3k 3k 3k 3k 3k 3k 3k 3k >k >k 3k >k >k >k >k >k >k >k >k >k >k >k >k kokokokokok ok ok ok k ok
hi=int (seed/q)
lo=mod(seed,q)
test=a*lo-r*hi
if(test.gt.0) then
seed=test
else
seed=test+m
end if
ran=real (seed,8)/real(m,8)
return
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end

A.2 Schrage’s method

When implementing the linear congruential random number generators,
Xp+1 = ax, mod m

one usually runs into overflows, because m is usually chosen as one of the largest numbers that can
be represented in the number type.

Under the conditions 0 < z < m and r < g, Schrage's method suggests to use the following
replacement

ax mod m=a(x—qgk)—rk
where
q & it (ﬂ)
a

r=m mod a

k def int <X>
q

Here we used the function int, which is defined analogously to the corresponding fortran function,
namely that it cuts the fractional part from the number: it rounds to the next integer with smaller
absolute value.

With the function “int” we can define the modulo function as
. X
x mod y=x-—y int <)
y
Now we start the proof

m
r=m mod a=m-—a int(;):m~aq
= m=aq-+r

. ax
ax mod m=ax—m int|—
m

(ag+7r) int ax
ax — (a r
q m aqg+r

. ax . ax
=ax—aq mt —r 1t
(aq+r> (aq+r>
a int X int X
= X — 11 —r 1mn —_—
q qg+r/a qg+r/a

The next step is only allowed if r < g, namely to replace

it (q +Xr/a> - (2)

If we use this replacement we obtain

ax mod m=a(x—qgk)—rk

In the following we need to show that

()2

The proof is still commented out and needs to be written in tex




Appendix B

Monte Carlo codes

B.1 Metropolis algorithm for the 2-dimensional Ising model

program main

implicit none
integer(8) ,parameter ::
integer(8) ,parameter ::
real(8) ,parameter ::
real(8) ,parameter ::
real(8) ,parameter ::
integer(8) ,parameter ::
integer(8) ,parameter ::
integer(8)
integer(8)
integer(8)
real(8)
real(8)
real(8)
real(8)
real(8)
real(8)
real(8)
real(8)
logical
character (n2x)

......... L o I
nlx=100

n2x=100

jint=1.d0 ! spin-spin interaction

hext=0.d0 ! external field

kbt=2.3d0

nstep=10**8 ! number of mc steps

nsteppersample=nstep/1000
state(nlx,n2x)
i1,1i2,1istep
isite,ilp,ilm,i2p,i2m,nn

: mag,magdirect,magav ! magnetization/per site
:: mag2av,magfluct
1. etot,etotdirect,etotav
11 weight
;i deltae
:: ran
:: acceptanceratio

svar !'support variable

11 tflip

string

== state=0 site is vacant
== state=1 site is occupied

>k >k 5K ok ok ok ok ok ok >k >k >k >k >k >k >k ok ok ok ok ok ok >k >k >k >k >k >k >k >k ok ok ok 5k 5k >k >k >k >k >k >k >k >k 5k 5k 5k 5k 5k >k >k >k >k >k >k >k >k >k 5k 5k 5k 5k >k >k >k >k >k >k >k >k >k ok >k >k >k >k >k >k >k >k >k >k >k k ok

== prepare initial state

weight=1.d0/real (nlx*n2x)

do il=1,nlx
do i2=1,n2x

call random_number (ran)
state(il,i2)=nint (ran)

enddo
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enddo

== calculate initial properties

call totalenergy(nlx,n2x,hext,jint,state,etot,mag)
print*,’magnetization’ ,mag

acceptanceratio=0.d0

etotav=0.d0

magav=0.d0

== monte carlo loop

open(10,file=’ising2d.dat’)
open(11,file=’ising2d.out’)
do istep=1,nstep

== gelect a random site

call random_number (ran)
il=nint (0.5d0+ran*real (ni1x))
call random_number (ran)
i2=nint (0.5d0+ran*real (n2x))

== determine enery difference for the step

ilp=1+modulo(il,nix)

ilm=1+modulo(il-2,n1x)

i2p=1+modulo(i2,n2x)

i2m=1+modulo (i2-2,n2x)
nn=state(ilp,i2)+state(ilm,i2)+state(il,i2p)+state(il,i2m)

== calculate energy change for a spin flip
deltae=-2.d0*real (2*«state(il,i2)-1)*(-hext-jint*real (2+nn-4))

== choose acceptance and flip spin

if(deltae.le.0.d0) then
tflip=.true.

else
call random_number (ran)
tflip=ran.lt.exp(-deltae/kbt)

end if

if (tf1ip) then
state(il,i2)=1-state(il,i2)
acceptanceratio=acceptanceratio+l
etot=etot+deltae
mag=mag+real (2% (2*state(il,i2)-1))*weight

end if

magav=magav+mag

mag2av=mag2av-+mag**2
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etotav=etotav+etot

== analysis ==

if (modulo(istep,nsteppersample).eq.0) then
== form time average
svar=1.d0/real (nsteppersample)
acceptanceratio=acceptanceratio*svar
magav=magav*svar
mag2av=mag2av*svar
etotav=etotav*svar
== print result
magfluct=sqrt (magav-mag**2)
call totalenergy(nlx,n2x,hext,jint,state,etotdirect,magdirect)
write(10,*)istep,etot*weight,etotdirect*weight,acceptanceratio,mag,magdirect
write(10,*)istep,etotavkweight ,magav,magfluct,acceptanceratio
write(11,*)istep,etot*weight,mag
call plotstate(11l,nlx,n2x,state)
acceptanceratio=0

magav=0.d0
etotav=0.d0
end if
enddo
close(10)

== analyze result ==

print*, ’magnetization’,mag
close(11)

stop

end

implicit none

integer(8),intent(in) :: nilx
integer(8),intent(in) :: n2x

real(8) ,intent(in) :: hext

real(8) ,intent(in) :: jint
integer(8),intent(in) :: state(nlx,n2x)
real(8) ,intent (out) :: etot

real(8) ,intent (out) :: mag

integer(8) pri1,12
integer(8) i ilp,ilm,i2p,i2m
integer(8) 11 nn

real(8) :: hint
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etot=0.d0
mag=0.d0
do il1=1,nlx
do i2=1,n2x
ilp=1+modulo(il,nix)
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ilm=1+modulo(i1-2,n1x)

i2p=1+modulo(i2,n2x)

i2m=1+modulo (i2-2,n2x)
nn=state(ilp,i2)+state(ilm,i2)+state(il,i2p)+state(il,i2m)
hint=jint*real (2*nn-4) ! sum_k jint*sigma_k
etot=etot-(hext+0.5d0*hint)*real (2*state(il,i2)-1)
mag=mag+real (2*state(i1,i2)-1)

enddo
enddo
mag=mag/real (n1x*n2x)
return
end
1o, 2 R 4o 5. ... 6..covvn.. 6..covi... A 8

Kok ok sk ko ok sk koo sk ok ook ok sk ko ok skokok sk ok sk sk ok ok skokok ok sk sk ok ok sk koo ok sk ko ok sk ko ok sk ok ok ok sk sk ko ok sk ko ok sk ok ok
implicit none

integer ,intent(in) :: nfil
integer(8),intent(in) :: nilx
integer(8),intent(in) :: n2x
integer(8),intent(in) :: state(nlx,n2x)
integer(8) iri1,12
character (n2x) 11 string

sk ok ok ok sk ok ok ok sk ok ok o Kok ok o oK sk ok ok ok sk ok ok o ok Kok ok o ok sk ok o ok sk ok ok o sk ok ok o ok sk ok ok ok sk ok ok ok sk ok ok o sk ok ok o ok sk ok ok ok K ok ok
do i2=1,n2x
string(i2:i2)="-’
enddo
write(nfil,*)’|’//string//’ |’
do il=1,nlx
string="’"’
do i2=1,n2x
if (state(il,i2) .eq.1)string(i2:i2)=’0" enddo
write(nfil,*)’|’//string//’ |’
enddo
do i2=1,n2x
string(i2:i2)="-’
enddo
write(nfil,*)’|’//string//’ |’
return
end

N-fold way code for the 2-dimensional Ising model

program main
implicit none

integer(8) ,parameter :: nlx=50

integer(8) ,parameter :: n2x=50

integer(8) ,parameter :: nclasses=10

real(8) ,parameter :: jint=1.d0 ! spin-spin interaction

real(8) ,parameter :: hext=0.d0 ! external field
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real(8) ,parameter :: kbt=2.3d0

integer(8) ,parameter :: nstep=10%*7 ! number of mc steps
real(8) ,parameter :: tslice=1.d+5
integer(8) :: nmem(nclasses,n2x)
integer(8) :: nmeml

integer(8) ;. state(nlx,n2x)
integer(8) :: class(nlx,n2x)
integer(8) ::1,i1,i2,istep,icount
integer(8) :: ilp,ilm,i2p,i2m,nn,imem, isvar
integer(8) :: iclass,thisclass
integer(8) :: nslice

integer(8) :: isteplast

real(8) :: x(nclasses)

real(8) :: pl(nclasses)

real(8) HE o

real(8) :: deltae(nclasses)
real(8) 11 svar

real(8) :: acceptanceratio

real (8) :: etot,etotav

real(8) 1 mag,magav

real(8) 11 ran

real(8) 1 time

real(8) 1 deltat

real(8) :: profile(nclasses)
real(8) 11 weight

stk Kok o oK K oK o KoK K ok o oK oK oK K ok o oK oK oK ok oK ok o oK oK ok ok ok o ok oK sk ok oK ok o oK oK o Kok o ok o oK oK ok Kok ok o oK ok Kok ok oK ok ok ok ok ok ok ook o
weight=1.d0/real (n1x*n2x)

set up process table

each process class refers to a spin flip in a given environment

each process class is fully defined by the central state and the
average orientation of the nearest neigbors

== class= 1: central state 0; all neighbors O ==
== class= 2: central state 0; 1 neighbor with state 1 ==
== class= 3: central state 0; 2 neighbors with state 1 ==
== class= 4: central state 0; 3 neighbors with state 1 ==
== class= b: central state 0; 4 neighbors with state 1 ==
== class= 6: central state 1; all neighbors 0O ==
== class= 7: central state 1; 1 neighbor with state 1 ==
== class= 8: central state 1; 2 neighbors with state 1 ==
== class= 9: central state 1; 3 neighbors with state 1 ==
== class=10: central state 1; 4 neighbors with state 1 ==
do i=1,nclasses

isvar=int(real(i-1)/5.d0) ! state of central atom

nn=i-1-5%isvar ! sum of spin up states on nearest neighbors

deltae(i)=-2.d0*real (2*isvar-1)*(-hext-jint*real(2*nn-4))
pl(i)=min(1,exp(-deltae(i)/kbt)) ! probability for a spin flip

enddo
pl(:)=p1(:)/sum(pl) ! relative jump rates for the different process classes
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== prepare initial state ==
do il=1,nlx
do i2=1,n2x
call random_number (ran)
state(il,i2)=nint (ran)
enddo
enddo

== calculate initial properties ==

call totalenergy(nlx,n2x,hext,jint,state,etot,mag)
print*, ’magnetization’,mag

== set up process table ==
== class assigns each site a process class ==
== nmem counts the number of sites in each class in a vertical line ==

nmem(:,:)=0
do i1=1,nlx
do i2=1,n2x
ilp=1+modulo(il,nlx)
ilm=1+modulo(i1-2,n1x)
i2p=1+modulo(i2,n2x)
i2m=1+modulo (i2-2,n2x)
nn=state(ilp,i2)+state(ilm,i2)+state(il,i2p)+state(il,i2m)
iclass=1+nn+5*state(il,i2)
nmem(iclass,i2)=nmem(iclass,i2)+1
class(il,i2)=iclass
enddo
enddo

== monte carlo loop ==

open(10,file="nfold.dat’)
open(11,file=’nfold.out’)
time=0.d0
magav=0.d0
etotav=0.d0
nslice=0
isteplast=0
do istep=1,nstep
if (modulo(istep,nstep/100_8) .eq.0)print*, ’percent finished ’,100*istep/nstep

== gelect a class ==

svar=0.d0

do i=1,nclasses
svar=svar+pl (i) *real (sum(nmem(i, :)))
x(i)=svar
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enddo
x=x/svar
== the first class corresponds to the interval [0,x(1)],
== the second class corresponds to the interval [x(1),x(2)],
== the last class corresponds to the interval [x(n-1),x(n)], where x(n)=1.
call random_number (ran)
do i=1,nclasses
if(x(i) .gt.ran) then
thisclass=i ! process class "thisclass" is selected
exit
end if
enddo

== gelect a random site from this class ==

nmeml=sum(nmem(thisclass,:))
call random_number (ran)

isvar=nint (0.5d0+ran*real (nmem1-1)) ! process isvar in this class is selected
isvar=min(isvar,nmeml) ! atom number in this class

isvar=max(isvar,1) ! atom number in this class

icount=0

do i2=1,n2x

if (icount+nmem(thisclass,i2) .1t .isvar) then
icount=icount+nmem(thisclass,i2)
else
do il1=1,nl1x
if (class(il,i2) .eq.thisclass) then
icount=icount+1
if (icount.eq.isvar) then
goto 1000
end if
end if
enddo
end if
enddo
continue

== increment the time ==

call random_number (ran)
deltat=-log(ran)/pl(i)
time=time+deltat

== update average values ==

magav=magav+mag*deltat
etotav=etotav+tetot*deltat

== flip spin ==
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state(il,i2)=1-state(il1,i2)
mag=mag+2* (2*state(il,i2)-1) *weight
etot=etot+deltae(thisclass)

== update process list ==

ilp=1+modulo(il,nlx)

ilm=1+modulo(il-2,n1x)

i2p=1+modulo(i2,n2x)

i2m=1+modulo (i2-2,n2x)

nmem(class(il,i2),i2)=nmem(class(il,i2),i2)-1

nmem(class(ilm,i2),i2)=nmem(class(ilm,i2),i2)-1

nmem(class(ilp,i2),i2)=nmem(class(ilp,i2),1i2)-1

nmem(class(il,i2m),i2m)=nmem(class(il,i2m) ,i2m)-1

nmem(class(il,i2p),i2p)=nmem(class(il,i2p),i2p)-1

if(state(il,i2).eq.1) then
class(il,i2)=class(il,i2)+5
class(ilp,i2)=class(ilp,i2)+1
class(ilm,i2)=class(ilm,i2)+1
class(il,i2p)=class(il,i2p)+1
class(il,i2m)=class(il,i2m)+1

else
class(il,i2)=class(il,i2)-5
class(ilp,i2)=class(ilp,i2)-1
class(ilm,i2)=class(ilm,i2)-1
class(il,i2p)=class(il,i2p)-1
class(il,i2m)=class(il,i2m)-1

end if

nmem(class(il,1i2),i2)=nmem(class(il,i2),i2)+1

nmem(class(ilm,i2),i2)=nmem(class(ilm,i2),i2)+1

nmem(class(ilp,i2),i2)=nmem(class(ilp,i2),i2)+1

nmem(class(il,i2m),i2m)=nmem(class(il,i2m),i2m)+1

nmem(class(il,i2p),i2p)=nmem(class(il,i2p),i2p)+1

== write result ==

if (time.gt.tslice) then
svar=1.d0/tslice
etotav=etotav*svar
magav=magav*svar
acceptanceratio=time/real (istep-isteplast)
write(10,*)nslicextslice,etot*weight,etotav*weight,mag,magav,acceptanceratio
write(11l,*)nslicextslice,etot*weight,mag
call plotstate(11l,nlx,n2x,state)
isteplast=istep
nslice=nslice+1
time=time-tslice

magav=0.d0
etotav=0.d0
end if

enddo
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close(10)

== analyze result ==

close(11)
print*,’magnetization’,2.d0*sum(state) /real (nlx*n2x)-1.d0
stop
end
1......... 2.0 . I I 4......... 5...... ... 6......... 6......... Teoo... 8

subroutine totalenergy(nlx,an,hext,jint,state,etot,mag)
implicit none

integer(8),intent(in) :: nilx
integer(8),intent(in) :: n2x
real(8) ,intent(in) :: hext
real(8) ,intent(in) :: jint
integer(8),intent(in) :: state(nlx,n2x)

real(8) ,intent(out):: etot
real(8) ,intent (out) : : mag

integer(8) 111,12
integer(8) :: ilp,ilm,i2p,i2m
integer(8) i1 nn

real(8) :: hint
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etot=0.d0
mag=0.d0
do i1=1,ni1x
do i2=1,n2x
ilp=1+modulo(il,nlx)
ilm=1+modulo(il-2,n1x)
i2p=1+modulo(i2,n2x)
i2m=1+modulo (i2-2,n2x)
nn=state(ilp,i2)+state(ilm,i2)+state(il,i2p)+state(il,i2m)
hint=jint*real (2*nn-4) ! sum_k jint*sigma_k
etot=etot- (hext+0.5d0*hint) *real (2*state(il,i2)-1)
mag=mag+real (2*state(il,i2)-1)

enddo
enddo
mag=mag/real (n1x*n2x)
return
end
..., 2 3. 4. ... oo 6. 6.oieee T 8

subroutine plotstate(nfil,nlx,n2x,state)
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implicit none

integer ,intent(in) :: nfil
integer(8),intent(in) :: nilx
integer(8),intent(in) :: n2x
integer(8),intent(in) :: state(nlx,n2x)
integer(8) 111,12
character (n2x) 11 string
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do i2=1,n2x
string(i2:i2)=’-"
enddo

write(nfil,*)’|’//string//’ |’

do il=1,nlx
string=""’
do i2=1,n2x

if (state(il,i2) .eq.1)string(i2:i2)=’0’

enddo

write(nfil,*)’|’//string//’ |’

enddo

do i2=1,n2x
string(i2:i2)=’-’

enddo

write(nfil,*)’|’//string//’ |’

return
end

Monte Carlo code for 2-dimensional diffusion on a square

lattice

program main
implicit none

integer(8) ,parameter ::
integer(8) ,parameter ::
integer(8) ,parameter ::
,parameter ::
,parameter ::
integer(8) ,parameter ::
:: nmem(nclasses,n2x)
:: nmeml

real(8)
real(8)

integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
integer(8)
real(8)
real(8)
real(8)
real(8)
real(8)
real(8)
real(8)

:: nnarr(nlx,n2x)

nclasses=64
n1x=50
n2x=50
hint=-1.d0
kbt=1.d0

! spin-spin interaction

nstep=10%*6 ! number of mc steps

state(nlx,n2x)

class(4,nlx,n2x)
i,istep,icount

:: nn,nnl,nn2,isvar,idir

ilmm,ilm,il1,ilp,ilpp
i2mm,i2m,i2,1i2p,i2pp

:: jlmm,jim, j1,jlp,jipp
11 j2mm, j2m, j2,j2p, j2pp

iclass,thisclass

;1 thisdir

:: x(nclasses)
:: w(nclasses)
:: pl(nclasses)
:: b

:: deltae,el,e2

svar

il ran

loccupation
'#(nearest neighbors)
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== prepare initial state

do il=1,nlx
do i12=1,n2x
call random_number (ran)
state(il,i2)=nint (ran)
enddo
enddo

== set up neighorlist

call neighborlist(nlx,n2x,state,nnarr)

== set up process table

== a process is characterized by the number of neighbors at the initial and the

== final state

== class=1 nnl=0, nn2=1
== class= 2 nnl=1, nn2=1
== class= 3: nnl=2, nn2=1
== class= 4: nnl=3, nn2=1
== class= 5: nnl=0, nn2=2
== class= 6 nnl=1, nn2=2

== class=15: nnl=2, nn2=4
== class=16: nnl=3, nn2=4

i=0
do nn2=1,4
do nn1=0,3
i=i+1
el=hint*real (nni)
e2=hint*real (nn2-1)
deltae=e2-el
pl(i)=exp(-deltae/kbt) | probability for a spin flip
enddo
enddo

svar=1.d0/sum(pl)
pl(:)=pl(:)*svar

== report probabilities

print*,’====== probability per class =======’
do i1=1,4

write(x,fmt="(4£20.10) *)p1 (1+4*(i1-1) :4%il)
enddo

== determine process classes
== class(1,i1,i2) process type for jump from (i1,i2) to the right (i2->i2+1)
== class(2,i1,i2) process type for jump from (i1,i2) to the left (i2->i2-1)
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== class(3,i1,i2) process type for jump from (il,i2) up (11->i1+1) ==
== class(4,i1,i2) process type for jump from (i1,i2) down (11->i1-1) ==
== count the number of processes in each class ==

call processlist(nlx,n2x,state,class,nmem)

== monte carlo loop ==

do istep=1,nstep
if (modulo(istep,nstep/100_8) .eq.0)print*, ’percent finished ’,100*istep/nstep

== gelect a class ==

do i=1,nclasses
w(i)=real (sum(nmem(i,:)))
enddo
w(:)=w(:)/sum(w(:))
x()=pl(*w(:)
x(:)=x(:)/sum(x(:))
call random_number (ran)
svar=0.d0
do i=1,nclasses
svar=svar+x (i)
if(svar.gt.ran) then
thisclass=1i
exit
end if
enddo

== gelect a random site from this class ==

nmeml=sum(nmem(thisclass,:))

call random_number (ran)

isvar=1+int (ran*nmem1)

isvar=min(isvar,nmeml) ! atom number in this class

icount=0
do i2=1,n2x
if (icount+nmem(thisclass,i2) .1t.isvar) then
icount=icount+nmem(thisclass,i2)
else
do il=1,nix
do idir=1,4
if(class(idir,i1,i2) .eq.thisclass) then
icount=icount+1
if (icount.eq.isvar) then
thisdir=idir
goto 1000
end if
end if
enddo
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enddo

end if
enddo

continue

== move atom

== neighborhood of initial state
ilpp=1+modulo(il+1,n1x)

ilp =1+modulo(il,nlx)

ilm =1+modulo(il-2,nlx)
ilmm=1+modulo(i1-3,n1x)
i2pp=1+modulo (i2+1,n2x)

i2p =1+modulo(i2,n2x)

i2m =1+modulo(i2-2,n2x)
i2mm=1+modulo (i2-3,n2x)

== final state

j1=i1

j2=12

if(thisdir.eq.1) then
j2=1i2p

else if(thisdir.eq.2) then
j2=i2m

else if(thisdir.eq.3) then
j1=ilp

else if(thisdir.eq.4) then
jil=ilm

end if

== neighborhood of final state
jlpp=1+modulo(j1+1,n1x)

jlp =1+modulo(jl,nix)

jlm =1+modulo(j1-2,n1x)
jlmm=1+modulo(j1-3,n1x)
j2pp=1+modulo (j2+1,n2x)

j2p =1+modulo(j2,n2x)

j2m =1+modulo(j2-2,n2x)
j2mm=1+modulo (j2-3,n2x)

== consistency check
if (state(il,i2) .eq.0) then
print*,’class ’,class(thisdir,il,i2)
stop ’error initial state unoccupied’
end if
if(state(j1,j2) .eq.1) then
print*,’class ’,class(thisdir,il,i2)
print*,’x1 ’,i1,i2
print*,’x2 ’,j1,j2
stop ’error final state occupied’
end if

== perform jump ==== S
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state(il,i2)=0
state(j1,j2)=1

! == update neighborlist
nnarr (ilm,i2)=nnarr(ilm,i2)-1
nnarr (ilp,i2)=nnarr(ilp,i2)-1
nnarr (il,i2p)=nnarr(il,i2p)-1
nnarr(il,i2m)=nnarr(il,i2m)-1
nnarr (jim, j2)=nnarr(jim, j2)+1
nnarr (jlp, j2)=nnarr(jlp,j2)+1
nnarr(j1, j2p)=nnarr(jl, j2p)+1
nnarr(j1, j2m)=nnarr(jl, j2m)+1

== update process list

do idir=1,4
call updateprocesslist(idir,il,i2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(idir,jl,j2,nlx,n2x,state,nnarr,class,nmem)
enddo

! == two steps straight right,left,up,down
call updateprocesslist(1_8,i1,i2mm,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,i1,12pp,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,ilmm,i2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,ilpp,i2,nlx,n2x,state,nnarr,class,nmem)

call updateprocesslist(2_8,i1,i2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(1_8,i1,i2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,ilm,i2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,ilp,i2,nlx,n2x,state,nnarr,class,nmem)

! == left lower diagonal
call updateprocesslist(1_8,ilm,i2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,ilm,i2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,ilm,i2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,i1,i2m,nlx,n2x,state,nnarr,class,nmem)

! == right lower diagonal
call updateprocesslist(2_8,ilm,i2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,ilm,i2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(1_8,ilm,i2,nl1x,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,i1,i2p,nlx,n2x,state,nnarr,class,nmem)

! == left upper diagonal
call updateprocesslist(1_8,ilp,i2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,ilp,i2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,ilp,i2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,i1,i2m,nl1x,n2x,state,nnarr,class,nmem)

! == right upper diagonal
call updateprocesslist(2_8,ilp,i2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,ilp,i2p,nlx,n2x,state,nnarr,class,nmem)
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call updateprocesslist(1_8,ilp,iZ,nlx,an,state,nnarr,class,nmem)
call updateprocesslist(3_8,i1,i2p,nlx,n2x,state,nnarr,class,nmem)
== two steps straight right,left,up,down
call updateprocesslist(l_S,j1,j2mm,n1x,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,j1,j2pp,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,jlmm, j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,jlpp,j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,j1,j2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(l_S,jl,j2p,n1x,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,jlm,j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,jlp,j2,nlx,n2x,state,nnarr,class,nmem)
== Jleft lower diagonal
call updateprocesslist(l_S,j1m,j2m,n1x,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,jim,j2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,jlm,j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,j1,j2m,nlx,n2x,state,nnarr,class,nmem)
== right lower diagonal
call updateprocesslist(2_8,jim,j2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,jlm,j2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(1_8,jlm,j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,j1,j2p,nlx,n2x,state,nnarr,class,nmem)
== left upper diagonal
call updateprocesslist(1_8,jlp,j2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,jlp,j2m,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(2_8,jlp,j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,j1,j2m,nlx,n2x,state,nnarr,class,nmem)
== right upper diagonal
call updateprocesslist(2_8,jlp,j2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(4_8,jlp,j2p,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(1_8,jlp,j2,nlx,n2x,state,nnarr,class,nmem)
call updateprocesslist(3_8,j1,j2p,nlx,n2x,state,nnarr,class,nmem)

enddo
== analyze result ==
open(11,file=’diffusion.out’)
call plotstate(l1l,nlx,n2x,state)
close(11)
stop
end
N 2. 3. .. 4. ..., 5. .. 6. 6. T, 8

subroutine neighborlist(nlx,n2x,state,nnarr)
implicit none
integer(8),intent(in) :: nilx
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integer(8),intent(in) :: n2x
integer(8),intent(in) :: state(nlx,n2x)
integer(8),intent (out) : : nnarr(nlx,n2x)
integer(8) 111,12
integer(8) :: i1lp,ilm,i2p,i2m
stk ok ok sk sk ok o ok sk ok ok ok o sk ok ok ok o ok sk sk ok o ok sk sk ok ok ok sk sk ok o ok sk sk ok ok sk sk o o ok sk sk ok o ok sk sk o ok sk sk o ok sk sk ok sk ok sk sk ok o ok sk sk ok ok sk ok ok ok
do il1=1,nlx
do i12=1,n2x

ilp=1+modulo(il,nlx)
ilm=1+modulo(il-2,nl1x)
i2p=1+modulo(i2,n2x)
i2m=1+modulo (i2-2,n2x)
nnarr(il,i2)=state(ilp,i2)+state(ilm,i2)+state(il,i2p)+state(il,i2m)
enddo
enddo
return
end

subroutine updateprocesslist(idir,il,i2,nlx,n2x,state,nnarr,class,nmem)

== update process classes ==
** assumes that occupations "state" and neighborlist "nnarr" are updated *k
== class(1,i1,i2) process type for jump from (i1,i2) to the right (i2->i2+1) ==
== class(2,i1,i2) process type for jump from (i1,i2) to the left (i2->i2-1) ==
== class(3,i1,i2) process type for jump from (il,i2) up (11->i1+1) ==
== class(4,1i1,i2) process type for jump from (i1,i2) down (11->i1-1) ==
== count the number of processes in each class ==

implicit none

integer(8),intent(in) :: idir
integer(8),intent(in) :: il
integer(8),intent(in) :: i2
integer(8),intent(in) :: nix
integer(8),intent(in) :: n2x
integer(8),intent(in) :: state(nlx,n2x)

integer(8),intent(in):: nnarr(nlx,n2x)

integer(8),intent (inout):: class(4,nlx,n2x)

integer(8),intent (inout):: nmem(64,n2x)

integer(8) 1o j1,32

integer(8) :: nnl,nn2

sk o e ok sk o o o ok sk sk o sk o stk o o o ok sk o ok sk o s ok sk sk o o ok sk sk o e ok sk sk o s stk o s sk sk s o ok sk o s ok sk o s o sk sk ok o ok stk o e ok sksk o

== disconnect all processes

if(class(idir,i1,i2) .ne.0) then
nmem(class(idir,i1,i2),i2)=nmem(class(idir,i1,1i2),i2)-1
class(idir,i1,i2)=0

end if

== no hops from this site if not occupied
if(state(il,i2) .eq.0) return

== select final position
j1=i1
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j2=i2

if(idir.eq.1) then
j2=1+modulo (i2,n2x)

else if(idir.eq.2) then
j2=1+modulo(i2-2,n2x)

else if(idir.eq.3) then
j1=1+modulo(il,nlx)

else
jl1=1+modulo(il-2,n1x)

end if

== include hop
if(state(j1,j2).eq.0) then
nnl=nnarr(il,i2)
nn2=nnarr(j1,j2)
class(idir,il,i2)=1+nnl1+4*(nn2-1)

nmem(class(idir,i1,1i2),i2)=nmem(class(idir,i1,i2),i2)+1

end if

return

end

PR 2000000 3. 4. ... 5. ... 60 6......... T 8
subroutine processlist(nlx,n2x,state,class,nmem)

== determine process classes ==
== class(1,i1,i2) process type for jump from (i1,i2) to the right (i2->i2+1) ==
== class(2,i1,i2) process type for jump from (il,i2) to the left (i2->i2-1) ==
== class(3,1i1,i2) process type for jump from (il,i2) up (11->i1+1) ==
== class(4,1i1,i2) process type for jump from (i1,i2) down (11->i1-1) ==

== count the number of processes in each class

implicit none

integer(8),intent(in) :: nilx
integer(8),intent(in) :: n2x
integer(8),intent(in) :: state(nlx,n2x)

integer(8),intent (out) :: class(4,nlx,n2x)
integer(8),intent (out) : : nmem(64,n2x)

integer(8) ::i1,i2,idir
integer(8) :: ilp,ilm,i2p,i2m
integer(8) :: nnl,nn2
integer(8) :: nnarr(nlx,n2x)

>k 3K 3K 5K ok ok 5k 5k 5k 5k 5k >k >k >k >k >k 5k 5k ok ok 5k 5k 3k 5k %k >k >k >k >k >k 5k 5k 5k 5k 3k >k >k %k >k >k >k >k >k 5k 5k 5k 5k %k >k >k >k >k >k >k >k >k >k >k 5k 5k >k >k >k >k >k >k >k >k >k >k >k >k >k >k >k >k >k >k >k >k *k *k >k >k

call neighborlist(nlx,n2x,state,nnarr)
nmem(:,:)=0
class(:,:,:)=0
do il=1,nlx
do i2=1,n2x
if(state(il,i2) .eq.0) then
class(:,1i1,i2)=0
cycle
end if
ilp=1+modulo(il,nlx)
ilm=1+modulo(il-2,n1x)
i2p=1+modulo(i2,n2x)
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i2m=1+modulo (i2-2,n2x)
nnl=nnarr(il,i2)
! == hop to the right side

idir=1
if (state(il,i2p).eq.1) then

class(idir,i1,i2)=0 ! no jumps from this site possible
else

nn2=nnarr(il,i2p)
class(idir,il,i2)=1+nn1+4*(nn2-1)
nmem(class(idir,i1,i2),i2)=nmem(class(idir,il1,i2),i2)+1
end if
! == hop to the left
idir=2
if (state(il,i2m) .eq.1) then
class(idir,i1,i2)=0
else
nn2=nnarr(il,i2m)
class(idir,il,i2)=1+nn1+4*(nn2-1)
nmem(class(idir,i1,1i2),i2)=nmem(class(idir,i1,i2),i2)+1
end if
! == hop up
idir=3
if (state(ilp,i2).eq.1) then
class(idir,i1,i2)=0
else
nn2=nnarr(ilp,i2)
class(idir,il,i2)=1+nnl1+4*(nn2-1)
nmem(class(idir,i1,i2),i2)=nmem(class(idir,i1,i2),i2)+1
end if
! == hop down
idir=4
if (state(ilm,i2).eq.1) then
class(idir,i1,i2)=0
else
nn2=nnarr(ilm,i2)
class(idir,il,i2)=1+nn1+4*(nn2-1)
nmem(class(idir,il1,i2),i2)=nmem(class(idir,il1,i2),i2)+1
end if
enddo
enddo
return
end

subroutine plotstate(nfil,nlx,n2x,state)
! sk sk o ok sk sk o e kst sk sk s sk sk sk ok stk sk ok stk sk s ok sk sk sk o ok sk o e ok sk sk sk s stk s sk kst s sk ok sk sk ok stk sk sk ok sk stk sk ok stk ok s ok sksk ok

implicit none

integer ,intent(in) :: nfil
integer(8),intent(in) :: nilx
integer(8),intent(in) :: n2x
integer(8),intent(in) :: state(nlx,n2x)
integer(8) tr11,12
character (n2x) 11 string

! >k >k 5k ok ok ok ok ok ok >k >k >k >k >k >k >k ok ok ok ok ok ok >k >k >k >k >k >k >k 5k ok ok ok 5k 5k >k >k >k >k >k >k >k >k 5k 5k ok 5k 5k >k >k >k >k >k >k >k >k 5k 5k 5k 5k 5k >k >k >k >k >k >k >k >k ok ok ok ok >k >k >k >k >k >k >k k Kk k ok
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do i2=1,n2x

string(i2:i2)=’-"
enddo
write(nfil,*)’|’//string//’ |’
do il=1,nlx

string=""’

do i2=1,n2x

if (state(il,i2) .eq.1)string(i2:i2)=’0’

enddo

write(nfil,*)’|’//string//’ |’
enddo
do i2=1,n2x

string(i2:i2)=’-’
enddo
write(nfil,*)’|’//string//’ |’
return
end
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Appendix C

A small Dictionary

acceptor

attempt
compartment
constraint
denominator

die; pl. dice
donor

dopant atom
ensemble

exert

extrinsic
extensive

factorial

forecast
frequency
intensive

intrinsic

law of mass action
heat

intrinsic

moment of inertia
multiplier
numerator
number representation
partition function
Planck’s law
shallow

toy

transition state
trace

Wiensches verschiebungsgesetz
work

Akzeptor

Versuch

Abteil
Zwangsbedingung
Nenner

Wiirfel

Donator

Dotieratom
Gesamtheit

ausiiben

extrinsisch

extensiv

Fakultat (n!)
Vorhersage

Haufigkeit; Frequenz
intensiv

intrinsisch, eigenleitend
Massenwirkungsgesetz
Warme

intrinsisch
Trdgheitstensor
Multiplikator

Zahler
Besetzungszahldarstellung
Zustandssumme
Planck’s Strahlungsgesetz
oberflachlich, seicht
Spielzeug
Ubergangszustand
Spur

Wien's displacement law
Arbeit
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Appendix D

Basic quantum mechanics

D.1 Position operator and position eigenstates

Let us assume that only know bra's and kets but no wave functions. In the following we will define
wave functions from the abstract bracket notation. Let us denote the position eigenstates as |x).
The position eigenstates is the link between kets and the corresponding wave functions. We require
that the unity operator is expressed by the position eigenstates as

i = / ) (D.1)

Given a ket |¢), the corresponding wave function ¥(x) is defined by the scalar product

def

Y(x)=(x[¥)
Given a wave function ¥(x),we obtain the corresponding ket by

) = / i x) (x| ) = / dx ) (x)

—_—
=1

What is the wave function 9, (x) corresponding to a position eigenstate |xp)? We obtain the
solution by multiplication with the unit operator

o) = / dx |x) (x]x0)
~——
:wxo(x)

This equation can only be valid if
Yo (X) = (X|x0) = 8(x — x0)

Now we can define the position operator X by its eigenvalue equation

Its explicit form in terms of position eigenstates is obtained as

/dx@(x\ = /dxfdx)(x\ :f(/dx|x>(x| =X
—21x) —_——

=1

=X = /dx |x)x (x|

141
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Momentum operator and momentum eigenstates

Next we define momentum eigenstates

(xlp) = /"
as eigenstates of the translation operator in real space.
Again, we start from the eigenfunctions to define the position operator

h hoo
+0x{xlp) = 76Xe'px/ﬁ = p(x|p)

P2 [ax o) = [ dx i elp = o

p -1

Thus we find that the momentum operator defined as

R h
b= / dx [x) Ty {x

produces the correct eigenstates and eigenvalues.

Evaluating the matrix elements {(p|p’) is non-trivial, because the wave functions are not square

integrable. We obtain the result through a limit. We introduce periodic

boundary conditions to

discretize the momentum spectrum. With periodic boundary conditions we allow only states that are

periodic with a period L.

2mh

(x+ L|p) = (x|p) = pn=—n

periodicity
Now we perform the integral over one periodic unit

L L
j L fi
/ dx (pi|x)(x|pj) =/ dx e/ (Pi=P)x/h — { or
0

0

<where 6p = pi11 — pj = 2.

Now we can perform the limit L — oo and obtain!

(ple) = / " dx plx (xIp') = 27h3(p — o)

—0o0

=)
i#]

Finally, we need to represent the unit operator in terms of momentum eigenstates. Also here it is

advantageous to start from a discrete spectrum. For any complete, but not
basis {|uj)}, the unit operator has the form

1= 1u)Sj{ul
i

necessarily orthonormal,

where S is the inverse of the overlap matrix. The overlap matrix has elements (u;|u;).

2mh 2mh
bij = Z Sik(pPklp) = Z 5f,kW5k,j = Si'ij
P P
Ap
= S,J = %6,,1

1 we need to show that the integral over the delta function is equal to one:

1 5y
1 =Z<5,,J =ZAPAT)5,J ﬁ/dp/A’;l’; =/dp 5P —p))
! !
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Thus we can use our momentum eigenstates and obtain
~ Ap Ap dp
i — , Up | = _IpVWp| = | == D.2
EU |pi) 550 {pi] E,. 5r P (Pl /27#7 1p) (Pl (D.2)

Thus the sum over states normalized states is transformed into an integral over states with a prob-
ability density equal to one.

Note that an operator may have a spectrum that contains discrete eigenvalues and continuous
intervals of eigenvalues.

Hamilton operator

The Hamilton operator is obtained from the classical Hamilton function by replacing the position
argument with the position operator and the momentum argument with the momentum operator.

The function of an operator is defined by its power-series expansion. If the Hamilton function
has the power series expansion of the Hamilton function is

Hip x) =Y ap'x’
iJ
the Hamilton operator? has the form
. o h i J
A=Y aups = ([ axinfo.) ( [ axboxi) (03)
iJ iJ
_ /dx EOET (ﬁax>i(x)f (x| (D.4)

— " ]
1J

- /dx |X>H(?6X,X)<X| (D.5)

2The momenta and positions must be ordered such that the resulting operator is hermitian
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Appendix E

Background material

E.1 Rotational energy levels

Editor:This is not read see Atkins Physical chemistry, p554 and Atkins Molecular quantum
mechanics

For a general molecule we calculate the moment of inertia as

N
lij = Z Myl ilk,j
k=1

The rotational energy is

This can be simplified by transforming on the principal axes of the moment of inertia, which has
eigenvalues /1, I>, I3. Now the energy can be written as

145
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From the angular momentum we obtain

L€, my=|¢, myhm

L2|e, m) = |[¢, m)h2L(¢ 4 1)

Lole,m) =16, m+1)a/ (L —m)(£+m+1)

Lo, m)=¢,m—1)A/(L+m)(l—m+1)
Lo=1L,—il,
Ly=Lx+il,

L2|¢, m) = [£, m)h>m?

L2+ L2]e, m) = hle, m) [e(e+ 1) — m?]

L2 = %(u +L)= %(Li Lyl o+ L Li+12%)
_ %(L2++L2—L§—hLZ+L2,)
- % (L2 — L2 —hL, + (L2 + L))

L2 = %(L+ —L )2 = %(Li — Lyl —L_Ly+1L2)
_ %(Li—L2+L§+hLZ+LE)

1
=7 (- L2-nL— (L5 +12))

E.2 Equations of state from the equilibrium probabilities

Here we derive the equations of state from the form of the equilibrium probabilities.

Here we derive Egs. 7?7, ?? and Eq. ?? from the microscopic states.
Proof:

e First we show how the expectation values can be obtained from the free

energy.
OF (T, f)) 0 B 5
T a—fi(—kBTln[Z(T,f,)]) = kBngf,-Z(T'f’)
1 1 T )
=—kgT i Z </(B7—Xiﬁ> e rar (Ea=3; fiXiq)

1 1
Z(T.f;)

- _ an_iefks%(&fz, fiXi5—F(T 1))

=Px(T.f)

n
== PiXis=—X{(T.f)
A

cont'd. ..
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o Now we calculate the temperature derivative of the free energy

w _ 6% (—ksT IN[Z(T, £)])
1 6]

= e 2T O~k T 707 7y 7

F/T

—Z(T, f)

1 o
- ZF - keT e 7"

Z(T.f;)

f,: _ = Z < _ Z fl_XﬁvI) o~ 7 (En= X iXai=F(T.£))
1

=Ps(T.f;)

1
=7 (F(T. fi) = U(T. £)) + Z AiXi(T. f,-))

cont'd. ..

e The entropy as function of the intensive variables is
S(T.f;) = —ks Z Pa(T, £) In[P+(T, f;)]
= 23 AT ) (Eﬁ S X F(T, ﬁ))
il i=1
- ;(Z P(T. £)Eq — ; DI
~F(T.6) Y (T, £)

: =1
1 n
-7 (UW, )= D0 (T )~ F(T. m)

i=1

The expression for the entropy is identical with the temperature derivative of the
free energy. Using one of these expressions we can then evaluate the internal

energy

E.3 Configurational entropy

E.3.1 Number of arrangements of /N distinguishable particles on /N positions

Here we determine the number r(N) of ways N distinguishable particles can be arranged on N lattice

sites.
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e We can choose from N atoms and place them on the first position.

e For each such choice we can choose from N — 1 atoms for the second position. Hence there
are N(N — 1) ways to place the first two atoms.

e For the third position we can choose from N — 2 atoms, so that we can arrange the first three
atoms in N(N — 1)(N — 2) ways on the first three positions.

e We continue this and obtain N(N — 1)(N —2)...(N — i+ 1) for the i-th position.

e Once we arrive at i = N, we obtain N- (N —1)...2-1= NI

Thus we obtain the result

F(N) = N! (E.1)

E.3.2 Number of arrangements of indistinguishable particles

Consider M; lattice sites on which N atoms can be placed. Every position can be occupied by at
most one atom. The atoms shall be indistinguishable, so that one configuration is determined only by
the positions that are occupied: A permutation of two atoms does not produce a new configuration.

1. The first atom can be placed on any of the M lattice sites. Therefore, we obtain g(1) = Ms

2. The second atom can be placed on any of the Mg — 1 lattice sites. Thus we obtain Ms(Ms—1)
configurations. However, each configuration has been counted twice: For every configuration
with the first atom on site / and the second atom on site j, there is also one with the first
atom on site j and the second on site /. Wen we account for double counting we obtain

_ Ms(Ms—1)
q(2, Ms) = =5—

3. The third atom can be placed Mg —2 sites. Again we need to account for double counting. For
any three occupied sites we obtained the following six occupations (123); (132); (213); (231); (312); (321),
where the numbers refer to the first, second and third atom and the position in the triple
refers to the three occupied lattice sites. There are six possibilities and therefore q(3, Ms) =
Ms(M—D(Ms=2) Note that the divisor is simply r(3) as defined in Eq. E.1.

4. For the N-th atom we obtain Mg(Ms —1)...(Ms — N+ 1) = ﬁ possibilities for distin-
guishable atoms. The number of ways the M atoms have been arranged for a given set of
position is M!, as obtained in eq. E.1.

Thus we obtain the configurational degeneracy as

QYA E—— (E2)

I(Ms — N)!

E.3.3 Configurational entropy

If all configuration can occur with the same a-priori probability, the entropy is given as Sconr =
kg In[g(N, Ms)] by the configurational degeneracy given in Eq. E.2. Thus we obtain

M|

Sconf(N, Ms) = kB'”[m] (E-3)
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For large numbers, Ms >> 1; N >> 1, Ms — N >> 1 we can use Stirling’s formula, Eq. F.1.
Furthermore we introduce the average occupation 8 = N/M.. We obtain

M,!
Sconf = kg |ﬂ[m]
~ kB(MS In[Ms] — Ms —NIn[N] + N —(Ms — N)In[Ms — N] + (Ms — /v))
~In[M!] ~—In[N!] ~—In[(Ms—N)!]

- kB(/\//s In[M4] — NIn[N] — (Ms — N)In[Ms — /\/])
- MSkB(In[/\/IS] — 9 In[Ms6] —(1—6)In[Ms(1 — 9)])
—— —_————
=In[M;s]+In[6] =In[M;s]+In[1-6]
— Mks (—eln[e] —(1-6)In[(1— 9)])

Thus we obtain the following expression for the configurational entropy in the limit of large numbers

Scont (6) = —Mske (81n[6] + (1 — 6) In[(1 - 0))) (E4)

Sconf '
Mskg
0.4

0.2 —

(]
[@)]
'\,
| |

Fig. E.1: Configurational entropy as function of occupation 6

E.4 Free energy of formation and defect concentration

Consider a defect in a host lattice. The energy required to create a defect is the formation energy
Er = E[N = 1] — E[N = 0], where E[Ms = 1] is the total energy of the system with one defect and
E[N = 0] is the total energy of the defect, free host.

| the defects are sufficiently dilute, so that there is no interaction between defects, we can compose
the Free energy for a given number of defects from the total energy M.6EF and the entropies. We
divide the entropy into the configurational entropy and a vibrational entropy Ns,j,. Syip is the
vibrational entropy per atom.

Ms! _ M(EE—Tsyip)
F(T,N) = —kgT In[Z] = —kBTIn[me BT
M;!
kBTIn[m]+N(EF TSV,'b)
=T Sconf

- M, (eEF 0T sip+ kBT(e In[6] + (1 — 6) In[1 — e])
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From the free energy we can derive the chemical potential, which can be equated with that of
the particle bath to obtain the concentration of defects.

_dF _dF 48
H=34N = d6 dN
= EF + kBT(|ﬂ[9] +1—- In[l — 9] — 1) — TSV,'b
6
=Er+ k5T|ﬂ[1 _9] — Tsvip

We set this chemical potential equal to that of the particle reservoir, and obtain

0
Wbath = = EF + kgT |n[m] — Tsvip

0 — Ee=tpatyTsvip
_— B
1-6 ©
Er — — Tsyin ]
6= |1+ exp( F — Mbath 5v1b) (E.5)
ks T
The result is shown in Fig. E.2
0.5 T T T . 0 T T T I
0.45 -
0.4 - —20 - g -
0.35 |- 1
03 7 - —40 + i
9 025 1 Logio(6)
02 - —60 - -
0.15 -
0.1 - —-80 -
0.05 -
0 1 1 1 —100 1 1 1 1
0 0.5 1 1.5 2 0 0.02 0.04 0.06 0.08 0.1
T T

Fig. E.2: Top: Occupation as function of temperature. Bottom: Decadic logarithm of the above.
(EF — Wpath — T Svip)/ ks has been set to one.

E.4.1 Concentration if the heat bath is a gas

The chemical potential of a gas is

_ pAS ) [ 2mh
u = kBTIn l:kBT:| with >\T = kaT

We insert this into Eq.E.5 and obtain

EF — ftbath — TSuin\]
g — [1+exp( F — Mbath S b)]

keT
ksT

Er Suiby]
pu— 1 —_— — -
[ + 3 eXD(kBT)exp( P )]

In the limit of small partial pressures, that is small coverage, we obtain

pAS E
O(p<<l)= ks—;_exp(—kB—;_ exp(

Svib
kg )
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The concentration depends strongly on s,;,. The vibrational entropy is for each vibrational mode

Svib = kg In[1 — e~ M/ (ke T)]

If one atom is adsorbed, there are three additional vibrational modes so that the entropy above must
be multiplied by three. In general we denote the number additional vibrational modes by d.

keT 1 -
6= {1 3 (1= e mitemyd Pl T)}

At low temperatures, that is kg7 << hw the exponential containing the vibrational frequencies
becomes small compared to unity and drops out. At high temperatures we obtain

keT [ keT
O(keT >> hw) = 1+B-< 5 ) (

A3 hw

E.5 Concentration of oxygen vacancies in an oxide

E.5.1 Vacancies

First we need to determine the entropy for vacancies in a lattice with M sites. We need to count the
number of possibilities to distribute N vacancies onto M lattice sites.

For one vacancy there are clearly M possibilities, hence S(N = 1) = kg In[M]. For 2 vacancies
we can place the first onto one of M lattice sites, and the second onto M — 1 lattice sites. However,
we created each vacancy distribution twice. (The first on place A and the second on place B or the
first on site B and the second on place A.) Therefore the entropy is S(N = 2) = kg In[M(M —1)/2].
Continuing this result we obtain for a general number of vacancies:

We use Stirling’s Formula In[n!] = nIn[n] — n+ O(1/N) and obtain

S(N) = kg (MIn[M] = M — (M — N)In[M — N] + M — N — NIn[N] + N)
= kg (MIn[M] = (M = N)In[M — N] — NIn[N])

:kB<M|n[ M M — /\/]>

]+Nln[

Now we introduce the concentration ¢ = N/M

S(N) = Mk ('”[1 i -]+ cIn[A= C])

= Mkg (—In[1 —c] + clIn[l — ¢] — cIn[c])
= —Mkg ((1—c)In[1 —c]+ cln[c])

Note that the entropy is similar to the Entropy for electrons.

The energy of a system is equal to N times the formation energy of a vacancy, namely EF =
E(N+1)— E(N).

E(N) = NEF = McEr
Combining energy and entropy we obtain the free energy

F(N)=E(N)—=TS(N)=MI[cEr+ kgT ((1 —c)In[l — c] + cIn[c])]
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The chemical potential of oxygen atoms, which is the negative of the chemical potential for a
vacancy. It can be calculated from the derivative of the free energy.

OF (T, N)
HoT TN
j/fl 68 [cEF + ke T ((1 — ¢)In[L — c] + cIn[c])]
= Er + keT (In[l . 1:—2 +In[c] + z)
— Er + kT In[—]

Thus we obtain the chemical potential required to produce a given vacancy concentration.

c
=—EF — kgT|
Ho F — Ks n[l—c]
1
c= uwo+EE
1_|_e kgT

E.5.2 Ideal Gas

F(T,V.N) = —=NkgT + In[——]

N>\3

27 h2

A=A ks

where m is the mass of the molecule, not the mass of the atom.
The Gibbs Free energy

OF(T,V,N)

G(T,p,N)=F(T,V.N)+pV ,where p= BV

The chemical potential is the derivative of the Gibbs free energy with respect to particle number

/J'|p,T =

oG oF +p oV L oF oF
oN ~ |av ON BN

— —keT {1 +1n [,\,\;%” - NksT {_M

Vv

Vv
= —kgT|
oo 53]

>\3
= +kgT |
=+ n [kBT]

In the last step, we used the ideal gas law pV = NkgT to express the particle density by the partial
pressure. (The ideal Gas law follows from p = 8F/8V).
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E.5.3 Rotator

£ n20(e+1)
bm e T o mer2

7, = Ze*ﬁf:—e,m
4,m

=> (2 + 1)e~ iz teeD)
L

oo
z/ dx(2x 4 1)e~o¥+D)
_1

2

_ / T gL 4 moxxn)
1

1 o dx
— le0/4
o
_ B
C2mrr2
The integrand has a zero at x = —%. Starting the integral at this point is introduces a smaller error

than starting from zero. The approximation is accurate for high temperatures.
1
F(T,N)=—kgT In[Zny] = =NkgT In[Z1] = =NkgT In Le“/“]
— NkgT In [Ue"’/“}

The contribution to the chemical potential from the rotation is therefore

oF

Krot = 8W = kgT
In [ae_"/“}
Note, that the mass is the effective mass of the molecule mi = m% + m%

E.5.4 Oxidation

02 «~ 20
= E[OQ] = 2E[O] + 2uo
= 1o = 5E[0:] — E[0)
SrTiO3 > SrTiOs—x + xO
= E[SrTiO3] = E[SrTiO3_] + xE[O] + xuo
_ E[SITiOs) — E[SrTiOs]
X

= Ko E[O]:—EF—EO
The energy is to be taken the free energy.
The energy to remove an oxygen atom from the gas is

ke T [pk%—]

1
ho = EE[OQ] - E[O] + ?In ko T
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where A+ need to be evaluated with the molecular mass (and not the atomic mass).
The energy to remove an oxygen from the oxide is

uo:—EF—Eo—kBTIn[ ¢ }
1—c

In thermal equilibrium the two chemical potentials must be identical

ksT [DA%}

C
—EF—EO—kBTm[l_C]_ E[02] = EIO] + =5=In |

_ 2EE+E[0y]
e kgT =

1
2
2
_ kB T _ 2EFk+ET[Oz]
P=\"¢ )

-1
A3 Ep+E0o)/2
1 + ‘DiTe kgT

E.6 Origin of the exchange interaction

Editorial Remark: This should go into an appendix The interaction between spins in the Ising
model is not of magnetic nature as one might naively expect. The magnetic interaction is long
ranged and much smaller than the exchange interactions that play a role in the Ising model.

Let us investigate the exchange interaction. Consider two sites with one electron on each site.
The basis set is built up of a single spatial orbital on each site, ¢ and . Each orbital is a two
component spinor, where the upper component corresponds to the spin-up contribution and the
lower component is the spin-down contribution so that we can build four one-particle orbitals from
two spatial wave functions.

11.0) = (%”) =4

Loy=( .29 =e0p
=10

0.1) = (wér)>> = Y(Na
o0 =( %) =we
T\

where o = (1,0) and 8 = (0, 1).
Out of the one-particle wave functions we build two-particle Slater determinants of the type

| T.4) = %<| 1,0) x |0,4) —10,)) x| 1,0)). Out of the 16 product states that can be build from

the four one-particle states, 6 are excluded because they differ only by a sign change, 4 are excluded
because they involve two identical one-particle states, which is prohibited due to Pauli principle. We
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are left with 6 states:

a1 — Bras

V2
119, = =5 ($0)0(r) — D)) Janrce

| 14.0) = ¢(r1)d(r2)

140, = 75 (0o — W) d(r)Br )

119, = 5 (0B = (o) )
1) = =5 (#0)0() — D)) )8

a8 — Brao

V2

Two states, namely | 1, 0) and |0, 1)), correspond to charge transfer states, where one electron
has been transferred from one site to another. We exclude them with the argument that the Coulomb
repulsion makes these states very unfavorable.

0, 14) = ¥(n)Y(r)

When we evaluate the expectation value of the Hamiltonian. Note here that the operator yielding
the charge density is proportional to the unity operator in spin space.

-m_, 10
H—ZWV, +\/(I’,') <O 1>

L€ 1 (Imal o S
4me|r—r| \ 0 [n)(n] 0 |n){nl

e= [ o[ o+ vin]oi)
o= [ o o ,¢*<r>¢<r>¢*<r>¢<r>

lr—=r']

K= [ ar [ o BORIBN)
r—r]
s= [ ar [ ar B0

r=r1

we need four variables

In order to diagonalize the Hamiltonian, we form angular momentum eigenstates

e=0.m=0)= (|14~ 41)

e=1m=1) =11
6=1,m=0) = f(|w>+|¢¢>)
le=1.m=-1)=|44)

The energies of the eigenstates can then be evaluated as the diagonal elements of the Hamiltonian

(1] 1) K-J 0 0 0
Wl 1] _] o K-J 0
(41 |41 0 —J K 0
(W |44 0 0 0K-—J
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We obtain the eigenstates as

HI 1) = K= JI 1. 1)

H%(\MHIMO :(K—J)%O L +1L1)
H%(M,@_H,T)) :(K+J)\%(| T = 14.1)

HI L) = K= Jl L)

The Coulomb integral appears on all diagonal elements, because all states have equal charge density,
and only spins are interchanged.

The two states

S5 (110 =111) = 5 (000 + w(m)8(r)) (0162 ~ Bres)
S5 (10 101) = 5 ()00) = w(r)o(r)) (062 +Bras)

are the singlet state with S, 1 + S, = 0 and the triplet state S, 1 + S, = f.
Thus | can write the Hamiltonian as

bH =K — JO’10'2

The coupling among the spins is the exchange coupling J.



Appendix F

Mathematical formulas

F.1 Stirling’s formula
Stirling’s formula

In[n'] = nin[n] — n (F.1)

and its more accurate version

In[n!] = (n + ;) In[n] — n + In[27] (F.2)

is very useful in statistical mechanics because the factorial 1.2 noceursin many combinatorial
problems and the logarithm is required to evaluate entropies.

100 ' I T T T 7

80

60

40

20

0 10 20 30
Fig. F.1: Comparison of stirling's formula with exact result. The circles represent In[n!]. The full
line is stirling’s formula nin[n] — n. The dashed line is nin[n].

As seen by comparison with Eq. F.2, the error of the approximation Eq. F.1 in Stirling’s formula
increases like In[n] with n. Why could a formula be useful, that does not converge to the correct

result at all? It is useful, if the quantity of interest contains X In[n!] so that we can use

%In[n!] — %[nln[n]—n] for n— oo

157
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Most problems in thermodynamics “effectively” are of this form.

F.1.1 Proof of Stirling’s formula

Here another proof using the saddle point approximation:

The proof is based on a representation of the factorial by an integral: Consider the integral, which
we solve by repeated partial integration

/ dtthe™" = / dt [nt"te™t — 8, (t"e71)]
0 0

2 0([Carere)

2oy ([ oe e

sy to ([ oe e
=11 ([ ar )

—_——
=1

._.
1%
=}

= nn=-1)...1=n!

Now we bring the integral into a more convenient form

nl = /Oo dt t"e t = /OO dt enn(t-t
0 0

The maximum of the function in the exponent has its maximum at t = n. We introduce now a
variable transform s = nt so that the position of the maximum is independent of n.

oo
t=ns nin[ns]—ns
n! = n dse
0

Infabl=In[al +In[b] n/oo ds en(inls]—s-+in[n])
0
Furthermore we separate the value of the maximum out of the integral
oo
nl = nenln[n]—n/ ds en(In[s]—s—}—l) (F3)
0

Now we use the so-called saddle-point approximation: For an integral of the form fab dx ef(x)

with a sufficiently large n, only a narrow region near the maximum of f(x) contributes appreciably
to the integral. In this region, we can replace f(x) by its Taylor expansion up to second order about
the maximum xg. Within this approximation the integrand is converted into a Gaussian. Since the
Gaussian contributes appreciably only in a narrow region around the maximum we may also change
the bounds of the integral to infinity. Thus we obtain

/b dx e ) ~ /DO dx en(f(xo)+% %
a —o0

(x=x)?)

X0
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This integral can be solved analytically using ffooo dx e = VT, i.e. Eq. F.6.

b o0 1, d%f
dx &)~ / dx enf(xo)+§ n<t

a —00

(x—=x0)?
X0

enfo) (F.4)

Fig. F.2: Left: The function In[x] — x and its Taylor expansion to second order about x = 1. Right:
the function exp(n(xIn[x] — x + 1)) and its Gaussian approximation (dashed) for n=1,10,100. Note
that the accuracy of the Gaussian approximation becomes better with increasing n.

Using f(x) = In(s) — s + 1 we obtain the position of the maximum at x; = 1, and f(1) = 0,
8«f(x)l; =0, and &2f(x)|, = —1.

1
|mg—s+17@”—§@—1y+og—1f
Thus within the saddle point approximation we obtain Eq. F.3

) Eq';zFA ennlrl=n\/omn (F.5)

nl = nenln[n]fn /oo ds en(ln[s]75+1
0
Now we can take the logarithm of the factorial and obtain:
1 1
In[n!] = nin[n] — n+ 5 In[n] + > In[27]
1 1
= (n + 2) In[n] — n+ 5 In[27]

which is the desired result Eq. F.2, from which Eq. F.1 can be readily obtained by ignoring all terms
that grow slower with n than n.

F.1.2 Another derivation of Stirling’s formula

In the following another derivation of Stirling's formula is shown. We do not follow the original
derivation, but use a few, increasingly accurate, approximations. The reason for this is that it
demonstrates a few, rather versatile, concepts for numerical integration.
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The simple formula

In[n'] =In[1] +In[2] + ...+ In[n] = z”: In[i]

Now we convert the sum into an integral.
n n
In[n!] = / dx In[x] = {xln[x] - x} =nin[n]—n+1=nin[n] —n
1 1

and obtain the simple result Eq. F.1. This derivation is very simple to memorize.

Correction 1

The critical step Eq. F.6 has been the conversion of a sum into an integral. It is not clear yet if that
is legitimate.

Therefore, we show below how the integral can be made more accurate by approximating the inte-
gral by piecewise line segments and later on by piece-wise parabolic segments, etc. These calculations
will provide us with increasingly better representations of In[n!].

We start with the integral, which we approximate by piecewise straight line segments. For each
line segment the integral is the average of the function values at the boundaries of the segment
multiplied with the size of the interval.

n—1

/n dxIn[x] ~ Z % (In(i) +In(i + 1))

1 i=1

%In[l] +In[2] +In[3] +...+In[n—1] + % In[n]

(Z In[/']) f%@\[ﬂf% in[r]
=1 -0

=In[n!]
= In[n!] = iln[/] R~ (/n dxln[x]) + % In[n]
i=1 L

= [xIn[x] — x]{ + % In[n]

nin[n] = n—1In[1]+1 | + 1 In[n]
~— 2

=0

1
nin[n] — n+ 5 In[n] +1
Thus we obtain already a better approximation for In[n!], namely
1
In[n!] =~ nin[n] — n+ > In[n] +1

This result is already closer to Eq. F.2.

Correction 2

Let us estimate the error by calculating a correction for the integral.
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n—1

/n dx |n[X] ~ Z W +A
1 i=1

In(n!)—% In(n)

Note that A enters with a negative sign in our formula for In[n!]
n 1
In(n!) = / dx In[x] + 5 In(n) — A
1

Instead of approximating the integrand by line-segments, we approximate it now by piece-wise
parabolas. The parabola shall be determined by the values at the boundaries of the interval and the
curvature in the middle of the interval.

Let us describe the parabola for a interval extending from x; to x; + 1 by
9(x) = a+ b(x —x1) + c(x — x1)?
Then the line segment f(x) has the form
f(x)=a+(b+c)(x—x)

Thus the correction for the interval is

x1+1 x1+1
/ dx (g(x)—f(x)):/ dx (a+b(x—x)+c(x—x1)*—a—(b+c)(x—x))

X1 X1

= /X1+1 dx (c(x —x1)? — c(x — x1))

X1
1 1
1 1
:C/o dx (X2—X)=C|:3X3—2X2:|0=—(6:

The value of ¢ is obtained by equating the second derivative of g with that of the logarithm.

d?g(x) _ d?In(x)
dx? XH“% dx? X1+%
= 2C — ; = Cc = _71
 (a+3)2 C 20 + 3)2

Thus we obtain the correction for the interval as

x1+1 1
/ dx (g(x) — F(x)) =

x 4(a + 3)2

The total error is then obtained by summing the correction for all intervals
n—1
1
A= _
; 12(i + 3)2

We can approximate the sum again by an integral, by approximating the integrand by a set of line
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segments.

1/%2M1~ SN N R S
12 J, x+32 \&120i+52) 2\120+5)?2 " 12(n-1+ 1)

1

ol 1 1 [t 1 1 1 1
el T dx T1ets AT 2
— 12(i + 3) 12 J; (x+3)? 2\12(1+3) 12(n—1+3)

-1

IS U R S O S

12| x+1 . 6\9 (2n—1)2

S SRS SR SN S

~ 6(2n—1) 18 54  6(2n—1)2
2 1 1

%7 T 6(2n—1) " 6(2n-1)7
Thus we obtain an error estimate A

An 2 L 1
27 6(2n—1)  6(2n—1)2

We can see that the error contains a constant. Similarly if we would try to correct the piecewise
parabolic interpolation with higher polynomials and convert the sum into an integral, we would always
obtain a constant term from the correction of the lower boundary of the integral. Thus the constant
is no more reliable. The terms depending on n on the other hand disappear for large n.

Our best estimate for In[n!] is so far

In[n'] ~ nin[n] — n+ % In[n] +1—-A

—(n+1)ln[n]—n+§+ : - =
B 2 27 " 2(2n—1) 2(2n—1)2

Editor: The proof shown seems to be identical with the Euler-McLaurin Formula. See
Arfken und Weber p360.

F.2 The geometric series

N—l. 17q/\/
q’:1+q+q2+...+qN71=?q
=0

The equation is proven by multiplication with 1 — g and comparing each power in q.

T
L

1-9)) ¢ =1 4+g+¢*...+q"1

Il
o

1

g — . gl gV =1_ gV

The infinite series converges for |g| < 1 and has the value
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F.3 Integral of a Gauss function

Here the identity

/OO dx e ™ =m (F.6)

—00

We start out forming the product of two such integrations

° 2 o° 2 ° ° 2 2
C2:/ dxe_Xx/ dye_y:/ / dx dy e=*+y%)

Now we transform to planar polar coordinates (r, ¢) and use that the angular integral is 27 and that
dxdy = r drd¢.

0o 1 ) d —r?
Cc? = 27r/ drre™” =2on— dr ¢ _ T
0 -2 Jo dr

which proves the above relation

F.4 The integral

Here the equation

/ dxv/xe™ = ?
0

is derived.
We first perform a variable transform to y = v/x.

/:/dX\/}e’X :2/dyy2e’y2
= / dyy(2ye™")

d 2
— Y
/dyydye
d > d >
—_ _ =Ty -y
—— [y e~ (e

— -y’ _ ﬁ
/dye 5

In the last step we used the integral of a Gauss function as derived in a previous appendix.

F.5 Legendre transform

F.6 Euler equation
The Euler equation says that
US.V.N)=TS — PV + uN (F.7)

The Euler equation implies that the total Legendre transform of the internal energy vanishes.
Let us consider a homogeneous system divide it in pieces. In this case the extensive variables
scale with the size of the system,

U(AS, AV, AN) = AU(S, V, N)
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while the intensive variables remain constant.
Let us differentiate with respect toA

au . U aU
555tV T gy = US.V.N)

By inserting the definitions of the intensive variables T = %, p = fg—\’f, = 72—%. the Euler
equation

TS — PV +uN=U(S V,N)

is obtained.

F.7 Free energy of the ideal Boltzmann gas

Here we derive the Helmholtz free energy from the partition function Z(T, V, N) derived in the section
on the Boltzmann gas. It will then lead to the Sackur tetrode equation. However we need to employ
here the Stirling’s formula, which shows that the entropy of the (TV N ensemble is identical to that
of the TV ensemble only in the limit of large N.

The free energy for the ideal Boltzmann gas at a given volume and number of particles is called
the Helmholtz free energy® , denoted by a symbol A. In physics the common symbol for the Helmholtz
free energy is F, whereas chemists have adopted the symbol A. To be more explicit we reserve the
symbol F for a generic free energy, whereas for chemical systems such as gases etc., we use the
symbols adopted by chemists.

ABS(T Vv, N) =77 kg T In[ZBC(T,V, )]

1 (mkeT %v“’
NI\ 2mh?2
Stirling

~  —kgT (—NIn[N] + N+ Nin

Eq. 77

—kgT In

(25) )

(mk5T>3 VD
2mh?

(1))

Note that we had to make an additional approximation by applying Stirling’s formula®. Thus this
result is only accurate in the sense that the free energy per particle is is correct for large numbers of
particles.

Interestingly the volume enters only in the form of the average density N/V. The box dimensions
do not show up any longer in the free energy. This indicates® that our results are independent of the
shape of the box.

= —NkgT < In[N] +1+In

—NkgT (1 +1In

IHermann Ludwig Ferdinand von Helmholtz. German Physicist 1821-1894. Proposed the conservation of energy.
2 James Stirling. Scottish Scientist 1692-1770.
3|t does not necessarily prove it!
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F.7.1 Energy and Entropy of the ideal Boltzmann gas

First we determine the entropy

BG
SBC(T,V.N) = oA

165

oT
3
mkgT \2 V 3
3
5 mkgT \2 V
= /\//(B (2 +1In ( Th? > N ) (Fg)

Then we use Eq. ?? to obtain the internal energy

(BG E9_7? ABG 4+ TSBG

= —NkgT (1 +1In

5
+NkgT (2 +1In

3
= —NkgT
5 B

This is the so-called caloric equation of state.

Later we will need the entropy as function of the extensive variables, which we obtain by using the
caloric equation of state Eq. ?? to replace the temperature by the internal energy in the expression

for the entropy Eq. F.9. This yields the so-called Sackur-Tetrode Equation.

r 3
BG Eq._F.9 E kaT(U) 2 K
SPP(U,V,N) ""="" Nkg <2 +1In (27rh2 N
r 3
Eq. 7? 5 mU \zV
=" Nkg <2 +1In (37r772N) N )
5 [ m\ivus
— Nks <2+|n (37m2) Ve ) (F.11)

which is the well known Sackur-Tetrode equation Eq. 7?7

F.8 Thermodynamic potentials for a general N-state system with
equidistant energy levels

Let us consider an N-state system with equidistant energy eigenvalues E(x) = Eo + cx for states

x =0,1,2,..,N — 1 with some constant ¢c. For N = 2 this model describes a two state system
such as an electron spin in a magnetic field. For N = oo this example corresponds to a quantum
mechanical harmonic oscillator, or to a one-dimensional particle in a box.

Let us evaluate first the Free energy

N—-1 N—-1
F(T)=—ksTIn[Y e PEHI] = £y — kT In[» _(e7P)"]
x=0 x=0
1— efﬁcN
= EO — kBTln[W]

= Eog— kgT In[1 — e PN + kgT In[1 — e7F€]

(F.10)
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We have used that the partition sum contains a geometric series, that can be summed analytically,
as shown in the appendix.

The entropy is given by

oF
>="57
_ _ BN _ _BNc 7 _ B _Pc
= kgl|In[l —e ] 1_eﬁNC} kg{ln[l e 7] T obe

The internal energy

Nc c
1 — eBNc + 1 — efc
e=Bc _ g=Bc(N+1) _ Ne=BcN 4 Ne—Bc(N+1)
1 — eBc _ g—BcN + e—Bc(N+1)

U:F‘FTS:EOf

:EO—C

Now we would like to investigate the internal energy at high temperatures, that is 3 — 0. Thus
we expand the denominator and the ... in terms of B¢, and keep the two lowest order terms.

S H(=Be) [l = (N+1) = NF2 4 N(N + 1)]

T T S T (B e, — 1 - N+ (N + D]

L—(N+1) =N+ NN+1)] [60;—1—N+(N+1)]

|

0 0 0

1 0 0

2 N(N — 1) 2N

3 2N(N2 — 1) 3N(N +1)

N(N —1) — BciN(N — 1)(N + 1)
N —BciN(N+1)

N—11-Bc2(N+1)

2 1-PBci(N+1)

N-1 21 2 2
- — B 15(N? = 1)+ O(6%)

As anticipated the internal energy converges to the average value of all energy levels. This reflects
that all states are occupied at high temperature with equal probability.

1
U(T — 00) = Eg +c2

=FEg+c

:E0+C

The result given here cannot generalized to N = oco. Here we need to start out from the free
energy of the harmonic oscillator

Frnzoo(T) = Eo + kg T In[1 — e7P]

F.9 Entropy of electrons and Mermin functional

The entropy of a system is
S=kglnX (F.12)
where X is the number of accessible states.

Let us now consider a system of n Fermion-s, where each of the N one-particle states can either
be occupied with one electron or remain unoccupied. Furthermore, Fermions are indistinguishable.

The ultimate goal would be to answer questions such as the occupation numbers as function of
temperature, or to obtain the Free Energy of such a electronic system. The Free Energy of electron
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states in the band gap related to defects is for example important to predict the free energy of
formation of the defect and hence the defect concentration.

We can now count the number of possible states

X(n=1)=N
X(n=2)= LN; D
X(n=3) = NV = 13)!(/v 2)
X(n) = ﬁ (F.13)

N1/(N—n)!is the number of ways distinguishable particles can be arranged into N one-particle states
and therefore the number of many-particle states for distinguishable particles. n! is the number of
ways the particles can be rearranged among the occupied states. We have to divide by this number
because all those many-particle states are equivalent.

We can now use Stirling’s Formula

NI = NVe N2 N ~ NVe™N
InN! = NIn(N) = N (F.14)

An approximate derivation is as follows:

IN(ND) =In(1) +In(2) + ... + In(N)
/dxln In(N)
~ [NIn(N) — N] — [1|n(1)—1]+ Linewy
~[NIn(N) = N +1+ = In(N) (F.15)

We come back to counting the number of states in order to evaluate the entropy.
S=kglhhX = k5<[NIn(N) — N] = [nIn(n) — n] = [(N = n) In(N — n) — (N — n)])
- kB(NIn(N) —nin(n) — (N — n) In(N — n)
- kB(NIn(N) —FNIN(FN) — (1 — F)NIn((1 — f)/V))
- kB/\/(m(/\/) —FIn(F) = FIn(N) = (1 — F)In((1 = £)) — (1 — f) |n(/\/))
- kBN(ffIn(f) (11— f)In((1 - f)))
- —kB/v(fln(f) +(1—F)In((1 - f))) (F.16)

where f = n/N.
The Free energy is

F=E-TS
_Zfe,ﬁ[Zf ~N]u+k5TZ(f In(f, (1~f)|n(1~f)) (F.17)

The occupation number f, are obtained by minimizing the free energy with respect to the occu-



168 F MATHEMATICAL FORMULAS

pations.
dF
S et ksT|In(F)+1—In(1—f)—1
df,
fn
= en—p+ksTIn(7=7) =0
n— K _ fn
exp( kT)_l—f
—
exp(— )—[ T }f
f, _[1+emx “ﬂ (F.18)

Thus we derived the Fermi distribution function
We can now evaluate the entropy contribution of a state near the Fermi level

S= Z fen)s(en)

s(e) = —kB<fIn(f) F(1—1) |n((1 _ f)))

— kg (In(l )+ fin( ))
(

exp(B e—u)) fe—u)
1+exp(B(e—n)  keT

—ke (B(e — 1)) = In(1 + exp(Ble — 1)) — FB(e — 1))
kB( (1= F)Ble — W) ~ (1 + exp(Ble — ) (F.19)

kB In(



Appendix G

Ideal gas

Let us consider indistinguishable particles. We use periodic boundary conditions.
We can obtain the partition function from the density of states.

_EGiK)
Z(T\V)= > e ’

Sstates

/deD(e)e_kBLT

The partition function is

o0

1 2mh ., .. )
zZrvy= Y exp{—W(T)Q(/2 +24K3)
ijk=—o00

o

[Z exp[*zmiBT(zth)Q’Qr

j=—00

< [3 eo( PR

j=—00

Here we introduced the thermal de-Broglie wavelength!

2mh?
AT = \| mksT (G.1)

The de-Broglie wavelength is a measure of the length scale over which we can detect quantum
mechanical discretization of the states...?77

If the de-Broglie wavelength is much smaller than the dimensions of the box, namely L, the sum
can be approximated by an integral

o0

Z(T.V) = [[W dxexp(fw(?)Z)}3

= [)%/dye‘”ﬂ3
%
N

ILouis Victor Pierre Raymond duc de Broglie. French Physicist 1892-1987. Professor for theoretical Physics at
Sorbonne in Paris. Founded the particle-wave duality of matter in his doctoral thesis 1924. Nobel price 1929.
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Here we have used that [°7_dxe™ =1, and that the volume is V = L.

Now we generalize this result from one particle to N indistinguishable particles. To obtain the
sum over all N-particle states we have to multiply the partition function N times. However in that
case we included every set of of a number of times. For example if we have two one-particle states
A and B each occupied with one electron, we included the states A(1)B(2) and the state A(2)B(1),
where 1 and 2 denote the two particles. To avoid the “double counting” we have to divide the result
by the number of permutations of particles N!. We use the relation N! ~ (N/e)N

Z(T,V.N) = %Z(T, v, 1)V

N>\T

F(T,V,N)

—ksTIn Z(T.V, N)
eV
—/\/kBTm[NT%}

Vv
Nk T[l — 7]
B "NAZ

Given that the de-Broglie wavelength is small compared to the length dimensions, we can ignore the
term unity and obtain

%
F(T,V,N) = —=NkgT In —= 2
(T.V,N) e (G2)
From the free energy we can derive the pressure at a given temperature and density
oF N
This is nothing but the ideal gas equation
pV = NkgT = NRT (G.4)

The gas constant is kg=R=8.314510 J/(mol K). (Pascal:Pa=Jm~2;) The gas constant is simply
the Boltzmann constant in different units. Typically one represents kg = R/Na where N4 is the
Avogadro constant. However if we use the unit mol = Ny, this relation is absorbed in the units.

The pressure rises linearly with temperature and with the gas density. However the pressure is
independent of the type of particles. This implies that any ideal gas with a fixed number of molecules
fills the same volume at a given temperature and pressure. Hence the relative masses of the molecules
can be measured, by weighing gases in a container of a given volume. It is the reason why balloons
filled with helium to make them fly. Helium atoms is lighter than nitrogen molecules and so is the
helium gas lighter than nitrogen gas. Therefore the balloon filled with helium will be lighter than the
surrounding air and will fly.

Most gases will actually sink to the bottom.

Air consists in fraction of volume of 78.9 % N5, 20.95 % O, 0.93 % Ar and 0.002 % other Nobel
gases. (Furthermore it contains water, Dust, CO» and carbohydrides such as CHg4, CoHg.)[? | It has
therefore a weight density at atmospheric pressure of ..... Only a small number of gases are lighter
than air, namely H,, He, Ne, CH4, CoHs. This is important to know to prevent explosions, because
one has to allow the gases to leave a closed space at the bottom. Often it does not help to open
the window, unless there is sufficient circulation. Another important example is the accumulation of
carbon dioxide CO» in wells or corn silos. As there is no exit for the gas at the bottom, CO, will
accumulate at the bottom of these wells. People entering will suffocate. Also Radon, a radioactive
noble gas tends to accumulate in cellars of houses, where it can pose health problems.
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(below 16% oxygen is the strength strongly reduced, below 10% unconsciousness can suddenly
occur; CO» ist narkotisierend und fuehrt bei ueber 7 % zu bewustlosigkeit. 1L Trockeneis entspricht
500 | CO, gas (Erstickungsgefahr) ;N20O ist lachgas)

We can also derive the chemical potential.

oF

4
N:—aiN:kBTlni—kBT

NE

= —kBT(In[gA%’] +1)

The requirement is that the volume per particle must be large compared to the de-Broglie wavelength,
allows us to drop the constant term relative to the logarithm.

W= —kBTIn[g] + 3kgT In[A7] (G.5)
Interestingly a small term depending on the mass of the gas molecules occurs. The thermal de-Broglie
wavelength of air at room temperature is 0.2 A, which is much smaller than the average distance
of gas molecules at atmospheric pressure is about 35 AA. At atmospheric pressure the de-Broglie
wavelength becomes comparable to the de-Broglie wavelength at about 1K. All materials are liquid
or solid at this temperature. He*, a viscous liquid at low temperatures, becomes superfluid at 2 K,
that is it forms a Bose condensate.

Let us perform a Lagrange transform to U(S, V, N)

oF
°= 57
%4 3 OAT
= NkB In 7N>\%— + NkBTﬁiaT
%4 3 1
= +Nkgln —= + NkgT —(— —=
TNkeIn g T NkeT 3057
%4 3 1
=+Nkgln —= — =Nkg—
keI T T2
3 Vv
= —Nkg|5>— —In =]
Bloxy A2
TS=F(T)+ §Nk Ti
- 2B
3NkgT
=F4+TS=-
) +TS 2y
B 3N\/77(kBT)%
 hym 2
G.1 Quantities
1 atm 1.01325x10° J/m3
=6.10193 x 10~ kJ/mol/A3
thermal de-Broglie wavelength of air at 300K 02 A
Mean distance between gas molecules at 300 K and latm 35 A
Mean distance between gas molecules at 300 K and 1078 Torr 15 um
kgT at 300 K 2.49435 kJ/mol

=25.85212 meV
chem. pot. of air at 300K and 1 atm -0.36 &V
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G.2 Aufgaben

G.2.1 Configurational Entropy

Vacant lattice positions, so-called vacancies, in a semiconductor can have an impact on the electronic
properties and dopant diffusion. Therefore it is important to estimate the number of lattice vacancies
in a semiconductor. The number of lattice positions in Si is estimated from the crystal structure.
The cubic unit cell of silicon has a lattice constant of 5.43 Aand contains 8 atoms. Let us assume
that the energy to form a vacancy in a crystal is EF =3 eV.

What is the fraction of empty lattice sites at 200°C? Determine the free energy as function of
the number of vacancies in a given volume and temperature. Determine the number of lattice sites
from this free energy.

Help: Consider a lattice with M lattice sites, of which N sites are vacant. Determine the entropy
as function of N from the number of configurations with N vacancies. Use Stirling’s formula In(n!) =
nin[n] 4+ n, which is valid for large n.

Answer:

First we determine the partition function as function of number of vacancies

Z(T,N) = Ze—BE/) — Ze—B(E(N)—Ts(N))
i N

Let us consider a crystal with M sites. A state with N vacancies has the energy NEs. There
are m different configurations.? The number of configurations is related to the entropy by
S/ks — ___M!
e

= WIM-W-
M

NI(M = N)!

~ kB(l\/lIn[M] — M= NIn[N] + N — (M — N)In[(M — N)] + (M — /v))

S = kgln| ]sz(ln[/\/I!] —In[\Y] —In[(M—N)!])

- kB(/v/m[M] ~ NIn[N] — (M — N)In[M — N])

- kB(MIn[M] ~ NIn[N] = (M — N)In[M — N])
M N

- kB(/\/lIn[m] —~ Nin[— N])

- kB(I\/IIn[%] - ’V'”[MIX N])

. f .
Let us now introduce a new symbol o N/M for the vacancy concentration.

S = MkB(In[l i -] - cinl; < C])
- Mks (— In[1 - c] - cln[c] + cln[1 — c])

= —Mkg ((1 —c)In[l =]+ cIn[C])

2The degeneracy is obtained as follows. | place the first vacancy on one of M positions, the second on one of M —1
positions and so on until | have created M(M —1)...(M—N+1) = M!/(M — N)! configurations. Each configuration
however has been counted N! times. Therefore | divide by N!, the number of permutations of the vacancies among
each other.
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Thus we obtain the entropy per vacancy?®

s(c)d:ef% = —k5<(1 —o)n[l —c] + cln[c])

Now we can obtain the free energy

M
Fu(T. c) = —ksT In| 3 €S/ heg-oNE]
N=1
M
— —kgTIn [Z efzs(NEOfTS(N))}
N=1

=—kgTIn [/\/]/1 dcefﬁM(chfTs(C))}
0
—kgT In [/\/I /1 dC(e*ﬁ(chfTs(c))) M}
0

For large M only the maximum value of the integrand will contribute. Therefore we will perform
the harmonic approximation of the integrand by expanding Y = cEq — Ts(c) to second order in ¢
about the maximum of Y. First we determine the maximum of Y 4 :

Y =cEy+ kBT((l —c)in[l —=c]+ Cln[c])

dY c
= =0= Eo+kBT(—In[1—c]—1+|n[c]+1) = Eo+ kT In[——]
= e Fko = c=ePF _ cePbo
1—c
T PRt

Let us evaluate the value of Y at its maximum

Y =cEy—Ts(c) =cEq+ kBT<(1 —¢)In[l =] = Cln[c])

Eo
= 1 am T (-

In[1 + e PEo] In[1 + &°F0]
14+e Pl 1+46Pko )

Now we need the second derivative of Y at its maximum.
Thus we obtain

Fm

_kBT |n |:M /DO dC(e_B(Y(CO)JF%YH(C—Co)Z)) M:|
0

= —kgT In [/\// /OOO dc(e*B(Y(CO)Jr%Y"(cch)?)) M}

3Note here that this expression is identical to the entropy of a one-particle state due to filling with electrons. In
this entropy contribution the concentration c is replaced by the fractional occupation.

4The resulting expression for the concentration is formally identical with the Fermi distribution function. This
finding is not unexpected since only one vacancy can occupy a site, just as for Fermions. Editorial remark: this is the
exact Pendent to the photon gas: chemical potential vanishes
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Appendix H

Greek Alphabet

T>XTO0OTNMD> WD

T>F S DI AN X2 TR

™

<>

alpha
beta
gamma
delta
epsilon
zeta
eta
theta
iota
kappa
lambda
mu

Q€ X8 3IAMTIOIN=

nu

Ksi
omicron
pi

rho
sigma
tau
upsilon
ph

ch

ph
omega
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Appendix |

Philosophy of the ®SX Series

In the ®SX series, | tried to implement what | learned from the feedback given by the students which
attended the courses and that relied on these books as background material.

The course should be self-contained. There should not be any statements “as shown easily...” if,
this is not true. The reader should not need to rely on the author, but he should be able to convince
himself, if what is said is true. | am trying to be as complete as possible in covering all material
that is required. The basis is the mathematical knowledge. With few exceptions, the material is also
developed in a sequence so that the material covered can be understood entirely from the knowledge
covered earlier.

The derivations shall be explicit. The novice should be able to step through every single step of
the derivation with reasonable effort. An advanced reader should be able to follow every step of the
derivations even without paper and pencil.

All units are explicit. That is, formulas contain all fundamental variables, which can be inserted in
any desirable unit system. Expressions are consistent with the S| system, even though | am quoting
some final results in units, that are common in the field.

The equations that enter a specific step of a derivation are noted ontop of the equation sign.
The experience is that the novice does not immediately memorize all the material covered and that
he is struggling with the math, so that he spends a lot of time finding the rationale behind a certain
step. This time is saved by being explicit about it. The danger that the student gets dependent on
these indications, is probably minor, as it requires some effort for the advanced reader to look up the
assumptions, an effort he can save by memorizing the relevant material.

Important results and equations are highlighted by including them in boxes. This should facilitate
the preparations for examinations.

Portraits of the key researchers and short biographical notes provide independent associations
to the material. A student may not memorize a certain formula directly, but a portrait. From
the portrait, he may associate the correct formula. The historical context provides furthermore an
independent structure to organize the material.

The two first books are in german (That is the intended native language) in order to not add
complications to the novice. After these first books, all material is in English. It is mandatory that the
student masters this language. Most of the scientific literature is available only in English. English
is currently the language of science, and science is absolutely dependent on international contacts.

| tried to include many graphs and figures. The student shall become used to use all his senses
in particular the visual sense.

| have slightly modified the selection of the material commonly tought in most courses. Some
topics, which | consider of mostly historical relevance | have removed. Others such as the Noether
theorem, | have added. Some, like Chaos, Stochastic processes, etc. | have not added yet.
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